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Chapter 1. Thinking Statistically about Crime

1 “The first number you see”: The quote is from Puente and Kelly (2018a). Puente and
Kelly (2018b) and Kelly et al. (2018) have more information on the survey.

1 “As a self-selected sample”: Puente and Kelly (2018a). The online version of the story
(https://www.usatoday.com/story/life/people/2018/02/20/how-common-sexual-
misconduct-hollywood/1083964001/, last accessed March 22, 2018) expanded the
sentence: “As a self-selected sample of respondents, it is not scientifically representa-
tive of the entire industry, let alone the broader national population of women working
in all industries.”

1 All survey participants have joined: Each organization charges an annual membership
fee, which may mean that their members have committed views on the issues. It may
also mean that less affluent women in the industry are not surveyed.

The Creative Coalition (http://thecreativecoalition.org/membership/, last ac-
cessed February 27, 2018) charges $250 for annual membership dues. Women in Film
and Television (https://www.wifti.net/) collects dues from chapters. The Los An-
geles chapter, Women in Film (https://womeninfilm.org/), charges $200 per year
for membership.
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The nonprofit organization Creative Coalition advocates for the arts, “including First
Amendment rights, public funding for the arts, and arts education in the public
schools” (http://thecreativecoalition.org/home/about/our-mission/).

Women in Film “advocates for and advances the careers of women working in the
screen industries – to achieve parity and transform culture” (https://womeninfilm.
org/about-wif/). It has a sexual harassment help line that “offers resources and
emotional support to people who have been victims of sexual harassment in the en-
tertainment industry” and sexual harassment is one of its advocacy causes. These
advocacy activities may attract women who have been harassed to join the organiza-
tion.

3 Almost every edition of a newspaper: Dailey and Wenger (2016) reviewed stories in six
newspapers, and found almost every issue of the big-city newspapers had at least one
article about crime. The News Writing Fundamentals at https://writingcenter.

gmu.edu/guides/news-writing-fundamentals, last accessed July 20, 2018, discuss
how stories involving conflict—especially unusual ones—are more newsworthy and con-
tains the quote “if it bleeds, it leads.”

3 Accurate crime statistics help answer questions such as: See also https://ucr.fbi.

gov/ucr-statistics-their-proper-use (last accessed August 17, 2018), O’Brien
(1985), and Schwartz and Vega (2017).

3 The USA Today survey: Quotes are from Kelly et al. (2018) and Puente and Kelly
(2018c).

5 The statistic on the back cover: Zraick (2018)

Chapter 2. Homicide

9 A total of 17,250 people were murdered in 2016: Quoted from Williams (2017). But this
number, an estimate, was revised in September 2018, as the book was going to press:
according to the FBI’s Crime Data Explorer (https://crime-data-explorer.fr.
cloud.gov/explorer/national/united-states/crime/1995/2016, checked on Septem-
ber 28, 2018), there were 17,413 homicides in 2016.

Sometimes one cannot reproduce the estimates in the official publications Crime in the
United States from the data files because UCR staff can make changes after the final
edits are completed. The changes are typically not documented (Lynch and Jarvis,
2008).

9 about 17,000 agencies provided data in 2016: https://ucr.fbi.gov/crime-in-the-

u.s/2016/crime-in-the-u.s.-2016/resource-pages/cius-summary, last accessed
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December 10, 2017, said: “Of the 18,481 city, county, university and college, state,
tribal, and federal agencies eligible to participate in the UCR Program, 16,782 submit-
ted data in 2016.”

These numbers were also revised. On September 28, 2018 https://crime-data-

explorer.fr.cloud.gov/explorer/national/united-states/crime/1995/2016 stated
that 17,439 of 20,912 law enforcement agencies provided data for 2016. I used the state-
ment “about 17,000” in the book since that is the rounded value of both agency counts.
Throughout the book, I used the statistics from the publications Crime in the United
States (Federal Bureau of Investigation, 2017b) rather than revised statistics from the
FBI websites.

9 Murder and nonnegligent manslaughter: A homicide is the killing of a human being by
another human being.

The definition for murder is quoted from https://ucr.fbi.gov/crime-in-the-u.s/

2016/crime-in-the-u.s.-2016/topic-pages/murder. The definition for negligent
manslaughter is quoted from https://www.ucrdatatool.gov/offenses.cfm.

I paraphrased the definition of justifiable homicide: the full definition is that a death is
classified as a justifiable homicide if it involves “the killing of a felon by a peace officer
in the line of duty” or “the killing of a felon, during the commission of a felony, by a
private citizen.”

More details on the guidelines to be used by law enforcement personnel when determin-
ing the type of homicide are given in Federal Bureau of Investigation (2013c). Issues of
the UCR Program Quarterly, https://ucr.fbi.gov/ucr-program-quarterly, give
updates on the system.

9 Homicide is determined from the police investigation: Federal Bureau of Investigation
(2017b).

10 Figure 2.1: The FBI statistics come from volumes of Crime in the United States. The
murder and nonnegligent manslaughter rates from 1997 to 2016 are from Table 1 of
Federal Bureau of Investigation (2017b). The rates from 1977 to 1996 are from Table 1
(page 62) of Federal Bureau of Investigation (1997). Note that some of the rates
from these publications differ slightly from those at https://www.ucrdatatool.gov—
a reminder that all statistics, no matter how much they may appear to be exact counts,
are estimates. These differences mostly come from later updates that are applied to
one source but not another.

The CDC statistics are collected by the National Center of Health Statistics through
the National Vital Statistics System. I downloaded the CDC statistics for 1981–2015
on December 16, 2017 from http://www.cdc.gov/injury/wisqars/fatal.html. The
numbers for 1980 and 2016 were obtained on January 2, 2018 from the compressed
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mortality files at wonder.cdc.gov. The CDC homicide statistics and definitions are
described in Murphy et al. (2017).

10 Vital Statistics program, which assigns codes for manner and cause of death: The
National Center for Health Statistics uses a computer program called SuperMICAR to
assign the code, see https://www.cdc.gov/nchs/nvss/mmds/super_micar.htm.

The International Classification of Diseases (http://www.who.int/classifications/
icd/en/) is used for the coding. Although the International Classification of Diseases
volumes have been revised and updated regularly since the first version, the defini-
tion of homicide has stayed relatively constant, with only minor changes over time
(Moriyama et al., 2011). Anderson et al. (2001) found that changes from ICD–9 to
ICD–10 did not appear to affect estimates of homicide.

ICD–9 was adopted in 1975 and used in the US from 1979 to 1998. Homicide is listed
under external causes of death. Homicide resulting from assault has codes E960–E969.
Justifiable homicides by law enforcement agents are listed under E970–E977, “Legal
Intervention.”

The tenth revision, ICD–10 was adopted in 1990 and used in the US from 1999 to
the present (as of this writing in 2017). Murphy et al. (2017) lists the ICD-10 codes
used for homicide: *U01–*U02, X85–Y09, and Y87.1. Chapter xx of World Health
Organization (2017), “External Causes of Morbidity and Mortality,” describes the
codes in detail: X85 (assault by drugs, medicaments, and biological substances) to
Y09 (assault by unspecified means) are various types of assault, defined as “injuries
inflicted by another person with intent to injure or kill, by any means,” and Y87.1 is
defined as “sequelae of assault”—that is, deaths that occurred as late effects of the
original assault. The codes *U01 and *U02 represent deaths caused by terrorism or its
sequelae.

Killings by law enforcement agents are listed in Chapter xx of World Health Orga-
nization (2017) under Y35, “Legal Intervention,” and Y89.0, “Sequelae of Legal In-
tervention.” Note that Y35.5 is legal execution; the codes Y35.0-Y35.4, Y35.6-Y35.7,
and Y89.0 give the legal interventions that are due to law enforcement officers or other
persons with legal authority to use deadly force.

10 Some of the differences in the two lines: Cantor and Cohen (1980) compared the
CDC and UCR statistics for the period from 1933 to 1975. Despite shortcomings in
both series relative to today’s statistics, they found that the two series largely agreed
from 1949 onwards. Loftin et al. (2015) compared CDC and UCR homicide statistics
for large US cities for the period 1998–2002. When they considered only cities with
complete UCR data, they found high concordance between the two sets of statistics.

10 The spike for 2001 in the CDC line: Beginning in 2001, the CDC began including
deaths from terrorism in the homicide statistics (Murphy et al., 2017, p. 59). The
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UCR did, however, include the 168 deaths from the 1995 bombing of the Alfred P.
Murrah Federal Building in Oklahoma City as murders.

11 the US Census Bureau’s annual reports of population: See https://www.census.gov/

programs-surveys/popest.html, last accessed January 18, 2018.

11 While the CDC reported approximately the same number of homicides: The statistics
came from wonder.cdc.gov, accessed January 2, 2018. The 1984 statistic was calcu-
lated using codes E960 to E969; the 2016 statistic included codes U01, U02, X85-Y09,
and Y87.1 (Xu et al., 2018, Table 6, also gives the 19,362 figure).

11 multiple law enforcement agencies have jurisdiction: The UCR guidelines for who
reports a crime are given on p. 22 of Federal Bureau of Investigation (2013c).

11 much smaller than the population they actually serve: Campus and airport police
departments, for example, are assigned a population of zero since their population is
allocated to their city.

11 cause the CDC and FBI homicide rates to differ for states and localities: See Loftin
et al. (2015) and Murphy et al. (2017). If the place of the victim’s residence is unknown,
the CDC assigns the homicide to the place where the death occurred (National Center
for Health Statistics, 2004, p. 4).

There are other differences between the two sets of statistics because not all federal
agencies participate in the UCR. For example, homicides on military bases and in
federal prisons are not included in the UCR (Regoeczi and Banks, 2014). Dobrin
(2016) discusses sources of homicide statistics for military bases and other locations.

The CDC statistics exclude deaths of nonresidents of the US and fetal deaths (Murphy
et al., 2017, p. 58). For the UCR, agencies “do not classify suicides, traffic fatalities
(including those involving DUI), fetal deaths, assaults to murder, attempted murders,
or accidental deaths as Murder and Nonnegligent Manslaughter” (https://ucr.fbi.
gov/nibrs/2013/the-advantage-of-nibrs-data/murder-and-nonnegligent-manslaughter).

Another difference between the two sets of statistics is that the CDC statistics include
assaults by crashing of motor vehicle and the FBI statistics do not (Regoeczi and
Banks, 2014). In the years 1999 through 2016, the CDC statistics contained a total of
1,019 such deaths.

12 an accidental death in which a child is shot by another child: The New York Times
(Luo and McIntire, 2013) reviewed medical examiner reports and police investigative
files for 259 cases between 1999 and 2013 in which a child shot another child. These
should have been recorded as accidental deaths, but the newspaper found that about
half had been classified by the local medical examiner as homicides. Also see Foley
(2016), who studied more recent data.
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Part of the reason for the dearth of information on the number of children shot by
children is that law enforcement agencies usually do not record these deaths as homi-
cides (which is correct), while the CDC data may not have information on the age of
the shooter. We have a good idea of how many children are fatally shot from the CDC
statistics, but not who shot them.

12 Misclassification in police statistics: Some police departments and medical examiners’
offices lack funding to investigate cases as thoroughly as they might wish, which may
also affect classification errors for deaths.

12 Figure 2.1 excludes justifiable homicides: The CDC statistics classify a death as legal
intervention from the death certificate’s description of how the injury occurred; if the
description does not mention police the death may be classified into another category
(usually homicide). See Loftin et al. (2017) for a discussion of measurement error in
the CDC statistics.

13 When the UCR program began in 1930: International Association of Chiefs of Police
(1929)

13 Supplementary Homicide Reports: See Federal Bureau of Investigation (2013c) and
https://www.ojjdp.gov/ojstatbb/ezashr/.

14 Figure 2.2: The CDC data were downloaded from cdc.wonder.gov on January 2,
2018. The FBI data were downloaded October 3, 2018 from https://www.ojjdp.

gov/ojstatbb/ezashr/ using the victim crosstabs; this information had been updated
since I had originally downloaded it in January. I calculated the yearly FBI homicide
rates by dividing the total number of homicides for each race by the population for
that race given in the CDC data.

Note that the discrepancy in rates is greater for small population groups such as the
American Indian/Alaska Native (AIAN) group, as shown in Figure A. Part of the
difference for AIAN is because the AIAN population is small (less than 5 million in
2015), so that a difference of a few homicides makes a large difference in the rates.
But part of the difference is also due to measurement error in which race is classified
differently in the two sources. I have not seen any studies on misclassification of AIAN
in the FBI Supplementary Homicide Reports, but it seems likely that it is of at least
the same magnitude as in the CDC statistics.

One must be especially careful about examining trends in the AIAN population because
of missing UCR data among AIAN law enforcement agencies. Perry (2015) reported
that 12 AIAN law enforcement agencies reported 12 months of data to the UCR in 2008;
after efforts to increase participation, 158 out of a total of 566 AIAN law enforcement
agencies reported 12 months of data in 2013.
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Figure A: Homicide rates for blacks or African Americans and American Indian/Alaska
Natives, 1981–2015.

15 Evaluating Accuracy of Race Information: There has been a great deal of research
on how to obtain accurate race and ethnicity classifications. The US Census Bu-
reau measures two separate concepts: race (e.g. black, white, Asian, Native Ameri-
can/Alaska Native, Native Hawaiian/Pacific Islander) and ethnicity (Hispanic or non-
Hispanic). In this classification, a Hispanic person may be of any race—white His-
panic, black Hispanic, etc. But there has been a lot of debate on what to do about
multiracial individuals. Most states now have a multiple race category on the death
certificate (Murphy et al., 2017, p. 61), but there is variation in how that category
is used. See https://obamawhitehouse.archives.gov/omb/fedreg_1997standards

and https://www.census.gov/topics/population/race/about.html for more in-
formation on race classification.

There has also been debate about names to be used for different races and ethnicities:
In this section of the text I used the CDC’s nomenclature.
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15 The US Census Bureau’s official population statistics on race: From the first US Census
in 1790 until 1950, census takers determined the race of the persons they enumerated.
Since 1960, statistics on race have been based on self-identification (Gibson and Jung,
2005). Pew Research Center (2015) reviews the history of race categories in the US
Census, and provides examples of how much the statistics change with different meth-
ods of classification.

15 Elizabeth Arias and colleagues: Arias et al. (2016). Comparing the information across
two data sources is more challenging than it might sound, since it requires being able
to identify which records in the two databases belong to the same person. Even if
you can match records using a unique identifier such as a social security number, some
records may have an error in that number or others may be missing it.

15 The Current Population Survey: See https://www.bls.gov/cps/faq.htm#Ques2, last
accessed December 20, 2017.

15 Arias and her team compared the race and ethnicity reported: See Arias et al. (2016).

Of course, there are also cases in which a person who self-identified as another race
in the Current Population Survey was classified as American Indian or Alaska Native
(AIAN) on the death certificates. But the misclassification is more prevalent in the
other direction, which leads to undercounting deaths of American Indians and Alaska
Natives. The ratio of (number of persons classified as AIAN by the Current Population
Survey) to (number of persons classified as AIAN on death certificates) is estimated
as 1.4, which indicates that when considering deaths of all types, AIAN persons are
undercounted in the CDC statistics. The study did not examine whether the same level
of undercounting applies if the deaths are restricted to homicides (the investigators
probably did not have a large enough sample to be able to do this).

16 The same types of errors presumably occur in the FBI’s SHR: The SHR has 5 categories
for race of victims: White, Black, American Indian, Asian, and Other. The decennial
census uses different categories, and also includes two-or-more-race categories. It is
unknown how the mismatches in categories affect the statistics. See Ennis et al. (2015).

16 “more than 99% of deaths”: Murphy et al. (2017, p. 3).

16 Although most states and law enforcement agencies report crime statistics to the UCR
program: The UCR program is voluntary, but some funding sources require UCR
participation. Federal law enforcement agencies are required to submit data to the
UCR. Most states have statutes requiring law enforcement agencies to participate.
Appendix E of National Academies of Sciences, Engineering, and Medicine (2018)
summarizes the statutory reporting requirements of each state.
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16 The FBI reported for 2015: This quote is from the crime summary Federal Bureau of In-
vestigation (2016a), at https://ucr.fbi.gov/crime-in-the-u.s/2015/crime-in-

the-u.s.-2015/resource-pages/2015-cius-summary_final. But different sources
have different estimates for how many agencies are eligible to participate.

In September, 2018, just before the book went into production, the FBI updated the
participation numbers in the new Crime Data Explorer. The website https://crime-

data-explorer.fr.cloud.gov/explorer/national/united-states/crime/2004/2015,
last accessed September 29, 2018, stated: “In 2015, the FBI estimated crime statistics
for the nation based on data received from 17,421 of 21,215 law enforcement agencies
in the country that year.”

16 The FBI imputes values: Maltz (1999), Maltz et al. (2006), Lynch and Jarvis (2008),
Fox and Swatt (2009), and Targonski (2011) have described the imputation procedure.
Also see https://www.ucrdatatool.gov/faq.cfm, last accessed January 8, 2018.

17 in roughly the same form since 1958: Federal Bureau of Investigation (1958) describes
the imputation procedure recommended by the advisory committee in 1958.

17 Assumptions for imputation: Data sets that use imputation should always:

1. Indicate which values are imputed. A data user should be able to tell which
numbers in the data set are actual measurements and which were predicted using
the imputation process.

2. Publish a clear description of the statistical method and assumptions used to
obtain imputed values.

3. Provide a measure of the uncertainty about the estimates that can be attributed
to imputation.

The FBI has published descriptions of the imputation method, but as of 2018 does
not show which values are imputed in the data files or provide measures of imputation
error. It is to be hoped that will change after the agency switches over to the National
Incident-Based Reporting System (NIBRS) in 2021 (see Chapter 3).

18 Various researchers have evaluated: See, for example, Maltz (1999), Schalk (2003),
Maltz et al. (2006), Fox and Swatt (2009), and Targonski (2011), for alternative im-
putation methods that have been proposed for the UCR Summary Reporting System.

Many, many, many research articles have been written on statistical methods for im-
putation. Li et al. (2015) give a clear and relatively nontechnical discussion of some
of the methods used for imputation and their advantages and limitations. Also see
general discussions (requiring a background in statistics) in Lohr (2010) and Särndal
and Lundström (2005).
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LaValle et al. (2014) analyzed different imputation methods on NIBRS data (NIBRS
data are discussed in Chapter 3) from West Virginia, showing that a procedure account-
ing for seasonality of crime was more accurate than the FBI’s procedure for agencies
that report part of the year.

Liao et al. (2015) imputed NIBRS data at the victim level for a region in Montana,
North Dakota, and South Dakota.

One way to check imputation methods is to see how they perform on records for which
you know the answer. This can be done by deleting different types of records from a
data set and seeing how well the imputation procedure, applied to the remaining data,
predicts those now-missing records. Another check can be performed by obtaining
the missing value from another source. Wadsworth and Roberts (2008), for example,
linked SHR data with police data from Chicago, St. Louis, Philadelphia, and Phoenix to
investigate the missing data patterns in both sources and evaluate how well imputations
predict values that are missing in the SHR data but not in the police data.

18 different assumptions and imputation procedures: Fewer agencies report the detailed
information on homicide characteristics to the Supplementary Homicide Reports (SHR)
program than report counts to the main UCR program. There are entire states that
provide no SHR data—for example, Florida provided data for only four years between
1988 and 2015. The FBI’s method to compensate for the missing states and agencies in
the SHR contributes to the differences between the CDC and FBI lines in Figure 2.2.

Through 2016, the FBI has used a weighting procedure (I describe weighting in Chapter
6 of the book) to deal with missing data in the SHR; see https://www.ojjdp.gov/

ojstatbb/ezashr/asp/methods.asp#Weighting, last accessed January 5, 2018. The
method assumes that murders lacking SHR information have similar characteristics
and relationships, on average, to those with SHR records. For example, after applying
imputation as described in the previous section, the FBI estimated that 15,696 murders
took place in the US during 2015 (Federal Bureau of Investigation, 2016a; Puzzanchera
et al., 2018). The SHR for that year had information on 13,455 murder victims,
and 7,039 of those (52%) had black victims (Federal Bureau of Investigation, 2016a,
Expanded Homicide Table 1). The FBI estimated that 52% of the 2,241 murders
lacking SHR information likewise had black victims, giving an estimate of about 8,200
black murder victims in the US.

How accurate is this estimate? It depends on how closely the agencies with missing
records resemble those that provide SHR data. One would expect, for example, that
there would be fewer black murder victims in areas with few black residents. If states
and agencies that do not provide detailed data on homicide victims and offenders differ
systematically from the states and agencies with SHR data—say, they serve populations
with a lower percentage of black residents—then an estimate that accounted for this
additional information would be more accurate.
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19 Figure 2.3: I created this map from the data set “Crimes — 2001 to Present,” down-
loaded from the Chicago Data Portal (https://data.cityofchicago.org/; click on
“Public Safety”) on September 13, 2018, using PROC GMAP of SAS R© software
(SAS Institute, Inc., 2015). The Chicago Police Department posts interactive maps
that display recent crime statistics at different levels of geography, at http://gis.

chicagopolice.org/.

19 idiosyncratic measurement error: There is a statistical reason for this. Statistics based
on large sample sizes usually have smaller variability than statistics based on small
sample sizes. When calculating homicide rates in a large region, some subareas may
have measurement errors in one direction that are cancelled by other subareas’ errors
in the opposite direction, but that cancellation does not happen to the same extent for
smaller regions.

20 the net result of the measurement errors: It is generally thought that the number
homicides that are mistakenly classified is small. See, for example, the supplement
to Roth (2009), available at https://cjrc.osu.edu/sites/cjrc.osu.edu/files/

AHSV-Distinguishing-Homicides-from-Natural-Deaths.pdf. We do not know how
many undetected murders there are because they are, by definition, undetected. On
the other hand, if you think there are large numbers of undetected murders that use
heretofore unknown poisons from the Amazon river basin, you have probably been
reading too much mystery fiction. Criminologists generally have more confidence in
the police statistics for more serious crimes than for less serious crimes (O’Brien, 2003;
Loftin and McDowall, 2010).

Lum and Ball (2015), however, argue otherwise. They write (p. 1) that “lists of
homicides tend to be partial, and they tend to emphasize victims with high social
visibility: victims who are relatively well-known, and whose killing occurs in daylight,
in urban areas, and in view of bystanders motivated to report the crime. Other killings
without these aspects more frequently remain hidden from public knowledge.”

The types of methods used by Feldman et al. (2017) to investigate law-enforcement-
related deaths, discussed in Chapter 10, could be used to study correspondence between
CDC and UCR homicides. The National Violent Death Reporting System, described
in Chapter 11, provides one way of doing this.

Chapter 3. Police Statistics

21 the FBI’s Uniform Crime Reporting (UCR) program: Histories of the UCR program
are given by Barnett-Ryan (2007) and James and Council (2008). It was called the
Uniform Crime Reporting system when established because it employed a uniform set
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of standards for classifying offenses; before the UCR, it was difficult to compare police
crime statistics because each jurisdiction used its own standards.

21 The target date for full transition to NIBRS is 2021: See https://ucr.fbi.gov/

nibrs-overview, last accessed January 11, 2018.

21 6,648 law enforcement agencies: https://www.fbi.gov/news/stories/2015-nibrs-

crime-data-released, last accessed January 11, 2018. For NIBRS participation, see
Jarvis (2015). The “Participation by State” table from https://ucr.fbi.gov/nibrs/

2015/tables/data-tables, last accessed January 16, 2018, gave the population cov-
ered by NIBRS as 96,087,615. The Census Bureau estimated the July 1, 2015 US popu-
lation as 321,418,820 (https://factfinder.census.gov/faces/tableservices/jsf/
pages/productview.xhtml?src=bkmk), last accessed January 16, 2018.

21 The Summary Reporting System of the UCR: Federal Bureau of Investigation (2013c).
Arson is treated separately in the Summary Reporting System.

22 Table 3.1: Offenses listed in Table 3.1 are defined at https://www.ucrdatatool.gov/
offenses.cfm, last accessed January 4, 2018; the definitions in the table are direct
quotes from this website. Note that there are some exceptions to the hierarchy in the
table. For example, if a car and is stolen along with a package on the back seat, the
offense is listed as a motor vehicle theft, not a larceny. The hierarchy rule applies only
to the reporting of crime statistics; offenders can still be charged with multiple crimes.
As stated in the text, many local law enforcement agencies have different criteria for
offense categories than the UCR, but they are asked to use the UCR rules for the
statistical reports.

The crimes in Table 3.1 are the “Part I” crimes. The FBI also collects data on other
offenses such as forgery and prostitution, called “Part II” crimes. Federal Bureau of
Investigation (2013c) gives more details on how crimes are classified in the Summary
Reporting System.

22 In 2013, the FBI revised the definition of rape: U.S. Department of Justice, Office of
Public Affairs (2012)

22 Hierarchy rule for counting offenses: The crime definitions and hierarchy rule are
described in Federal Bureau of Investigation (2004) and Federal Bureau of Investigation
(2013c).

23 Counting offenses with NIBRS data: The NIBRS offenses are defined in Federal Bureau
of Investigation (2013a) and Federal Bureau of Investigation (2018a). The Portland
Police Bureau has an informative description of the differences between the SRS and NI-
BRS classification systems at https://www.portlandoregon.gov/police/article/
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618535, last accessed April 5, 2018. Also see Jarvis (2015) and Strom and Smith
(2017).

NIBRS collects data on more types of crime than the Summary Reporting System.
The offenses are grouped into three general categories: crimes against persons, crimes
against property, and crimes against society. The definitions for most of the offenses
listed in Table 3.1 are similar in NIBRS. But, while homicide, rape, and assault are all
classified as crime against persons in NIBRS, robbery is classified as a crime against
property along with burglary and theft. Fraud, identity theft, and vandalism are also
measured in NIBRS as crimes against property. Crimes against society include offenses
such as narcotics violations and prostitution.

23 The FBI has estimated that between 8% and 15%: There are several different estimates
in FBI publications. Federal Bureau of Investigation (2016b) said that fewer than 8%
of incidents involve multiple offenses, and that an agency switching to the multiple-
counting-rule from the hierarchy rule would expect to see about a 2% increase in
reported offenses. Federal Bureau of Investigation (2015b), p. 13, had reported that an
estimated 11% of incidents involved multiple offenses. Federal Bureau of Investigation
(2013c), p. 24, says: “Approximately 85 percent of incidents involve only one offense.”
Rantala and Edwards (2000) estimated that the crime rates would change by less than
2% if NIBRS were fully adopted.

23 But you should not compare a rate computed with the hierarchy rule: To maintain
consistency in the data collection and use the data from the agencies that provided
only summary counts, the FBI converted the data from NIBRS participants to the
hierarchical structure for the annual summary statistics about crime rates. There is
no effect on homicide statistics, at the top of the hierarchy, but there are differences
for crimes listed nearer the bottom of Table 3.1.

24 Measurement error: Mosher et al. (2010) and Schwartz and Vega (2017) discuss other
sources of measurement error.

24 The UCR program publishes detailed guidelines: See Federal Bureau of Investigation
(2013c) and Federal Bureau of Investigation (2018a).

24 Pluto: The International Astronomical Union demoted Pluto from planet to dwarf
planet in 2006. A t-shirt sold by the Lowell Observatory gift shop says “Pluto demands
a recount.” The Lowell Observatory in Flagstaff, Arizona is where Clyde Tombaugh
made the first recognized sighting of Pluto in 1930 (coincidentally the same year as the
first published volume of the Uniform Crime Reports).

25 Variability across jurisdictions: The statistics on number of police departments, sher-
iff’s offices, and officers are from Table 1 of Reaves (2015).
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25 Grand Rapids, Michigan: See the news story in Mayer (1994). By contrast, the national
rate from the UCR was 43 per 100,000 population in 1992 and 39 per 100,000 popula-
tion in 1994. The rape statistics were obtained from https://www.ucrdatatool.gov/

on January 24, 2018.

26 In the early part of the twentieth century, coroners: Zahn and McCall (1999), p. 10,
described the fee-for-service payment system for coroners. Lane (1999), p. 89, related
the story of a man found in the Delaware River with his hands tied behind his back
whose death was ruled a suicide. Lane also discussed other incentives for misclassifying
deaths, such as the desire to cooperate with police and prosecutors who would look bad
if there were high numbers of unsolved murders. Jentzen (2010) and Johnson (1994)
give other examples of measurement error among coroners during this period.

26 Some incentive systems, though, can have unintended consequences: There is a huge
literature in economics on the effects of incentives, and there is a great deal of debate
about them. Popular books such as the Freakonomics series (Levitt and Dubnik,
2014, is one book in the series) and Sandel (2012) tell stories of incentives’ unintended
consequences, although these do not provide statistical evidence of the prevalence of
incentive effects.

27 Recent examples include:

Teachers: According to U.S. Government Accountability Office (2013), 40 states re-
ported allegations of cheating on standardized tests in the previous two years. The
report stated: “Some states provide awards or recognition for improving assessment
scores, which could provide incentives to cheat.” In the GAO investigation, 24 states
provided awards or recognition based on student test scores, and the same number of
states linked assessment scores to teacher evaluations. There have also been numerous
investigations in The Washington Post, USA Today, The Atlanta Journal-Constitution,
The Las Vegas Sun, and other newspapers alleging that some teachers have erased stu-
dent scores.

Veterans Administration hospitals: See Wagner (2015) and Kliff (2014).

Bank employees: See https://www.shrm.org/resourcesandtools/hr-topics/compensation/
pages/bonus-incentives-gone-bad.aspx and https://www.cebglobal.com/talentdaily/

wells-fargo-scandal-lesson-in-incentives/, last accessed January 20, 2018.

27 Incentives for police department statistics can be in either direction: In 1930, when
the UCR began, the concern was that departments would inflate their statistics. The
Wickersham Commission of 1930 wrote: “It takes but little experience of such criminal
statistics as we have in order to convince that a serious abuse exists in compiling them
as a basis for requesting appropriations or for justifying the existence of or urging
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expanded powers and equipment for the agencies in question” (National Commission
on Law Observance and Enforcement, 1931, p. 5).

27 A 2013 report found substantiated instances: Kelley and McCarthy (2013)

27 A US Department of Justice audit: U.S. Department of Justice, Office of the Inspector
General (2014)

27 The Office of National Statistics: The “degree of fiddling” quote is from Travis (2014),
who stated that some of the claims said that the Metropolitan police had underreported
sexual assaults by as much as 25%. The “fiddling techniques” included recording crimes
as less serious offenses and persuading victims not to file a complaint. The Office of
National Statistics (2014) gives the assessment of the police statistics, noting “that
there is accumulating evidence that suggests the underlying data on crimes recorded
by the police may not be reliable” (p. 2). The quality standards are given by the Code
of Practice for Official Statistics.

28 The FBI reviews numbers: See Federal Bureau of Investigation (2016c).

28 A study of reports from 12 police departments: Nolan et al. (2011).

28 Major police departments often post results: A 2014 report from Chicago, for exam-
ple, can be found at http://chicagoinspectorgeneral.org/wp-content/uploads/
2014/04/OIG-Crime-Stats-Audit.pdf, last accessed January 17, 2018. Newspapers
and other organizations can request data to perform an audit.

29 A national survey: Morin et al. (2017). The question asked was: “Are officers in
your unit expected to meet a predetermined number of tickets, arrests, citations, or
summonses, or not?”. Three percent said there was a formal expectation, 34 percent
an informal expectation, and 63 percent said no expectation. The margin of error of
the estimate is plus or minus 6 percentage points.

29 These methods can diagnose: Much evidence about measurement error is anecdotal,
from newspaper reports. A story with headline “Police department statistics accurate:
Everything working as it should” is not as newsworthy as a story exposing inaccuracies
and will likely not receive as many views as a story exposing a scandal, and a reporter
or news editor who is evaluated by the number of clicks on their stories may decide
not to pursue it (another example of numerical targets). But there are enough stories
alleging inaccurate statistics to cause concern about bias and warrant statistical quality
improvement programs.

29 Too much review: Too much review can also lead to a regime where individual persons
are held accountable for numbers that are not under their control.
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29 The statistician W. Edwards Deming: Deming’s philosophy of quality improvement
can be found in Deming (1986) and Deming (1994). Other resources for quality im-
provement methods include The Deming Institute (deming.org) and the American
Society for Quality (asq.org). A short introduction to quality improvement methods
is given by Duffy (2013). Lohr (2012) and Lohr (2015) discuss applying Deming’s ideas
to education; Couper (2017) applies them to policing.

Riley and Brewer (2009) review quality improvement methods used by nine law en-
forcement agencies. However, some of the quality improvement techniques advocated
in the review, such as a focus on “holding people accountable,” are contrary to Dem-
ing’s philosophy. Deming held that the majority of quality problems are due to systems
problems. One of his recommendations for improving quality was to “Drive out fear,”
which is difficult to accomplish when people are fearful that their statistics will not
meet the accountability standards.

29 Los Angeles Times: Poston and Rubin (2014)

29 Office of the Inspector General of the Los Angeles Police Commission: Los Angeles
Police Commission, Office of the Inspector General (2015). The report estimated that
if the aggravated assaults that had been mistakenly classified as simple assaults had
been correctly classified, the aggravated assault total would have been 36% higher.
The 30% figure in the text also includes classification errors in the other direction;
the report (p. 9) states that previous studies indicated that about 6% of aggravated
assaults should have been classified as something else.

An aggravated assault, according to FBI guidelines, involves at least one of the follow-
ing: (1) use or threatened use of a dangerous weapon, (2) serious or aggravated injury,
or (3) intent to cause a serious injury.

30 The report concluded: Quoted from p. 14 of Los Angeles Police Commission, Office of
the Inspector General (2015)

30 However, the number of aggravated: The UCR statistics are from Table 8 of Fed-
eral Bureau of Investigation (2015a) and Federal Bureau of Investigation (2016a).
They can also be seen at https://crime-data-explorer.fr.cloud.gov/explorer/
agency/CA0194200/crime/2007/2017, last accessed October 8, 2018. Tracy (2015)
and Poston (2015) reported on this increase, but stated that aggravated assaults in-
creased by 27.5%; they reported the number of aggravated assaults in 2014 as 10,469.
No one responded to my query about the discrepancy.

31 Separate the data collection system from performance incentives: Deming did not sup-
port merit raises or other performance incentives, preferring instead to establish en-
vironments where people could take pride in their work. But other researchers say
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incentives are appropriate when used to nudge people toward behavior that accords
with their intrinsic motivations to do high-quality work and contribute to society.

Levitt and Dubnik (2014) discuss principles for designing incentive schemes. They say
(page 134): “But if there is one thing we’ve learned from a lifetime of designing and
analyzing incentives, the best way to get what you want is to treat other people with
decency” and recommend having incentives that encourage cooperation rather than
competition.

31 An investigation by Radio New Zealand: Patterson (2017); Leslie (2017)

31 In 2012, the New Zealand government: New Zealand Ministry of Justice (2012), p. 3.
The numerical targets described in https://www.ssc.govt.nz/bps-reducing-crime,
last accessed January 20, 2018, stated different numbers: that website said the goals
were to “Reduce the rates of total crime by 20%, violent crime by 20% and youth crime
by 25%”

32 That month the government: The new target can be found at https://www.ssc.

govt.nz/bps-reducing-crime-new, last accessed January 20, 2018. “Serious crimes”
are not defined on the webpage, but it appears that the new target was based on
the projected count for 2017 of 141,000 serious crimes, which would amount to a 7%
reduction in crime.

Leslie (2017) reported that the justice minister said the new goal “was not an admission
the old target was unobtainable” and quoted the minister’s rationale for changing the
target: “Ten thousand is a much more tangible number for New Zealanders to get their
head around than 20 percent. Most New Zealanders don’t have a sense of what that
looks like.”

32 “signalled it would change the way this was measured”: Patterson (2017)

32 false figures: See Deming (1986), pages 69–77. In the social sciences this phenomenon
of numerical targets leading to false figures is known as Campbell’s Law: “The more
any quantitative social indicator is used for social decision-making, the more subject it
will be to corruption pressures and the more apt it will be to distort and corrupt the
social processes it is intended to monitor.” Campbell published the original paper in
1976 in a paper series from Dartmouth College. The paper was reprinted in Campbell
(2011), where the quote is on page 34.

32 “work on a method for improvement of a process”: Deming (1994), p. 31.

Deming did not write about reducing crime (although he did write about quotas for
traffic tickets on page 104 of Deming, 1986), but he used similar words to condemn
numerical goals for high school graduation rates. A report from the Department of Ed-
ucation had numerical goals including: “The high school graduation rate will increase
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to at least 90 per cent” and “Every adult American will be literate (U.S. Depart-
ment of Education, 1991, p. 19). Deming described this report as “a horrible example
of numerical goals, tests, rewards, but no method” (Deming, 1994, p. 45), and wrote:
“ What is wrong? Numerical goals accomplish nothing. Ranking and reward of in-
dividual people, schools, districts, do not improve the system. Only the method is
important. By what method?” (Deming, 1994, p. 47) He mused: “Why stop at 90? If
you don’t have to have a method, why not make it 95? 98?” (Orsini, 2013, p. 56).

32 Linking incentives to a narrow set of numerical goals: Davis (2012) distinguishes be-
tween outputs, which are easily quantified, and outcomes, which are societal benefits
produced by the police.

Research studies indicate that numerical targets appear to be particularly detrimental
to quality in professions that require creative problem-solving and rely heavily on
individuals’ intrinsic motivation to serve their communities—professions that include
medicine, teaching, and police work. Ariely (2010) (the same result is emphasized in
his other books) writes that while incentives can work for routine sorts of tasks when
people are capable of achieving the goal, they can be counterproductive for creative
problem-solving work.

33 with the exception of homicide: Even though some homicides may be missed, it is
likely that the errors in homicide statistics (differences between the homicide statistics
and the true numbers of homicides) are much smaller, and more consistent from year
to year and across areas, than the errors in aggravated assault or theft statistics. No
statistics are perfect, but homicide statistics, I think, are reliable indicators of crime
over time.

34 NIBRS crime totals have increased over time: As the book was about to go into pro-
duction, the FBI launched a Crime Data Explorer (https://crime-data-explorer.
fr.cloud.gov/), which includes counts from NIBRS data. With the incomplete re-
porting to NIBRS in 2018, however, you need to be careful when interpreting statistics
from this website. For example, the state statistics for Arizona show NIBRS data at
the bottom of the page, but these are based on only a couple of agencies and the
NIBRS totals are much lower than the totals from the Summary Reporting System.

34 NIBRS provides valuable information about: See Strom and Smith (2017) for a discus-
sion of the value of NIBRS data.

34 about 80% of the violent crime offenders have been male: Retrieved from https://

crime-data-explorer.fr.cloud.gov/explorer/national/united-states/crime/1995/

2017 on October 15, 2018.

35 UCR statistics do not measure the effectiveness of a police department: The FBI
(https://ucr.fbi.gov/ucr-statistics-their-proper-use, last accessed April 5,
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2018) warns that UCR data should not be used to rank police departments because
“there are many factors that cause the nature and type of crime to vary from place
to place.” Couper (2015) sets out characteristics of effective police departments, and
argues that crime rates do not measure effectiveness.

Chapter 4. National Crime Victimization Survey

37 In the US, it is estimated: These numbers, and those in Figure 4.1, were obtained
from the Bureau of Justice Statistics NCVS Victimization Analysis Tool, https:

//www.bjs.gov/index.cfm?ty=nvat, on January 18, 2018, from the tables with ti-
tles: “Number of serious violent victimizations by reporting to the police, 1993-2016”;
“Number of property victimizations by reporting to the police, 1993-2016”; “ Num-
ber of motor vehicle thefts by reporting to the police, 1993-2016.” The percentages
of violent, serious violent, and property victimizations reported to the police are also
published in Appendix Table 7 of Truman and Morgan (2016). I rounded the percent-
ages to the nearest 5; the table gives 55.8% for serious violent victimizations and 37.0%
for property victimizations. In 2015, 47% of all violent victimizations (serious violent
victimizations plus simple assault) were reported to the police.

See Langton et al. (2012) for an analysis of victimizations not reported to the police
between 2006 and 2010.

38 National Crime Victimization Survey: The survey started in 1972 and was called
the National Crime Survey from 1972 to 1993 (Hubble, 1995); the name changed
to National Crime Victimization Survey following a comprehensive redesign of the
questionnaire in the early 1990s, with the new questionnaire introduced in 1993. To
avoid introducing yet another acronym, I use NCVS for the National Crime Survey
too. The NCVS is administered by the Bureau of Justice Statistics, which, like the
FBI, is part of the US Department of Justice. Rennison and Rand (2007) review the
history of the NCVS.

39 Table 4.1: The NCVS crime definitions are excerpted and quoted from the Glossary in
U.S. Department of Justice, Bureau of Justice Statistics (2016b), which gives the full
classification list and the rules for counting crimes in the NCVS. Also see https://www.
bjs.gov/index.cfm?ty=tdtp&tid=9, last accessed September 18, 2018. Chapter 8
gives a more detailed definition for rape and sexual assault.

40 The NCVS crime questions are asked in two parts: The most recent NCVS question-
naires can be found at the main NCVS webpage from the Bureau of Justice Statistics
at https://www.bjs.gov/index.cfm?ty=dcdetail&iid=245. The questions about
break-ins and attacks with frying pans are from the 2016 Basic Screen Questionnaire.
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In 2016, the questionnaire asking details of the incidents was 35 pages long (https:
//www.bjs.gov/content/pub/pdf/ncvs16_cir.pdf), although interviewers can skip
parts of it based on responses to questions. For example, if the respondent says he or
she was not present when the incident occurred, the interviewer will skip the questions
about violent crime.

40 If a respondent answers no to all of the screening questions, the interview ends: If the
respondent has been a victim of crime, but none of the cues in the questionnaire brought
the crime to mind, then the survey will list him or her as having no victimizations.
Thus, the screening questions are crucial to measuring crime.

40 Were you or any other household members: These questions are quoted from the 2016
NCVS Crime Incident Report questionnaire, https://www.bjs.gov/index.cfm?ty=
dcdetail&iid=245. The NCVS questionnaire is being redesigned as of 2018; the
questions are likely to change in future versions.

41 Children under age 12 are not interviewed: https://ovc.ncjrs.gov/ncvrw2017/

images/en_artwork/Fact_Sheets/2017NCVRW_CrimeAndVictimization_508.pdf, last
accessed January 23, 2018.

41 according to the 2015 NCVS, there were 18.6 violent crime victimizations: These statis-
tics are from Truman and Morgan (2016).

43 In 2015, the NCVS conducted interviews: The sample sizes and population numbers
are from Truman and Morgan (2016).

43 You can ask the questions you want to know about: Well, within reason. US government
surveys must seek public comment on the proposed data collection and be approved
by the US Office of Management and Budget, which weighs the benefits of the data
collection against the burden on the public. The policy as of 2010 is set out in https://

obamawhitehouse.archives.gov/sites/default/files/omb/assets/inforeg/PRA_

Gen_ICRs_5-28-2010.pdf, last accessed January 31, 2018.

45 Table 4.2: These sample sizes were computed from the 2015 NCVS public use data file
(U.S. Department of Justice, Bureau of Justice Statistics, 2016a).

45 By contrast, a typical political poll: You can see sample sizes for recent polls from
RealClear Politics, https://realclearpolitics.com/epolls/latest_polls/, last
accessed February 2, 2018.

45 In 2015, for example, the rate of serious violent victimization: Truman and Morgan
(2016), Table 1 and Appendix Table 2. Note that the publication was revised in March
2018 to give a corrected standard error of 0.60; the original version of the publication
gave it as 0.71. I multiplied the standard error by 1.96 to obtain the margin of error.
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46 It is also large: The NCVS sampling variability is small when the denominator for the
“true characteristic” is the US population; the sampling variability is larger when the
denominator is something else.

Disability status was added to the NCVS questionnaire in 2016 but is not currently
available on the public use data files.

You can study victims of rare crimes in the NCVS, but you need to combine several
years of data to get a large enough sample to give reliable results. Using data from
multiple years gives a larger sample size, but the cost is that a lot of the data in the
combined set are old and might not reflect current circumstances.

46 Each year’s estimated percentage: From tables “Standard errors for percents of prop-
erty victimizations, household burglaries, motor vehicle thefts, and thefts by reporting
to the police, 1993-2016” and “Standard errors for percents of violent victimizations,
serious violent victimizations, rape/sexual assaults, robberies, aggravated assaults, and
simple assaults by reporting to the police, 1993-2016.” Generated using the NCVS Vic-
timization Analysis Tool at www.bjs.gov on February 3, 2018. Some of these are also
found in Appendix Table 7 of Truman and Morgan (2016).

46 By contrast, the 2015 NIBRS data: These numbers are incident counts from the table
“Incidents, Offenses, Victims, and Known Offenders by Offense Category, 2015” at
https://ucr.fbi.gov/nibrs/2015/tables/data-tables, last accessed February 3,
2018.

47 We would not expect the statistics to agree completely: Also see the discussion on page 4
of Truman and Morgan (2016).

48 Figure 4.3: UCR numbers for years 1960 to 2014 were downloaded from https://

www.ucrdatatool.gov/ on January 30, 2018. The UCR numbers for 2015 and 2016
came from Table 1 of Federal Bureau of Investigation (2017b). The NCVS number of
offenses from 1993 through 2016 were obtained from the Bureau of Justice Statistics
NCVS Victimization Analysis Tool, https://www.bjs.gov/index.cfm?ty=nvat, on
January 29, 2018, from the table with title “Rates of serious violent victimizations,
1993-2016.” They are also published in the annual reports in the Bureau of Justice
Statistics series Criminal Victimization, available at https://www.bjs.gov/index.

cfm?ty=pbse&sid=6.

Chapter 5. Sampling and the NCVS

52 for a fictional example: This example is fictional, but some states and cities use mail
surveys to measure victimization and attitudes toward police. These tend to have low
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response rates, which is why for this chapter I used a variable (being in a single-family
unit) that is knowable for everyone in the sample.

The US Bureau of Justice Statistics is also exploring use of a mail survey to measure
victimization in localities. See Brick and Lohr (2019).

52 a sample of 2,000 households: This is probably about the minimum sample size one
would want to take for a survey. Any smaller (after accounting for the expected 50%
nonresponse), and the sampling error is so big that the results are close to useless.

You might wonder why the survey-taker doesn’t just look up the single-family-unit
status for every address in the population. Let’s assume there is a reason that we do not
know this information for every household in the population; perhaps the information
has to be queried separately for each household.

53 Rule for Weights: See Lohr (2010) for more information about weights in probability
samples.

54 Stratified Sample: This section describes two types of stratified sample. The first,
which ensures that the sample mirrors the population’s regional composition, draws a
sample from each reason with size proportionate to its population, and is thus called
proportionate sampling. Even though a stratified sample drawn proportionately has
the same sampling weights as a simple random sample, there is a big difference in the
sampling procedures. For stratified proportionate sampling, every sample that could
possibly be drawn has 1,500 households from the North and 500 from the South. The
stratified sampling procedure prevents some of the really “bad” possible simple random
samples—such as those with few households from the South—from ever being drawn.

Proportionate stratified sampling forces the sample to be exactly like the population
with respect to regional distribution. If households in one region are more likely to
have experienced crimes or be in a single-family residence than households in the other
region, then the stratified sample is also more likely to resemble the population with
respect to those characteristics as well. Proportionate sampling thus usually reduces
the margin of error for estimates.

Design 2, which uses oversampling, gives a more accurate comparison of North and
South than a sample that has much more information from one region than the other.
The sample from Design 2 has roughly the same amount of information about the
South region as it does about the North. But this comes at a cost: the estimate of
the percentage of households in single-family units for the city as a whole has larger
margin of error for Design 2 than for a proportionate stratified random sample.

55 Sampling weights compensate for oversampling: Chapter 1 began with a description
of a non-representative sample of women who work in Hollywood. Some women were
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more likely to be in the sample than others—the survey was sent only to members of
two advocacy groups, and only some of those women responded.

How is that different from the sample in Figure 5.2, where households in the South are
more likely to be in the sample?

For the stratified sample in Figure 5.2, we know how many population households are
represented by each household in the sample. We can use the sampling weights to
reconstruct an estimate of the population, and we can measure the sampling error.
Sampled objects in an oversampled stratum are given lower weights to compensate for
their overrepresentation in the sample.

For the USA Today sample, it is unknown which women in Hollywood were more
likely to be in the sample. Sometimes one can use other information about persons
in a sample to try to estimate the probability that they would have been selected in
a random sample (that is, obtain estimates of the weights, as in Elliott and Valliant,
2017) but that would be difficult for this sample because limited information was
collected; in addition, women who did not belong to one of the advocacy groups had
no chance of being in the sample.

55 raw percentage: The raw percentage is calculated by dividing (600+282) by 2,000 to get
44.1%. That number, calculated without the weights, describes the percentage of the
2,000 sampled households that live in single-family residences. It does NOT estimate
the percentage of households in the population that live in single-family residences.
You need to use the sampling weights to generalize to the population.

56 Margin of error: Stokes and Belin (2004) and Mercer (2016) give excellent explanations
of margin of error. Margin of sampling error is actually a better term, since the MOE
measures sampling variability only and does not include errors due to measurement or
missing data. But you will see the term margin of error when you read about surveys
so I use it too.

57 Table 5.1: The formula for calculating MOE for a percentage can be found in Lohr
(2010) and other statistics books. If a sample is large, and if the sample constitutes
less than 10% of the population, you can approximate the MOE for an estimated
percentage by

MOE = 1.96

√
percentage (100 − percentage)

sample size
.

For smaller samples, one can substitute a value from a t distribution for 1.96.

57 Almost everyone uses the convention that 19 out of every 20: The interval from (statis-
tic − MOE) to (statistic + MOE) is called a 95% confidence interval.
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57 the number in the 50% column: If the majority of the objects are in one category,
which will happen when the percentage is anything other than 50%, then the objects
in the sample are more similar to each other and the MOE is smaller. If all of the
objects in the population were the same—say, all single-family units—the MOE would
be zero because every possible sample would have 100% single-family units.

For crime statistics, however, crime is often relatively rare so we often want to use the
MOE for a smaller value of the percentage.

57 Our simple random sample of size 2,000: Using the formula given in the note for
Table 5.1, we get:

MOE = 1.96

√
53.2(100 − 53.2)

2000
= 2.187.

If we took simple random samples over and over and over again from the population,
and calculated the 95% confidence interval from each sample, we would expect 95%
of those samples to have a confidence interval that includes the true percentage of
households in single-family units. We do not know whether our interval [51.0, 55.4]
contains the true value or not—just that there is a 19-out-of-20 chance that we drew
one of the samples where it does.

We can also find MOEs for statistics other than percentages. The 19-out-of-20 result
holds for estimating averages and totals (such as average or total value of stolen prop-
erty) when the population is well-behaved. By that I mean that there aren’t extreme
cases that might cause the variability in the sample to be a poor estimate of the vari-
ability in the population. For yes/no questions such as “were you a victim of crime”
the theory works for estimating the percentage of victims and the total number of
victims (as long as everyone selected to be in the sample responds and tells the truth).

But for other situations you might want to be more careful. For example, suppose you
want to estimate total financial losses due to fraud in a population of 10,000 people,
where (unknown to you) the population has 7,999 persons with no losses, 2,000 people
with a $100 loss, and one person with a $3 million loss. The true total financial loss
for the population is $3.2 million. But if your sample does not happen to include the
one person with the $3 million loss, your estimate cannot, mathematically, be within
the MOE of the true value. The only way your estimate will be within the MOE of
the true value is if your sample happens to include the person with the $3 million loss,
which occurs for only one-tenth of one percent of the possible samples.

Thus, you need to be more careful for other statistics, when the population has a
lot of relatively small values and a very few exceptionally large ones—these occur for
characteristics like income or dollar amounts lost to fraud. This affects the estimates
of financial losses from fraud and identity theft discussed in Chapter 9.

24



For estimating the total number of victims of fraud, the margin of error works as it
should.

58 But even then we do not expect to be really far off: It is easy to convert from the 95%
level of confidence to another level. If you want a 99% confidence interval (i.e. you
have a 99-in-100 chance of getting a sample in which the sample estimate is within
the stated accuracy bound of the population value), multiply the MOE by 1.31. For
a 99.9% confidence interval, multiply the MOE by 1.68. For a 99.9999% confidence
interval (it fails to capture the true population 1 out of every million samples), multiple
the MOE by 2.50. For a 90% confidence interval, multiply it by 0.84.

58 except when you sample more than 10% of the population: In simple random sampling,
it is rare to have a sample that is a large fraction of the population. Although one can
use a finite population correction in the margin of error (see Lohr, 2010), I usually just
use the formula that assumes the population is large relative to the sample.

Some polls now report credible intervals instead of confidence intervals. Credible in-
tervals grow out of the idea of subjective belief of where the population value is, and
a 95% credible interval is a statement that “I would be willing to take 19-to-1 odds in
betting that the population value is in this interval.” But that belief and those odds are
based on strong assumptions that the survey-sampler is making, and there’s no reason
for you to hold the same assumptions. The American Association of Public Opinion
Research (AAPOR) gives a useful statement on credible intervals (they call them cred-
ibility intervals, but it’s the same concept), at https://www.aapor.org/AAPOR_Main/
media/MainSiteFiles/DetailedAAPORstatementoncredibilityintervals.pdf.

58 Los Angeles Crime Classification: All information for this example is from Los Angeles
Police Commission, Office of the Inspector General (2015). The sampling design is
described in the Appendix of the report.

59 The total number of misclassified records: Then, using the Rule for Weights, the mis-
classification rate for each year is calculated by

sum of sampling weights for misclassified records for the year

sum of sampling weights for all sampled records for the year
.

This estimates the misclassification rate for the population, which is

total number of misclassified records in population

total number of records in population
.

60 How the NCVS sample is selected: All information in this section comes from U.S.
Department of Justice, Bureau of Justice Statistics (2017b) and Bureau of Justice
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Statistics (2016), which describe the 2016 NCVS design. These sources also describe
some of the additional steps used in the weighting. Note that the household weighting
scheme changed for the 2017 NCVS, whose results were released after I finished writing
the book (Morgan and Truman, 2018).

60 A household’s first interview: Although in-person surveys are more expensive to con-
duct than mail or telephone surveys, they usually have a higher response rate. A
survey such as the NCVS that needs a high response rate is almost always conducted
in person.

60 It costs a lot of money: The money is from paying interviewers, running field offices,
travel and trying to contact household members. The NCVS does not pay households
or persons who participate in the survey (as of 2018).

61 a probability sample of housing units is drawn: The sample is drawn from the database
of all US addresses maintained by the Census Bureau, called the Master Address File;
see https://www.census.gov/did/www/snacc/publications/MAF-Description.pdf.

A similar procedure was used to select non-institutional group dwellings such as college
dormitories for the sample.

61 Residents of a sampled housing unit are interviewed 7 times: There are several good
reasons, from a statistical standpoint, to keep going back to the same people.

1. It reduces the MOE for estimating year-to-year changes in victimization. People
who have been victimized once are more likely to be victimized again in the future.
This positive correlation for victimization status at successive interviews reduces
the MOE for the estimated change.

2. Researchers can study the persistence of victimization (see, for example, Ybarra
and Lohr, 2002; Oudekerk and Truman, 2017). That’s how we know some people
are more likely to be repeat crime victims than others.

3. Interviewers can check whether the same crime is reported on two successive inter-
views. Being a victim of crime is a memorable event, and some people remember a
crime as occurring more recently than it actually did. As discussed in Chapter 6,
an interviewer can remove incidents that are reported twice. The repeated in-
terviews also give respondents a landmark for remembering crimes; a respondent
may think in terms of crimes since the last interview.

4. Making the first contact with a household is expensive. By conducting additional
interviews with the same household, the NCVS can rely on the cooperation and
rapport already established.

57 states such as Colorado: Colorado has the smallest population among the 22 states for
which state-level estimates are desired.
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The NCVS also increases the sample sizes in areas where the response rate is expected
to be low.

Chapter 6. NCVS Measurement and Missing Data

63 remember that all data sources have errors: Also keep in mind the difference between an
absolute error and a percentage error. Most of the studies assessing measurement error
in violent victimization rates have found that the errors are less than 5 victimizations
per 1,000 persons. But crime is a rare occurrence; in 2014, it was estimated that
there were 20 violent victimizations per 1,000 persons. A possible error of 5 per 1,000
seems large when expressed as a percentage of the victimization rate (25%), but even
accounting for the error the victimization rate is low.

63 Measurement Error: The National Archive of Criminal Justice Data summarizes the
types of measurement error in the NCVS, at https://www.icpsr.umich.edu/icpsrweb/
NACJD/NCVS/accuracy.jsp, last accessed March 15, 2018. Also see Addington (2008).

Other measurement errors, not discussed in the chapter, can also affect the results. To
mention a couple of them:

Effects of being interviewed more than once. Households selected to be in
the NCVS sample are interviewed up to 7 times. Persons on their sixth and seventh
interviews tend to report fewer victimizations than persons on their first or second
interview; it is possible that persons on later interviews have changed their behavior
patterns as a result of being in the survey, or that they have learned the interview
will be shorter if they answer no to all the screening questions. However, persons on
their sixth and seventh interviews are also more likely to be older, married, and less
mobile—all characteristics associated with less crime—so it is difficult to distinguish
effects of the length of time in the panel from these other characteristics.

Hart et al. (2005) found no evidence of a “panel fatigue” syndrome, but they looked
only at interviews 1 and 2.

Repeated interviews likely have little effect on estimates of changes in victimization
rates (for most years). That is because the proportions of households are on their first
interview, or second interview, ..., or seventh interview are fairly constant from year
to year. Thus, if households on their first interview report more crime, that happens
for those households in every year. The only time there is a problem for estimating
change is when there is a sudden influx households on their first interview, as occurred
in 2006 and 2016.
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Crime classification errors. The final classification depends on the review of the
narrative of the incident given. But the narrative may be ambiguous and the wrong
classification may be made.

64 The NCVS defines burglary as: Glossary in U.S. Department of Justice, Bureau of
Justice Statistics (2016b), p. 544. The full definition gives more details on what is
included: “burglary is unlawful or forcible entry or attempted entry of a residence.
This crime usually, but not always, involves theft. The illegal entry may be by force,
such as breaking a window or slashing a screen, or may be without force by entering
through an unlocked door or an open window. As long as the person entering has
no legal right to be present in the structure, a burglary has occurred. Furthermore,
the structure need not be the house itself for a burglary to take place; illegal entry
of a garage, shed, or any other structure on the premises also constitutes household
burglary. If breaking and entering occurs in a hotel or vacation residence, it is still
classified as a burglary for the household whose member or members were staying there
at the time the entry occurred.”

64 the NCVS questions were revised: The revision of the NCVS in the early 1990s was
recommended in reviews from the National Academy of Sciences and by expert panels
of criminologists and statisticians. See Penick and Owens (1976) and Taylor (1989).

64 half of the 1992 sample: The experiment and results are described in Rand et al. (1997)
and Perkins et al. (1996).

65 Table 6.1: The questions are found on page 156 of Perkins et al. (1996). As of this
writing in 2018, the NCVS questionnaire is undergoing another revision to capture
emerging crime types. The revision is expected to be completed in 2020.

65 The estimated burglary rate for 1992 using the old questions: Perkins et al. (1996),
p. 152 (Appendix Table 1). The violent crime rate increased from 32 incidents per
1,000 persons to 50 incidents per 1,000 persons.

65 An experiment performed: Cowan et al. (1978). But there was an interesting twist.
Group B had a higher number of crimes not reported to the police than Group A, but
a lower number of crimes that had been reported to the police.

In 2015, a similar experiment was conducted on a mail survey asking about victim-
ization and how safe persons felt in their neighborhood (Brick and Lohr, 2019). Two
questionnaire versions were tested, with half of the sample randomly assigned to each:
one with the safety questions before the victimization questions, and one with the
safety questions after the victimization questions. On one of the questionnaire ver-
sions, estimates of property crime were higher when the crime questions followed the
safety questions.
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There has been a tremendous amount of research on effects of question wording and
ordering in a multitude of surveys. The book by Converse and Presser (1986), although
more than 30 years old, still provides a wonderful introduction to the subject. For a
treatment that includes more recent research, see Fowler (2014).

66 Another respondent interviewed in October: Part of the reason the NCVS was designed
to interview 7 times at a sampled address was the concern that people would “telescope”
incidents from further in the past into the 6-month window. Also see the comments
on page 26 of this supplement.

A lot of research was done on recall of crime in the early 1970s when the survey was first
launched (Lehnen and Skogan, 1981). In the early studies, samples were drawn from
police records, and the victims were asked their recollections of the crime. In this way,
investigators could see how well the victims remembered the date and circumstances
of the crime when asked the survey questions.

Fay and Li (2010) studied how incidents were distributed among the 6 months preceding
the interview. If respondents had perfect recall, you would expect about one-sixth
of the incidents to be in each month. But they found that about one-quarter of
the incidents were in the month immediately preceding the interview, and months 3
through 6 before the interviewer had about 15% of the incidents each. It appears that
respondents are more likely to mention incidents that occurred more recently.

66 the NCVS downweights incidents: Well, not always. As stated in Chapter 5, inter-
viewers visit each sampled housing unit 7 times, at six-month intervals. The incidents
for the household living in that housing unit during the first of those 7 interviews are
downweighted. But if the original household moves out, and a new household moves
into the address during interview 4, the moved-in household has not been interviewed
previously but its incidents are not downweighted. Similarly, the incidents of persons
in the family who move into the household midway during the 7 interviews, or of chil-
dren who turn 12 during that period (and therefore become eligible for the NCVS), are
not downweighted. This may be why victimization rates for 12-year-olds in the NCVS
are high relative to those of 13-year-olds: the 12-year-olds may be including incidents
that occurred longer than 6 months ago.

66 But a few have experienced so many victimizations during the past six months that they
cannot remember all of them distinctly: The NCVS calls these “series victimizations”
(Planty and Strom, 2007; Lauritsen et al., 2012; Oudekerk and Truman, 2017). Rand
and Rennison (2005), p. 275, estimated that 10% of intimate partner victimizations
against women were series victimizations. Figures 7-1 and 7-2 of National Research
Council (2014) show the effects of series victimizations on estimates of rape and sexual
assault. Of course, series victimizations also affect other crimes (for example, 5 of
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the incident reports for robbery in 2015 were for series victimizations), but rape and
intimate partner violence estimates are especially sensitive to series victimizations.

67 A respondent may be unaware that something was a crime: A person who was vic-
timized while committing a criminal act may not want to report the incident (or not
participate in the NCVS at all).

We do not know how many people falsify incidents for the NCVS. I have not seen any
recent publications about this topic for the NCVS.

In some surveys, interviewers have been known to falsify records; an interviewer makes
the data up instead of conducting the interview with the person selected for the survey.
Lawrence and Love (2010), however, found only one instance where this had occurred
with the NCVS.

67 Other persons may want to get through the interview: This may affect responses in-
terviews other than the first (remember, each household is visited 7 times), where
respondents know that answering “yes” to a screener question will result in a long
series of questions about details of the incident.

67 perhaps because they were more recently trained: The NCVS manual for interviewers
(U.S. Census Bureau, 2012) is 930 pages long. The questionnaire is long, and the man-
ual prepares interviewers for the types of questions respondents might ask. See Rand
and Catalano (2007) and Morgan and Kena (2017) for discussion of the victimization
rate increases in 2006 and 2016. After the book went into production, Morgan and
Kena (2018) issued revised estimates for 2016, attempting to account for the inter-
viewer effects.

See Schafer (2013), Bureau of Justice Statistics (2014), and Morgan and Kena (2017)
for a discussion of how interviewers and performance incentives may have affected the
2006 and 2016 statistics.

67 Because the NCVS deals with sensitive topics, its protocols specify: U.S. Census Bureau
(2012), p. A2-7

67 But between 1993 and 2013 more than half: Catalano (2016) looked at differences
between the two types of interviews during normal NCVS operations. The study did
not randomly assign respondents to private or non-private interviews, so we cannot
say that the interviewing condition caused the difference. Perhaps victims are more
inclined to request private interviews and would have reported the same victimizations
under either condition. But the study suggests that some victims may be less likely to
report victimizations when another household member is listening (especially if that
person did not previously know about the victimization or is the offender), and that
may affect estimates of crimes such as intimate partner violence and sexual assault.
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The results on private vs. non-private interviews are in Table 3.

Catalano also found that in-person interviews yielded more victimization reports than
telephone interviews, but this may have been because the first interview is in-person
and people tend to report more crimes on their first interview.

68 In 2016, about 134,700: page 14 of U.S. Department of Justice, Bureau of Justice
Statistics (2017b), Table 2.

About two-thirds of the household nonresponse in 2016 occurred because households
refused to participate in the survey; the other major reason for nonresponse was that
the interviewer found no one at home despite repeated visits. U.S. Department of
Justice, Bureau of Justice Statistics (2017b), p. 14, says that in 2016 there were 25,600
refusals out of 38,600 Type A noninterviews (“households occupied by persons eligible
for interviews but from whom no interviews were obtained”): 66.3%. An additional
8,200 households had no one at home (21%). In the NCVS, the percentage of total
nonresponse that can be attributed to refusal has increased from 39% in 2000 to 65%
in 2014 (Williams and Brick, 2018).

68 The participation varied by age group: The conditional response rates are given in U.S.
Department of Justice, Bureau of Justice Statistics (2017b), Tables 2 and 4.

Part of the reason the within-household response rate is lower for persons age 12–17 is
that there are more single-person households in older age groups than younger. A 25-
year-old who lives alone and refuses to participate counts in the household nonresponse,
but a 15-year-old almost never lives alone.

68 The “Person” line estimates the response rate: It is calculated as the product of each
year’s household response rate and the overall percentage of persons in sampled house-
holds who responded.

This is an estimate of the percentage of eligible persons who could have responded, but
it’s not necessarily an unbiased one. Someone in the household has to respond to the
survey for the NCVS interviewers to know that there is within-household nonresponse,
and we don’t know the household size for the household nonrespondents. But I don’t
have the additional information that would be needed to obtain a better estimate of
the person-level response rate, and the “person” line does show the decreasing trend
over time.

68 Almost all surveys in the 2010s: Figure 4 of Williams and Brick (2018) shows the
declining response rates in several major surveys; in fact the NCVS response rate is
still among the highest for surveys.

There are a lot of theories for why survey response rates are declining. Some of the
most popular hypotheses are that there is reduced trust in the institutions collecting the
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surveys, that more people live in gated communities or apartments with doorpersons
where it is difficult to obtain access, that there are so many surveys (and fraud attempts
pretending to be surveys) that people do not want to respond to anything, and that
people have less time available for responding to surveys (Groves and Cork, 2008,
p. 44).

68 And there can be still more nonresponse: Table 10 of U.S. Department of Justice,
Bureau of Justice Statistics (2017b) gives imputation rates for variables that need to
be imputed so they can be used for weighting. In the 2016 NCVS, about 22% of the
households that responded to the survey did not have data on household income.

Most missing items are left as missing in the data set, but some items are imputed
so that they can be used in the nonresponse weighting. These include household
income (30,000, or 22% of the 135,000 respondent households had imputed income),
race of the reference person (25,100, 14.5% of the 173,000 eligible households had the
race of the reference person imputed), age (10,900, or 4.1% of the 267,000 eligible
persons within responding households). Note that the age/race/sex imputations in
the publication are for the sample; the number of responding persons with missing
age, race, or sex is smaller. I calculated the figure of 3% of respondents missing age
using the 2016 public-use NCVS data (U.S. Department of Justice, Bureau of Justice
Statistics, 2017a), finding that 7,459 of the 224,521 respondents had an invalid age.

69 Figure 6.1: The response rates were obtained from Table 4–2 of National Research
Council (2014) for 1993–2011 and from the annual reports of Criminal Victimization
(see, for example, Morgan and Kena, 2017) for 2012–2016.

69 Adjusting Weights for Nonresponse: Lohr (2010), Brick (2013), and Lavallée and Beau-
mont (2015) discuss nonresponse-adjusted weights and why they can reduce nonre-
sponse bias. They also discuss other methods that can be used to reduce nonresponse
bias such as propensity modeling.

Weighting is an alternative to the imputation method discussed in Chapter 2. Re-
member, if you just ignore the missing data that is itself a method of dealing with
it.

71 Households from the South are underrepresented: What if we do not adjust the weights
for nonresponse? Then we are implicitly assuming that all nonrespondents are equally
likely to have experienced crime. Ignoring the nonrespondents and calculating esti-
mates using the sampling weights of the respondents (for our example, this would give
an estimate of 100 × 11,190/104,950 = 10.6% for the percentage of households with
crime victims) is still using a weighting class adjustment, but with everyone in the
sample assigned to the one weighting class. Everyone in the sample: every respondent,
regardless of region or single-family-unit status, gets the same weight adjustment of
200,000/104,950.
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Note that the weighting adjustments used (as of 2018) for the Supplementary Homicide
Reports, discussed on page 10 of this supplement, assign everyone to one weighting
class.

72 When Do Weight Adjustments Reduce Nonresponse Bias? See Brick (2013) for a more
rigorous treatment.

73 In general, we don’t know: We hope that the characteristics used to form the weighting
classes (in our example, region and type of housing unit) are related to households’
crime experiences, for both responding and nonresponding households.

If we don’t know for sure that the weight adjustments reduce nonresponse bias, why do
them? As we discussed in Chapter 2, we are making assumptions about the nonrespon-
dents no matter what we do. If we do nothing about missing data we implicitly assume
that the victimization rate calculated from the respondents equals the rate we would
calculate from the nonrespondents. But we know that the set of respondents contains
too few households from the South and from multi-family units. Doing nothing about
missing data means we calculate the estimates from whoever chooses to respond, even
though we know that too few households from the South responded.

73 We can also study effects of nonresponse: Much of the evidence that nonresponse-
adjusted weights reduce nonresponse bias comes from empirical studies comparing
statistics from a survey with statistics from an independent, high-quality data source
(see, for example, Kennedy et al., 2018). For example, nonresponse bias in election
polls is studied by comparing the poll forecasts to the actual election results.

A Pew Research report (Kohut et al., 2012) compared statistics (calculated using the fi-
nal weights) from low-response-rate telephone surveys with statistics from high-quality
data collections such as the Current Population Survey. They found that the statistics
agreed on questions such as citizenship, length of time living at a residence, homeown-
ership, marital status, and smoking prevalence. But the telephone survey estimated
much higher levels of civic engagement and volunteerism. For example, in the tele-
phone survey 55% of persons said they had done some type of volunteer work in the
past year, while only 27% of persons reported such activity to the Current Population
Survey.

74 Weighting and imputation: Both methods can reduce nonresponse bias. In fact, using
weighting adjustments would give the same statistics as the imputation method dis-
cussed in Chapter 2, because the average values from each group are imputed to the
missing law enforcement agencies.

With weighting class adjustment, nonrespondents’ share of the population is trans-
ferred to respondents in the same class. With imputation, the nonrespondents continue
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to represent their own share of the population, but values are imputed for their missing
data.

75 Weight Adjustments in the NCVS: All information in this section is from Bureau of
Justice Statistics (2016) and U.S. Department of Justice, Bureau of Justice Statistics
(2017b), starting on p. 616.

Note that the weighting procedures changed for the 2017 estimates (which were pub-
lished after the book went into production). See Morgan and Truman (2018).

75 victimization rates differ across groups: Estimates for demographic groups from 1993–
2016 were obtained from Bureau of Justice Statistics (2018b). Age-specific victimiza-
tion rates before 1993 can be seen in Figure 5 of Rand (1987) and in Perkins (1997).
Perkins (1997) shows that the age distribution of murder resembles that for other
violent crimes, providing further confirmation of the general pattern.

76 we do not know how much nonresponse bias remains: A brief analysis of potential non-
response bias was published in U.S. Department of Justice, Bureau of Justice Statistics
(2017b), but a more thorough examination of systematic differences between respon-
dents and nonrespondents is needed. Table 8 of the report (p. 20) indicates that
nonrespondents may have characteristics associated with higher violent victimization
rates, but the report concludes the opposite.

There are differences between respondents and nonrespondents that are not compen-
sated by the weighting. For example, in 2016, the American Community Survey one-
year estimates (Table S1501, retrieved on August 1, 2018 from factfinder.census.

gov) said that 31.3% of persons age 25 and over had a college degree or higher. Using
the nonresponse-adjusted weights in the 2016 NCVS (U.S. Department of Justice, Bu-
reau of Justice Statistics, 2017a), I estimated 34.6% (margin of error 0.6%) of persons
age 25 and over had a college degree or higher. It appears that college graduates are
more likely to respond to the NCVS than non-college graduates (at least, relative to
the statistics given by the American Community Survey, which is generally held to be
the gold standard for this information).

76 Much more research is needed: The NCVS did not publish a nonresponse bias analysis
until 2016; that year’s analysis is in the codebook for the public-use data files (U.S.
Department of Justice, Bureau of Justice Statistics, 2017b).

National Research Council (2014), written before the rapid decrease in NCVS response
rates for 2015 and 2016, concluded on p. 131 that “Although an independent analysis
concluded that the methods that the Bureau of Justice Statistics uses to adjust for
nonresponse appear to provide a satisfactory correction for nonresponse bias at the
unit level, our panel has reservations about that analysis and remains concerned that
there may be a nonresponse bias related to sexual victimization.”
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Groves and Cork (2008) also recommended that more nonresponse bias studies should
be done.

78 There is another reason that relationship estimates may be less affected by nonresponse:
The mathematical argument for why the relationship may be less affected by nonre-
sponse is given in Pfeffermann (2015). See also Lavallée and Beaumont (2015).

78 If . . . college graduates are more likely to respond to the survey: They appear to be.
See the note for we do not know how much nonresponse bias remains .

79 the survey report warned that the changes: Morgan and Kena (2017). The report on
the 2006 NCVS had a similar warning (Rand and Catalano, 2007).

79 changes in estimated victimization rates: Another source of systematic measurement
error may occur when comparing regions: If a supervisor in one region is stricter about
interviewers following the survey protocols than supervisors in another region, region-
to-region comparisons may reflect the supervision differences rather than differences in
victimization rates.

79 response rate among persons age 12 to 24: The NCVS did not publish details about
the response rates before 2016. However, there has been a dramatic increase in the
final weights for younger persons relative to those for older persons, and it is difficult
to explain this by anything other than decreasing response rates (Lohr, 2018a).

79 Many states and cities conduct their own victimization surveys: I of course cannot dis-
cuss all of these surveys in this book, but you may want to find a survey for your state
or city and go through the questions in Chapter 7. For example, https://justice.ky.
gov/Documents/StatisticalAnalysis/2008KYVictimizationStudy.pdf gives results
of a 2008 survey in Kentucky.

Chapter 7. Judging the Quality of a Statistic

81 “Roughly 6 out of 10 cases”: The quote is from Weiss (2018), p. 32.

82 reputable journal: Are there unreputable journals? Sadly, yes. Remember the discus-
sion in Chapter 3 on incentives using oversimplified metrics that allow people to game
the system? Universities and funding agencies judge professors in part by how many
papers they publish. Pseudo-journals, often with names that resemble those of long-
standing respected journals, offer quick publication but do not have the review process
or quality standards of the “real” journals (Laine and Winker, 2017), thus allowing
researchers to have long lists of publications on their curriculum vitae. Some of the
pseudo-journals also charge large fees to publish the papers.
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How do you tell if a journal is reputable? If you’re not an expert in a field, it can be
tricky. But there are a couple of quick things you can check. First, is the journal listed
in the online catalog of your local university? You can access most library catalogs
without being affiliated with the university.

Second, do other people cite the article (or other articles in the journal if this one is too
new)? You can check for citations by typing the article title into scholar.google.com.

82 Most medical journals: The International Committee of Medical Journal Editors web-
site (www.icmje.org/, last visited April 3, 2018) discusses conflicts of interest for
authors.

82 National Center on Elder Abuse: https://ncea.acl.gov/whatwedo/research/statistics.

html#18, last accessed April 2, 2018.

82 article . . . by Janey Peterson and colleagues: Peterson et al. (2014). Additional in-
formation about the survey, including a copy of the questionnaire, is given in Lachs
and Berman (2011). All information in the chapter about this study is from these two
sources.

I sent a draft of Chapter 7 to authors of the paper for comment in September 2018 but
did not receive a reply.

83 Current Population Survey: The methodology report U.S. Census Bureau (2006) de-
scribes the design and history of the CPS. You can find some of the research pa-
pers written about the CPS at https://www.bls.gov/cps/documentation.htm#pop;
many others are found in academic journals. The CPS also has a methodology report
written for the general public, at Bureau of Labor Statistics (2014).

83 All of the major national data sources discussed in Chapters 2 through 6 have method-
ology reports. The methodology for the CDC homicide statistics, from the National
Vital Statistics System, is described in the annual reports on causes of death in the
United States; Murphy et al. (2017), for example, describes the methodology for 2015
in the “Technical Notes” section at the end of the report.

The FBI was updating its web pages for the UCR while I was writing this book; in June
2018 technical documentation was found at https://ucr.fbi.gov/ucr-program-data-
collections#National and https://ucrdatatool.gov/. In September 2018, the
user manuals were moved to https://www.fbi.gov/services/cjis/ucr/data-documentation.
As the transition to NIBRS progresses, I expect that the FBI will publish more detailed
technical documentation about crime rate estimation from the NIBRS data.

The new (as of 2018) FBI Crime Data Explorer (https://crime-data-explorer.fr.
cloud.gov/) has informative pop-ups that tell how different statistics were calculated.
These were not available when I wrote the book text, and they are a great feature of
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the new data dissemination system. The descriptions are written for a general audience
and are easy to understand. You can click on “How these data were calculated” to get a
summary of the methodology for each statistic presented. As I finalized this document
in early 2019, the FBI was continuing to improve its methodology descriptions and
make them more accessible.

The NCVS methodology is described in the annual reports on Criminal Victimiza-
tion published by the Bureau of Justice Statistics as well as in the codebooks for the
public-use data sets (see, for example, U.S. Department of Justice, Bureau of Jus-
tice Statistics, 2017b) and in Bureau of Justice Statistics (2014) and Bureau of Justice
Statistics (2016). The NCVS documentation is not as extensive as that for the Current
Population Survey, but that is partly because the NCVS design relied on the research
that had been done for the CPS.

84 Cleveland Cavaliers: The poll was conducted on June 7, 2018 at abc15.com/poll,
last accessed at 2:41 pm MST. I needed to answer the poll to be able to calculate how
many people had responded, since the web site only listed the percentages for each
answer. At 2:40 pm, x/n ≈ 0.09 of the n respondents had said “yes,” at 2:41 pm, after
I had responded, (x+ 1)/(n+ 1) ≈ 0.12 of the (now) n+ 1 respondents had said “yes.”
Solving the equations, and adjusting the answers to be whole numbers, gives n = 32
and x = 3. To check this, note that 3/32 = 0.09375 and 4/33 = 0.1212.

84 According to the 2010 census: Howden and Meyer (2011)

85 the term “stratified random sampling”: Some researchers, however, get confused be-
tween a stratified random sample, in which persons are randomly selected from each
stratum, and the type of sample described at the top of text page 85 that takes conve-
niently available persons from each group until the desired sample size for each group
is reached. The latter, called a quota sample, is actually a conveniently chosen sample.

85 Because only landline: In 2009, only 5% of persons age 65 and over lived in households
that had only a cell phone (Blumberg and Luke, 2009, Table 2). 12.8% of persons age
45–64 lived in wireless-only households.

Blumberg and Luke (2018) give estimates from the National Health Interview Survey
for cell phone usage in 2017. Table 1 of the report said that in 2017, fewer than 45%
of US adults lived in a household with a landline telephone. In the 2010s landline-only
telephone surveys generally cannot be deemed to represent the adult population.

86 television advertising trope dating to the 1960s: https://tvtropes.org/pmwiki/pmwiki.

php/Main/NineOutOfTenDoctorsAgree, last accessed February 15, 2018.

86 The estimated percentage of sexual assaults reported to police: The estimated percent-
ages of rapes/sexual assaults reported to the police in 2015 and 2016 were downloaded
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from Bureau of Justice Statistics (2018a). The margin of error for a change (difference
of two percentages) needs to be calculated directly; for a survey such as NCVS, it is
not obtainable from the MOEs of the two individual percentages. I calculated the
MOE for the change in percentage reporting to the police from 2015 to 2016 using the
replicate weights provided on the public-use data files in U.S. Department of Justice,
Bureau of Justice Statistics (2016a) and U.S. Department of Justice, Bureau of Justice
Statistics (2017a), using PROC SURVEYREG of SAS R© software (SAS Institute, Inc.,
2015). The 95% confidence interval for the change from 2015 to 2016 is [−28.3, 9.1]
percentage points.

If you want to compare rates of reporting sexual assaults to the police for different race
and ethnicity groups, there simply are not enough cases in the data to produce reliable
statistics. So be careful about statistics published for subpopulations—these may be
based on only a handful of responses.

87 Supplementary Homicide Reports: The 2015 statistic was 55%, based on 5 female
and 4 male offenders. These statistics, calculated from the data in U.S. Department
of Justice. Federal Bureau of Investigation (2017) and U.S. Department of Justice.
Federal Bureau of Investigation (2018) for homicides where the sex of the offender
is known, do not give any evidence that the percentage of poisonings committed by
women increased. To study characteristics of low-sample-size crimes such as homicide
by poison, it is necessary to accumulate multiple years of data.

Note that the SHR places weapons of sleeping pills, narcotics, and gas in different
categories than poison, so that the poison deaths do not include cases in which the
murderer administered a sleeping pill overdose.

Although the FBI statistics are unaccompanied by margins of error, the CDC homicide
statistics do come with MOEs, using a method proposed by Brillinger (1986). This
method can help you decide whether a year-to-year change in census statistics can be
attributed to natural variability across years.

87 This gives a relatively precise estimate: Peterson et al. (2014) do not state how the
confidence intervals in the article were calculated, but the authors appear to have used
the formulas for simple random sampling. This would be incorrect; confidence intervals
intended to apply to population percentages should be computed using the stratified
sampling design. The authors did not respond to my requests for clarification.

The article reports a confidence interval for the percentage of persons who have expe-
rienced financial exploitation, but does not give margins of error for statistics about
characteristics of victims, such as the percentage who had been victimized by one of
their children.

88 Other large surveys that are conducted in person: Williams and Brick (2018)
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88 A Pew Research report: See Keeter et al. (2017) and Kohut et al. (2012). Silver
(2014) discusses response rates for political polls. Callegaro and DiSogra (2008) discuss
metrics that are analogous to response rates for online panels. Groves (2006) and
Tourangeau (2017) discuss the relationship between response rates and nonresponse
bias.

Polls conducted by an interviewer have traditionally been considered to be the highest
quality among telephone polls (but see Kennedy and Hartig, 2019, for their perspective
based on recent declines in response rates). Most polls in 2018 use either online panels
or robopolls.

Even “live interviewer” polls today have very low response rates. See, for example,
Andre et al. (2018), which had a response rate of 1.4%.

89 The limited number of studies evaluating estimates: Dutwin and Buskirk (2017) com-
pared results from three types of surveys: low-response-rate (< 10%) telephone surveys
in which the samples were randomly selected, Internet surveys in which persons volun-
teered to be in the sample, and the in-person National Health Interview Survey (with
response rate > 80%). They found that the Internet surveys had about twice the bias
of the probability-sample telephone surveys.

89 American Association of Public Opinion Research: See https://www.aapor.org/

Education-Resources/For-Researchers/Poll-Survey-FAQ/Response-Rates-An-Overview.

aspx for a discussion a response rates and the standard definitions.

Some surveys report a completion, participation, or cooperation rate instead of a re-
sponse rate. The cooperation rate is the percentage of persons who, once contact is
established, agree to take the survey. Because it excludes persons who could not be
contacted, the cooperation rate is higher than the response rate. It is fine to report a
cooperation rate, but the response rate should be reported as well.

89 response rate of 67%: The article did not give details about how telephone attempts
were classified or how eligibility was determined for telephone numbers (see page 50
for issues of calculating response rates in telephone surveys) and the authors did not
respond to my queries. A response rate of 67% is exceptionally high for a telephone
survey in 2009—Kohut et al. (2012) listed the “typical” telephone survey response rate
for that year as 15%. The response rate is more consistent with that seen for quota
samples than for randomly selected samples.

There are several reasons, however, why this survey might have a higher response rate
than other telephone surveys in 2009. First, they were surveying persons age 60 and
over, who typically are much more likely to respond to surveys than younger persons.
They also identified themselves as researchers from Cornell University, and the topic
was one that persons answering the phone might be expected to be interested in.
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Table A: Comparison of Peterson et al. (2014) sample composition with 2010 US Census and
American Community Survey data

Sample Census/ACS
Characteristic Percentage Percentage
Sex
Female 64.5 57.0
Male 35.5 43.0
Age Group
Age 60–69.9 34.5 49.9
Age 70–79.9 33.9 28.8
Age 80+ 31.7 21.2
Race
Black 19.0 12.6
White 75.5 77.1
Other Race 5.6 10.3
Education
Less than high school 12.4 22.7
High School or GED, less than college 51.0 52.6
College degree or higher 36.0 24.6

91 The respondents, however, were disproportionately: I compared the survey respon-
dent information in Table 1 of Peterson et al. (2014) with information from the 2010
US Census and American Community Survey (ACS 3-year estimates), obtained from
factfinder.census.gov. Table A gives the results. The census percentages are the
percentages of New York residents age 60 and over. For education, the population
figures are estimated from the American Community Public Use Microdata Samples.

92 “Since you turned 60 years old”: Questions are quoted from Lachs and Berman (2011),
p. 70.

92 It is clear from the questions: Questions 1 and 2, for example, distinguish between
outright theft and coercion. The survey asks about different types of financial ex-
ploitation, and not all of these are fraud. Questions 4 and 5 ask about exploitative
activities that are not necessarily crimes.

93 2016 CDC statistics, 3,895: This statistic was obtained on July 12, 2018 from the
compressed mortality files at wonder.cdc.gov, and is also available from the CDC
Fatal Injury Reports (https://webappa.cdc.gov/sasweb/ncipc/mortrate.html)

93 Public opinion surveys taken periodically: Gramlich (2018)
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93 How would you critique the study if the numbers were different? Kahneman (2011)
describes how heuristics affect how people interpret statistics.

Psychologists call the tendency to be less critical of studies that accord with a preferred
conclusion motivated reasoning. See, for example, Kunda (1987), Ditto and Lopez
(1992), and Taber and Lodge (2006). Kuru et al. (2017) discuss motivated reasoning
in the context of opinion polls.

Chapter 8. Sexual Assault

97 Sexual Assault: For a detailed study of data sources on sexual assault through 2014, see
National Research Council (2014). The website https://www.ncjrs.gov/sexoffenders/
statistics.html contains links to other reports about rape and sexual assault, in-
cluding surveys of prison inmates.

Victim or survivor? I use the term victim for a person who has experienced sexual
assault, but many prefer the term survivor. I followed the guidance of the Rape, Abuse
& Incest National Network (RAINN; see https://www.rainn.org/articles/key-

terms-and-phrases), who use victim “when referring to someone who has recently
been affected by sexual violence; when discussing a particular crime; or when referring
to aspects of the criminal justice system.” They use the term survivor “to refer to
someone who has gone through the recovery process, or when discussing the short- or
long-term effects of sexual violence.”

97 A 2016 study by the US Government Accountability Office: U.S. Government Ac-
countability Office (2016). The Government Accountability Office performs audits and
investigations for the US Congress. The quote is from the first page.

Note that the populations for the statistics differ. The NCVS statistic applies to rape or
sexual assault victimizations of persons age 12 and over—those not reported to police
as well as those reported. The UCR statistic is of all rapes known to law enforcement
agencies. The NISVS statistic applies to persons age 18 and over.

97 launched the NISVS in 2010: Black et al. (2011)

97 1 in 5 women and 1 in 71 men: Black et al. (2011), p. 1. The unrounded percentages
given in the report are 18.3% of women and 1.4% of men.

98 When evaluating statistics: The Government Accountability Office study (U.S. Gov-
ernment Accountability Office, 2016) identified 23 terms defining acts of sexual vi-
olence. The UCR, NCVS, and NISVS all employed the term “rape” but defined it
differently. Other data collections referred to “abusive sexual contact,” “nonconsen-
sual sexual acts,” and “attempted penetrative sexual assault.” Data collections used
different terms to describe the same type of offense.
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98 Most definitions include three features: These features are discussed by Cook et al.
(2011) and Krebs (2014).

98 Until 2012, the UCR: The UCR definitions are given in U.S. Department of Justice,
Office of Public Affairs (2012), Federal Bureau of Investigation (2013b) and https://

archives.fbi.gov/archives/news/pressrel/press-releases/attorney-general-

eric-holder-announces-revisions-to-the-uniform-crime-reports-definition-

of-rape. Also see Police Executive Research Forum (2018).

98 For each year between 2013 to 2016: Between 2013 and 2016, the FBI reported statis-
tics according to both definitions. The statistics are given in Table 1 of Federal Bureau
of Investigation (2017b). In 2016, for example, the rate using the 1930 definition was
29.6 rapes per 100,000 population; the rate using the 2013 definition was 40.4 rapes
per 100,000 population.

98 The NCVS defines rape: The definition goes on to address attempted rape: “Attempted
rape includes verbal threats of rape” (Truman and Morgan, 2016, p. 15).

98 The NISVS rape definition: Smith et al. (2017, p. 17)

98 Definitions of rape and sexual assault vary: In the NCVS, sexual assault is “defined
across a wide range of victimizations, separate from rape or attempted rape. These
crimes include attacks or attempted attacks generally involving unwanted sexual con-
tact between a victim and offender. Sexual assault may or may not involve force
and includes grabbing or fondling” (Truman and Morgan, 2016, p. 15). Distinctions
between rape and sexual assault in the NCVS are given at https://www.bjs.gov/

index.cfm?ty=tp&tid=317, last accessed March 19, 2018.

Some studies give statistics for “sexual misconduct,” which can include sexual harass-
ment or derogatory verbal comments of a sexual nature (Krebs et al., 2017). Prevalence
statistics that include sexual harassment are usually much larger than those that are
restricted to rape and sexual assault.

99 The 2013 UCR manual: Federal Bureau of Investigation (2013c) p. 32. Page 34 of
the manual gives examples of different state laws for age of consent affecting the UCR
statistics.

99 state laws vary: Tracy et al. (2013) reviewed state statutes and criminal codes about
sexual assault as of 2012. The Rape, Abuse & Incest National Network (RAINN)
maintains a listing of current state laws at https://apps.rainn.org/policy/, last
accessed March 19, 2018. The RAINN website also gives states’ definitions for consent.

The differing definitions in state laws, and differing practices and norms, may be re-
flected as variability across jurisdictions in the police statistics.
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99 determined through investigation to be false or baseless: Federal Bureau of Investigation
(2013c), p. 111, says that for an unfounded complaint, “[i]n other words, no crime
occurred.” The manual gives three examples of incidents that would be reported as
unfounded:

1. A woman claimed a man attempted to rape her in his automobile. When
law enforcement personnel talked to both individuals, the complainant
admitted she had exaggerated and the man did not attempt to rape her.

2. Law enforcement received a report of a burglary. Upon investigation,
officers determined a man climbed through the window of his own home
after having locked himself out of his house by mistake. A neighbor had
thought he was a burglar and called the police.

3. While attending a convention, a man reported to the police his wallet
was stolen by a pickpocket. It was later recovered, intact with cash and
credit cards, at the conventions lost and found department. The police
concluded he had dropped his wallet (Federal Bureau of Investigation,
2013c, p. 111).

The rape complaint is the only example of an unfounded violent crime. The scenario
does not consider the possibility that the woman was threatened or coerced into re-
canting.

For more information on rapes that are declared unfounded, see U.S. Senate (2010)
and National Research Council (2014).

Some agencies’ statistics on unfounded offenses are included in the UCR data files,
but not all agencies report statistics about unfounded offenses (U.S. Department of
Justice, Federal Bureau of Investigation, 2017). Also see https://www.judiciary.

senate.gov/imo/media/doc/10-09-14MaddenDempseyTestimony.pdf.

State laws about what constitutes rape or sexual assault vary widely, and these may
affect determinations of unfoundedness when they disagree with the UCR definitions.
https://rainn.org/public-policy-action gives the laws for each state. Local atti-
tudes toward sexual assault may also lead to variation in the percentage of complaints
declared unfounded.

Venema (2016) explored police officer understandings of the definition of sexual assault
and found divergence among officers.

99 In UCR data from 2009 to 2014: This analysis was performed by Campbell and Baker
(2016).

99 Experts testifying in a 2010 US Senate hearing: U.S. Senate (2010), pages 2, 12–15,
246–256. The five cities mentioned by Carol Tracy were Philadelphia, New York, New
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Orleans, St. Louis, and Baltimore. Philadelphia police commissioner Charles Ramsey
described the systems-level changes that were implemented to improve the handling of
sexual assault cases. Walters (2013) goes into more detail on the investigation by the
Philadelphia Inquirer.

99 The extent of this: I have not found any studies that tally the number of investigations
of police departments. The departments that have been investigated have usually been
chosen as the subject of an investigation because of a suspicion that rape statistics have
been improperly handled (see, for example, U.S. Department of Justice, Civil Rights
Division, 2014, p. 46); thus, they cannot be said to represent all police departments.

Miller and Armstrong (2018) discussed a case study of an unfounded rape report that
was later discovered to be founded, and present various estimates on the number of
unfounded cases (mostly based on educated guesses by experts in the field). Lonsway
et al. (2009) summarized the literature on false reporting of rape through 2009.

One of the few audits that was unprompted by complaints was done by Spohn et al.
(2014), who investigated unfounded cases in the Los Angeles Police Department. They
found that the majority of the unfounded cases had been classified correctly.

Yung (2013) investigated outliers in UCR rape statistics.

99 According to the NCVS: I calculated this using the NCVS public use data file (U.S.
Department of Justice, Bureau of Justice Statistics, 2016c). The cumulative NCVS
file had 2,103 sexual assaults during the time period; using the annual weights, 33.3%
of incidents were reported to the police with 95% confidence interval from 30.0% to
36.6%. The level of reporting to the police was fairly constant over the time period.

Also see Langton et al. (2012), who estimate that from 2006 to 2010, 65% of rape or
sexual assault victims did not report it to the police.

These calculations included all types of sexual assaults. In the same time period,
the data file had 1114 completed and attempted rapes, of which 714 were completed.
37% of the completed and attempted rapes were reported to the police; 39% of the
completed rapes were reported to the police.

Researchers have identified many reasons why sexual assault victims do not report the
incident to the police. Among these are feelings of shame or self-blaming, fear of getting
the offender into trouble or reprisal, desire to maintain privacy, concern that they will
not be believed, and lack of confidence that the police could or would help. See National
Research Council (2014), Planty et al. (2013), Langton et al. (2012), and https://www.

nij.gov/topics/crime/rape-sexual-violence/Pages/rape-notification.aspx.

Wolitzky-Taylor et al. (2011) summarized research on characteristics of women who
reported sexual assaults to the police contrasted with nonreporters. Most of their
findings were from research conducted more than 20 years ago, but they concluded
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that women were more likely to report to the police if they were highly educated or
married, if they were injured, or if the assailant was a stranger or used a weapon.

100 In 2017, the number of rapes reported in New York City: Southall (2017)

100 Surveys: Measurement of Sexual Assault: Detailed discussions of measurement error
are given by Catalano et al. (2011), Rasinski (2012), Rennison and Addington (2014),
and Fedina et al. (2018).

100 NCVS respondents in the 1970s and 1980s were asked: The last question was: “Did
anyone try to attack you in some other way?” That was the question that was consid-
ered to ask about rape. The questionnaire is printed in U.S. Department of Justice,
Bureau of Justice Statistics (2004). Bachman and Taylor (1994) described the differ-
ences between the pre-1993 and post-1993 NCVS questionnaires in detail.

101 terms were considered inappropriate: Bureau of Justice Statistics (1994), p. 4

101 The revised screening questions: U.S. Department of Justice, Bureau of Justice Statis-
tics (2008) gives the screening questions from the 1993 questionnaire. These are also
found in Perkins et al. (1996), p. 153. The full screening question about attacks in the
revised questionnaire is:

Has anyone attacked or threatened you in any of these ways –

(a) With any weapon, for instance, a gun or knife –

(b) With anything like a baseball bat, frying pan, scissors, or stick –

(c) By something thrown, such as a rock or bottle -

(d) Include any grabbing, punching, or choking,

(e) Any rape, attempted rape or other type of sexual attack -

(f) Any face to face threats -

(g) Any attack or threat or use of force by anyone at all? Please mention it
even if you are not certain it was a crime.

101 The half asked the old questions: Perkins et al. (1996), p. 152, Appendix Table 1.

Other sexual assaults (in the NCVS, rape is forced sexual intercourse and involves
vaginal, anal, or oral penetration; sexual assaults are unwanted sexual contacts other
than rape or attempted rape) had not been counted with the old questionnaire, but
the revised questionnaire estimated that there were 1.9 sexual assault incidents per
1,000 persons.

The NCVS questionnaire also captures incidents that are not classified as sexual as-
sault in the screener. Any respondent who mentions a victimization incident is asked
more detailed questions about it in the second part of the questionnaire, and asked to
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describe the incident in words. Those questions may lead to classifying an incident as
sexual assault even though the responses in the screener questions did not lead to that
classification.

101 conducted on women in college: Women age 18–24 have historically had one of the
highest rates of rape and sexual assault among all age groups (according to Planty
et al., 2013, the only age group with a higher rate is age 12–17), so surveys of college
women also typically have more victims than surveys of adults in other age groups.
NCVS data from 1995–2013 indicated that the rate was 1.2 times higher for nonstudents
(7.6 per 1,000 women age 18–24) than for students (6.1 per 1,000 women age 18–24),
but relatively few studies have been conducted on young women not in college (Sinozich
and Langton, 2014).

101 Bonnie Fisher: The study results are given in Fisher (2009). The two surveys were the
The National College Women Sexual Victimization Study (NCWSV) and the National
Violence Against College Women (NVACW); the questionnaire for the NCWSV is in
Fisher et al. (2000). Each survey interviewed about 4,500 women. The two surveys
also used similar introductions for the telephone interviews.

The study also reported differences for verbal threat of rape (0.31% vs. 0.07% for the
survey with NCVS-type questions).

102 it seems likely: Fisher (2009), p. 143.

It is possible that some of differences in results could be attributed other differences
between the surveys, but I think that at least part of the difference (probably most
of it) is due to the different questions. For example, the letters sent to notify women
they were going to be contacted by the survey had different emphases. The letter
for the survey with the behaviorally specific questions referred to an “unwanted sexual
experience.” The letter for the survey using NCVS-type questions referred to “criminal
victimizations,” which may have influenced respondents to report only incidents that
they thought of as crimes. Note that the survey with the behaviorally specific questions
also had a larger number of questions.

The differences may also be partly due to sampling variability. Fisher (2009) reported
confidence intervals for the individual survey rates but used formulas for simple ran-
dom sampling, which are incorrect for the survey design. Each survey was collected as
a cluster sample. First, a stratified sample of 233 colleges was selected with probabil-
ity proportional to size, and then female students were randomly selected from each
sampled college. If the colleges have different rape rates—that is, women within the
same college are more similar to each other than women selected at random from the
population—then the confidence intervals in the article are too small, so that the paper
indicates that the results are more precise than they really are (Lohr, 2010, Chapter 6).
However, the differences in percentage of women who said they were raped in the two
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surveys are large, and the difference is probability still statistically significant with
correct confidence intervals.

It is also possible that some differences are due to nonresponse, but this explanation
seems unlikely because the effects of nonresponse were probably similar for the two
surveys. I am not sure what the response rates were. Fisher et al. (2000), p. 4,
reported the response rate for the NCWSV as 85.6%. The same firm that conducted
this survey, however, had also conducted the National Violence Against Women Survey
(Tjaden and Thoennes, 2000), and for that study they reported a participation rate
of 72%, not a response rate. They defined participation rate as (number of completed
interviews + number of ineligible numbers reached) /(number of completed interviews
+ number of ineligible numbers reached + refusals + break-offs); it does not include
people who never answer the phone. The AAPOR RR3 response rate for a survey
would be the (number of completed interviews) / (number of completed interviews
+ refusals + break-offs + estimated number of eligible households among the non-
contacts), and would be much much lower. The NCWSV documentation does not give
the formula for how the response rate was calculated.

Of course, this study did not provide information on whether the same sorts of differ-
ences could be expected in populations other than college women.

102 one NISVS question for women: U.S. Department of Health and Human Services,
Centers for Disease Control and Prevention (2014a), p. 44.

Young (2014) argued that the NISVS questions may count more events because the
wording is designed to encourage reporting. Questions ask “how many times” an event
occurred, and Young argued that this might lead respondents to view the default
answer as being at least once.

102 Christopher Krebs: The Campus Climate Survey Validation Study is described by
Krebs et al. (2016) and Krebs et al. (2017). They also studied effects of different
definitions of sexual assault. The survey was stratified by sex within each college.

102 self-reported: There has been a lot of research on how to measure sensitive topics
through surveys, and numerous studies indicate that people report more sensitive be-
havior when they report it directly on paper or online than when they are questioned
by an interviewer (see, for example, Tourangeau and Smith, 1996; Kreuter et al.,
2008).

102 The question defined unwanted sexual contact as: Krebs et al. (2017, p. 10).

103 166 victimizations per 1,000 women: Krebs et al. (2017, Table 4). The estimates were
calculated after adjusting the weights for nonresponse as described in Krebs et al.
(2016).
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103 The study authors concluded that: Krebs et al. (2017, p. 21). Note that Cook et al.
(2011) argued that two-stage approaches were less accurate than one-stage approaches,
but some of the one-stage studies used different types of questions than the two-stage
studies, and the differences might have been from the types of questions rather than
number of stages.

A higher estimate of sexual assault is not necessarily more accurate. Rand and Ren-
nison (2005) argued that the statistics from the National Violence Against Women
Survey, which had higher estimates than the NCVS, were subject to numerous mea-
surement error problems that did not affect the NCVS. And in fact the statistics were
not significantly higher when they properly accounted for the margin of error.

Krebs et al. (2017) also looked at the effects of different definitions of sexual assault.
Some campuses now include sexual harassment in sexual misconduct definitions. Un-
wanted sexual contact was estimated to have occurred at least once for about 10% of
women; the percentage increased to 14% when sexual contacts were included in which
someone had threatened to tell lies about them or otherwise verbally pressure them;
it climbed to 32% when sexual harassment incidents (for example, someone making
unwelcome sexual advances, gestures, comments, or jokes) were also included. Krebs
et al. (2017, p. 12) defined sexual harassment as “someone making unwelcome sex-
ual advances, gestures, comments, or jokes; flashing or exposing themselves without
consent; showing or sending unwelcome sexual pictures, photos, or videos; showing or
sending sexual photos/videos of or spreading sexual rumors about the respondent; and
watching or taking photos/videos when the respondent was nude or having sex, and
without his/her consent.”

103 Measurement Differences for NCVS and NISVS: Also see Krebs (2014), Sinozich and
Langton (2014), and Cantor et al. (2018) for discussions of measurement issues affecting
rape and sexual assault statistics.

103 In 2010–2012, according to the NISVS: Smith et al. (2017), p. 18. The 95% confidence
interval for the percentage is [1.0, 1.5]. These included the completed or attempted
forced or alcohol/drug-facilitated penetration. If you look at just the completed or
attempted forced penetration, the percentage is 0.7% with confidence interval [0.5, 0.9]

The NCVS publication Criminal Victimization did not publish statistics about preva-
lence (percent of persons who had been victimized) in 2010 and 2011. Each year be-
tween 2010 and 2012, the NCVS rape and sexual assault victimization rate was less than
2 rapes per 1,000 women age 12 and over (estimates were 1.9 for 2010, and 1.6 for each
of 2011 and 2012). These statistics were obtained from the Bureau of Justice Statistics
NCVS Victimization Analysis Tool, https://www.bjs.gov/index.cfm?ty=nvat, on
June 18, 2018, from the table titled “Rates of rape/sexual assaults by sex, 1993-2016.”
The standard error for each annual NCVS rate was less than 0.4 per 1,000 women.
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Because the victimization rate can include multiple victimizations per woman, the vic-
timization rate of 2 per 1,000 implies that fewer than 0.2% of women were victimized.

Lauritsen and Rezey (2013) calculated rape prevalence estimates from the NCVS be-
tween 1993 and 2010, assuming that the persons interviewed during one 6-month period
during the year are similar to those measured during both 6-month periods. They es-
timated the prevalence rate for 2010 as 0.18 persons experiencing at least one rape or
sexual assault per 1,000 persons, compared with the victimization rate of 0.7 victim-
izations per 1,000 persons published in Criminal Victimization, 2010.

104 Question wording: The printed questionnaires are each about 80 pages long. The
NCVS questionnaire is given in the codebooks for most years (for example, U.S. De-
partment of Justice, Bureau of Justice Statistics, 2004, 2016b) and the most recent can
be accessed at https://www.bjs.gov/index.cfm?ty=dcdetail&iid=245.

The NISVS questionnaire is available from https://www.icpsr.umich.edu/icpsrweb/

ICPSR/studies/34305 (U.S. Department of Health and Human Services, Centers for
Disease Control and Prevention, 2014a). The victimization questions are also listed on
p. 85 of Breiding et al. (2014).

A survey-taker relies on a respondent’s answers to questions. The NISVS statistic
of 1.2% estimates the percentage of persons in the population who would answer the
survey questions in the way that the survey codes as rape—this is not necessarily the
same as the percentage of persons in the population who have been raped according
to the survey’s definition. Survey-takers usually test questions extensively to see how
well they measure the concepts of interest, but it is challenging to come up with a set
of questions that captures all incidents of rape and excludes all non-rapes.

When comparing estimates across surveys, look at the questions asked, not just the
definitions.

104 The questions about sexual violence are near the end of the survey: U.S. Department
of Health and Human Services, Centers for Disease Control and Prevention (2014a)

105 early research on the NCVS showed that time period led to more accurate recall than
asking about the last 12 months: The early studies (Lehnen and Skogan, 1981, p. 14)
interviewed persons sampled from police reports, which had the actual date and the
details of the incident. Some were asked about crimes in the last 3 months, others
about the last 6 months, and others about the last 12 months. The dates were more
accurate for the shorter recall periods, and the survey designers settled on 6 months as
a compromise between accuracy and cost (because interviewing people every 3 months
would be much more expensive than interviewing them every 6 months).

105 downweights incidents reported on a household’s first interview: See page 29 of this
supplement.
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Biderman and Cantor (1984) found that victimization estimates from households on
their first interview were approximately 50% higher than victimization estimates from
households on their second interview. It was thought that much of this was because
respondents remembered incidents as occurring more recently than they really had
occurred.

Surveys of college students often ask about events that occurred since the beginning
of the school year, giving respondents an anchor for the beginning of the time period.
NCVS respondents who have been interviewed before also have a time period anchor—
their previous interview. The interviewer may not need to remove incidents that have
been reported on previous interviews, because the respondent may remember having
reported them the last time.

106 The MOE for the sexual assault victimization rate: The standard error in recent years
was highest in 2015; I multiplied the standard error for the rape/sexual assault victim-
ization and prevalence rates in Truman and Morgan (2016) by 2.

Note that 2011 had one of the smallest NCVS sample sizes. It conducted interviews
with about 225,000 persons in 2016.

The 2011 volume of Criminal Victimization did not give a standard error for the
percent of women victimized by rape and sexual assault, but Appendix Table 13 of
Truman and Morgan (2016) gave a standard error of 0.01 percentage points for the
2015 statistic.

106 For 2011, the NISVS MOE: In Breiding et al. (2014), Table 1, the 95% confidence
interval is given as [1.1, 2.2]. The MOE is about half of the difference 2.2 − 1.1, or
about 0.5 percentage points.

106 The NISVS produces much higher: The NCVS definition of rape includes psychological
coercion, but the survey may fail to capture such incidents because the screening
questions do not specifically mention attacks using psychological coercion as a tactic.
In addition, the survey does not specifically ask about incidents in which the victim
could not provide consent because he or she was incapacitated.

Both surveys present statistics about rape and sexual assault in the previous 12 months,
but the survey questions show what the two surveys are actually measuring when they
refer to those terms.

107 The NISVS response rate: Response rates are trickier to calculate for telephone surveys
than for in-person surveys. This is particularly true for a survey such as NISVS that
randomly selects telephone numbers to call. Response rates for telephone surveys are
defined as the percentage of eligible telephone numbers that yield an interview; an
eligible telephone number is one that belongs to a household where at least one person
meets the criteria for inclusion in the study. You know how many of the calls to the
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sampled telephone numbers resulted in a completed interview, a partial interview (the
person answered some but not all of the questions) or refusal. You also know how
many times you got a screechy beep-beep-beep indicating that the telephone number
was nonworking, or learned from the call that the number belonged to a business or
entity where no people resided. But for most of the numbers called, no one answers
the telephone, so you do not know whether these are households (and eligible for the
survey) or belong to a non-eligible entity. The reason the NISVS reports a range of
response rates is that these were calculated under different assumptions for how many
of the unanswered calls are eligible.

The NISVS estimated the response rate for 2010 and 2011 between 27% and 34%
(Breiding et al., 2014, p. 3). The response rate at the upper end of the range “includes
information from the prescreening process” (U.S. Department of Health and Human
Services, Centers for Disease Control and Prevention, 2014b, p. 9). But both of those
are too high as a response rate for persons whose data are used for the sexual violence
estimates.

The NISVS response rate calculations, using AAPOR definition RR4, included “partial
completes”—persons who completed the survey through the psychological aggression
questions but then terminated the interview—as respondents. Partial completes, about
8% of the persons included in the numerator of the NISVS response rate calculations
(U.S. Department of Health and Human Services, Centers for Disease Control and
Prevention, 2014b, p. 19), did not answer the sexual violence questions and thus should
not be considered respondents for those questions.

I estimated the response rate for 2010 using Version 4.0 of the AAPOR Response Rate
calculator (https://www.aapor.org/Education-Resources/For-Researchers.aspx)
with the information provided in U.S. Department of Health and Human Services, Cen-
ters for Disease Control and Prevention (2014b), p. 7: “From January 22, 2010 through
December 31, 2010, a total of 201,881 telephone numbers were sampled. Of these, 31%
were ineligible (business or nonworking telephone numbers), 53% were of unknown
eligibility, and 15% were eligible. From the 31,241 eligible households (including el-
igible non-interviews such as refusals and break-offs), a total of 18,049 adults were
interviewed nationally (9,970 women and 8,079 men). This includes 16,507 completed
and 1,542 partially completed interviews.” The completed interviews had answered
the sexual violence questions; the partially completed interviews had broken off before
those questions (U.S. Department of Health and Human Services, Centers for Disease
Control and Prevention, 2014b, p. 19).

The NISVS had used AAPOR RR4 to calculate the response rate for the lower end of
their range, which I calculated as 26.9%. (They also did the response rate separately
for cell and landline respondents, and accounted for the weighting and two-phase de-
sign, so my calculations using the published information are approximations.) But that
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includes the persons who did not answer the sexual violence questions as respondents.
The AAPOR RR3 rate, which requires respondents to have answered the sexual vio-
lence questions, was 24.6%. If one makes different assumptions about the eligibility
of the numbers where no one answered, the response rate could be as low as 11.9%
(AAPOR RR1).

The response rate for the 2010 NISVS using the common industry standard and in-
cluding the persons who did not answer the sexual violence questions was about 27%.
It is about 25% if one considers only the persons who answered the sexual violence
questions. My statement in the text that the response rate is “about 30%” rounds the
response rate up.

The published response rate for the 2015 NISVS, which became available after I wrote
Chapter 8, was lower (26%) than the published response rates for earlier years. Its
sample size was 5,758 women and 4,323 men (Smith et al., 2018, p. 13).

107 The NISVS uses similar procedures: The NISVS weighting procedure is described on
p. 244 of Smith et al. (2017).

107 David Cantor and colleagues: All results in this section are from Cantor et al. (2015)
and Cantor et al. (2016). The nonresponse investigations are in Appendix 4 of Cantor
et al. (2015). From Table A4-2, the significant differences between the gift card and
alternative groups were in the range of one half to three percentage points. The
significant observed differences between the early and late respondents ranged from
one-half to seven percentage points. This survey was sponsored by the Association of
American Universities; it is not the same survey as the one carried out by Krebs et al.
(2017).

In the interests of full disclosure, I was employed at Westat while this survey was
conducted, but was not on the team for this project. All information presented about
the study is from the published report.

107 Overall, 19%: Response rates varied across universities from 7% to 53% (Cantor et al.,
2015, p. 5).

Note that the response rate for this survey was just slightly below that of the NISVS.

108 The response rate in the gift card group: Cantor et al. (2015, p. 5)

108 Late respondents had significantly lower: Cantor et al. (2015, Appendix A). Of course,
the sample size was large for this study so that statistical significance can be achieved
with relatively small differences.

109 perform thorough analyses: The NCVS and NISVS have published comparisons of re-
spondents’ demographic characteristics with Census Bureau statistics, but much more
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research is needed to explore effects of nonresponse bias, particularly as survey response
rates continue to decline.

Table B.1 on p. 242 of Smith et al. (2017) compares NISVS estimates of demographic
characteristics with those of the US population. The percentages in different demo-
graphic groups estimated from the survey agree with the population figures—but that
is because they calculated the survey estimates after the weight adjustments had been
applied. Weight adjustments are done to force survey percentages to agree with the
population percentages. Demographic estimates from any sample, no matter how un-
representative the sample may be, will agree with the population figures for character-
istics used in the weighting after weight adjustments are performed. Table B.1 provides
no evidence about nonresponse bias.

Comparisons of other quantities—where the survey estimates might be expected to dif-
fer from population figures—are in the NISVS codebook. Page 8 of U.S. Department of
Health and Human Services, Centers for Disease Control and Prevention (2014b) com-
pares education and marital status estimates from the weighted survey data with US
population estimates. These indicate that, like most surveys, the NISVS respondents
are disproportionately more likely to be married and to have more education.

In preliminary testing for the NISVS, Peytchev et al. (2009) found that persons who
responded on one of the first five call attempts did not have significantly different vic-
timization experiences than those who required six or more attempts. However, persons
who did not respond initially but responded later when offered a higher monetary in-
centive with a shorter questionnaire did differ from the more eager respondents; the
female reluctant respondents reported less stalking, and the male reluctant respondents
reported less physical and psychological aggression.

109 Sexual assaults against children: Sexual assaults among other groups that are typically
excluded from surveys are also undercounted: residents of nursing homes, persons with
cognitive disabilities, and homeless persons are not included in the NCVS. Branches
of the military conduct their own studies of sexual assault.

109 Of the persons who reported having been raped in their lifetime: The percentage for
males is from the 2010 NISVS (Black et al., 2011, p. 2); the percentage for females is
from the 2010–2012 NISVS (Smith et al., 2017, p. 167).

109 Some surveys have asked young children’s parents: See, for example, Finkelhor et al.
(2015), who reported on a telephone survey of about 4,000 children (over age 10) and
parents (for children under age 10).

There have also been multiple surveys of child neglect. Analyses of these surveys have
found that studies using random sampling (compared with convenient samples) as well
as those with larger sample sizes (compared with smaller sample sizes), were more
likely to produce lower prevalence estimates (Stoltenborgh et al., 2013).
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110 Figure 8.1: The data were downloaded from Puzzanchera et al. (2017) on July 23, 2018.
The category “Stranger/Unknown” includes the 109 records where the perpetrator is
listed as “Other.” Snyder (2018) presented these data and discussed their usefulness
for learning about sexual assaults in children. See also Snyder (2000).

Note that the number 77,000 is higher than the 70,000 incidents discussed on page 46 of
the book, which was from the table “Incidents, Offenses, Victims, and Known Offend-
ers by Offense Category, 2015” at https://ucr.fbi.gov/nibrs/2015/tables/data-
tables. Figure 8.1 looks at victims, and the table “Victims, Age Category by Offense
Category, 2015” from https://ucr.fbi.gov/nibrs/2015/tables/data-tables lists
75,890 victims.

110 683,000 children had been determined: U.S. Department of Health and Human Services
(2017), p. x. The number of sexually abused children is in Table 3-10 on pages 45 and
46; the perpetrator statistics are in Table 3-15 on page 51. The data are from the 50
states, the District of Columbia, and Puerto Rico. The data are based on the fiscal
year from October 1 to September 30.

The report defines sexual abuse as: “A type of maltreatment that refers to the involve-
ment of the child in sexual activity to provide sexual gratification or financial benefit
to the perpetrator, including contacts for sexual purposes, molestation, statutory rape,
prostitution, pornography, exposure, incest, or other sexually exploitative activities”
(p. 109).

Chapter 9. Fraud

113 When Bernard Madoff was arrested: The $50 billion claim is from The Economist
(2008); Graybow (2009) reports the prosecutor’s figure of $64.8 billion. The dates of
the fraud are from Rushe (2011). Lewis (2010) describes the victim impact statements
made to the court, where the victims expressed their original trust in Madoff. Note,
though, that only 167 of the 4,900 investors submitted victim impact statements, and
the statements were made in hindsight.

113 fraud and identity theft may be the most difficult to measure: Sutton (2007), Hoare
(2007), and Deevy and Beals (2013) discuss some of the special problems for measuring
fraud and identity theft.

114 According to the US Department of Justice: The quote is from https://www.justice.

gov/usao-wdwa/victim-witness/victim-info/financial-fraud, last accessed March
15, 2018.

114 Examples include: These and other types of frauds are listed at https://www.fbi.

gov/scams-and-safety/common-fraud-schemes, last accessed March 15, 2018. This
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list does not include other “white-collar” crimes such as money laundering or embez-
zlement.

For more information on affinity fraud, which may be especially undercounted in the
statistics, see U.S. Securities and Exchange Commission, Office of Investor Education
and Advocacy (2016). Madoff’s Ponzi scheme was an affinity fraud.

115 synthetic identity fraud: U.S. Government Accountability Office (2017). A person
whose social security number is stolen (children are frequent targets) faces problems
later when trying to use the number to establish credit or apply for employment.

115 I counted more than 80: This is certainly an underestimate of the number of terms;
my list came from the websites https://www.fbi.gov/scams-and-safety/common-

fraud-schemes, https://www.investor.gov/protect-your-investments/fraud/types-
fraud, and https://www.consumerfinance.gov/consumer-tools/fraud/, as well as
Federal Bureau of Investigation (2017c), Federal Bureau of Investigation (2017a), and
Federal Trade Commission (2018).

116 A taxonomy developed in 2015: Beals et al. (2015) proposed the taxonomy for fraud
based on expected benefits, following recommendations for classification systems in
United Nations Office on Drugs and Crime (2012). The 7 types of promised benefits are:
consumer investment fraud, consumer products and services fraud, employment fraud,
prize and grant fraud, phantom debt collection fraud, charity fraud, and relationship
and trust fraud.

116 The online supplement lists more than 20 US federal agencies that investigate and
collect statistics about fraud and identity theft: There are a number of places where
frauds and attempts can be reported. Among the sites in the US are:

• The “Scams and Frauds” page at https://www.usa.gov/scams-and-frauds re-
ports on recent scams and provides links to agencies that investigate different
types of frauds.

• The US Federal Trade Commission (FTC), www.ftc.gov, tallies fraud and iden-
tity theft complaints. Their site IdentityTheft.gov tells how to report an iden-
tity theft.

• The FBI’s Internet Crime Complaint Center (IC3), www.ic3.gov, records and
investigates complaints about fraud via the internet. This internet address takes
you to the online complaint form.

• The US Treasury Department’s Financial Crimes Enforcement Center, https:

//www.fincen.gov/. This is the organization that tracks money laundering and
similar crimes. They have Suspicious Activity Report statistics—these are com-
piled from financial services organization reports of transactions more than $5,000.
They report on advance fee and other types of schemes.
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• The US Securities and Exchange Commission (SEC), https://www.investor.
gov, regulates securities transactions. The “Protect Your Investments” section
has links to resources about avoiding fraud. You can report an investment fraud
to the SEC at www.sec.gov/tcr.

• The US Commodity Futures Trading Commission, https://www.cftc.gov/, in-
vestigates complaints against suspected sellers of fraudulent products.

• The US Internal Revenue Service (IRS) investigates complaints about tax-related
fraud, including schemes where someone else files your tax return, scams by tax
preparers, fraudulent schemes that claim they can get you out of paying tax, and
IRS-agent-impersonation schemes to extract money or personal information. See
https://www.irs.gov/individuals/how-do-you-report-suspected-tax-fraud-

activity

• The FBI’s Computer Crime and Intellectual Property Section (CCIPS), https://
www.justice.gov/criminal-ccips, investigates and prosecutes computer crime.
The website has a link to places where crimes can be reported.

• The US Consumer Financial Protection Bureau, https://www.consumerfinance.
gov/, collects and investigates consumer complaints, including those about fraud.

• The US Postal Inspectors System, https://postalinspectors.uspis.gov/, in-
vestigates frauds that are conducted through the US mail system. The website
also describes common frauds that are conducted through the mail at http:

//about.usps.com/publications/pub300a.pdf.

• The US Secret Service, https://www.secretservice.gov/, is better known to-
day for its role protecting the president, but it was originally founded in 1865 to
combat counterfeiting and still maintains that role in addition to other activities
investigating financial fraud and cybercrimes.

• The US Centers for Medicare and Medicaid Services, at www.cms.gov and www.

medicare.gov, investigates fraud for those services. Search for “fraud” for tips
on how to avoid or report fraud.

• The Office of the Inspector General in cabinet departments investigates frauds.
See, for example, https://oig.hhs.gov/fraud/report-fraud/ for the Depart-
ment of Health and Human Services, and https://www.oig.dhs.gov/ for the
Department of Homeland Security.

• The US Social Security Administration (https://www.ssa.gov/antifraudfacts/)
investigates and prosecutes Social Security fraud.

• The US Federal Reserve System (https://www.federalreserve.gov/paymentsystems/
fr-payments-study.htm) studies the payment system in the US. It collects data
from a representative sample of depository institutions and reports statistics on
crimes such as corporate check fraud, where a fraudster captures a corporate logo
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and an executive’s signature (perhaps from a press release) to counterfeit a check
from the business (U.S. Federal Reserve System, 2016).

• Divisions of the US armed services investigate fraud: http://www.cid.army.

mil/, http://www.ncis.navy.mil, https://www.osi.af.mil/, https://www.
quantico.marines.mil/Units/Security-Battalion/CID/. The US Army Crim-
inal Investigation Command receives hundreds of complaints every month from
victims who got into an online relationship with someone who claimed to be in
the US military (http://www.cid.army.mil/romancescam.html).

• Fraud, waste, abuse, or mismanagement of federal funds in the US can be reported
to the US Government Accountability Office, the independent investigative agency
that works for the US Congress, at https://www.gao.gov/fraudnet.

• State Attorney General offices, see http://naag.org/current-attorneys-general.
php. Most AG websites have a form where you can file a complaint, and also have
information about scams that are currently prevalent in your area.

• State security regulators, see www.nasaa.org.

• Local police departments. For example, the Chicago Police Department asks
persons to call the department if the suspect is known but also has an online
reporting form at home.chicagopolice.org/online-services/online-crime-
reporting/. The first two items on the list of crimes that can be reported are
confidence games and credit card fraud.

116 states and agencies participating in NIBRS: https://ucr.fbi.gov/nibrs/2016/resource-
pages/nibrs-2016-homepage_alt.pdf, last accessed July 25, 2018. NIBRS partic-
ipation for 2016 was given in https://ucr.fbi.gov/nibrs/2016/resource-pages/

nibrs-2016_summary.pdf.

In 2016, NIBRS began publishing statistics identity theft and hacking/computer inva-
sion. See https://ucr.fbi.gov/nibrs/2016, last accessed July 25, 2018.

117 FBI Internet Crime Complaint Center: Federal Bureau of Investigation (2017a), p. 3.
The center’s website, at https://www.ic3.gov, contains internet crime prevention
tips.

Data are not publicly available because they contain a large amount of information
that could identify victims and be useful to criminals wanting to perpetrate fraud.

117 Other divisions of the FBI: See, for example, https://www.justice.gov/criminal-
ccips.

117 FTC Consumer Sentinel Network: The network website, at ftc.gov/sentinel, lists
the organizations contributing data. The FTC’s website for submitting identity theft
reports is identitytheft.gov (a Spanish version is at RobodeIdentidad.gov).
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117 During 2017, the FTC received: Federal Trade Commission (2018), p. 4.

118 In 2014 an estimated: Harrell (2016). The financial loss is from Table 7. About $11
billion of the estimated total loss came from 10% of the victims. The margin of error
for the estimate of $15.4 billion is plus/minus $2.8 billion; it is so large because most
of the amount is due to a handful of victims in the sample. In fact, the margin of error
probably underestimates the uncertainty because this is one of those cases where you
need a really really large sample for the usual formulas to guarantee that 19-out-of-20
samples are accurate to within the margin of error (see page 24 of this supplement).

The results of the 2016 identity theft supplement were released after the book was in
production (Harrell, 2019). In 2016, an estimated 26 million persons (about 10% of
persons age 16 and older, up from 7% in 2014) were victimized, with total financial
losses $17.7 billion.

118 The estimated total financial loss: This was calculated using the NCVS 2014 public use
data file (U.S. Department of Justice, Bureau of Justice Statistics, 2015). The value of
the cash and property taken was $11.9 billion with margin of error approximately $1.2
billion. The margin of error for number of victimizations is approximately 670,000.
Truman and Langton (2015) listed 15.3 million property victimizations and 664,000
robberies.

118 The NCVS collected data from its first Supplemental Fraud Survey in 2017: See Lang-
ton et al. (2017) and Morgan (2017). Also see https://www.federalregister.gov/

documents/2017/05/03/2017-08882/agency-information-collection-activities-

proposed-ecollection-ecomments-requested-new-collection.

118 The 2011 survey asked 3,638 respondents: Anderson (2013)

119 These populations are thought to be particularly vulnerable to crimes of fraud: For
more information on some of the studies that have been done on financial abuse of the
elderly, see MetLife Mature Market Institute (2011), Yon et al. (2017), Burnes et al.
(2017)

119 An investigation by USA Today: Eisler (2013)

119 80,000 fraud and identity theft reports from the military community: Federal Trade
Commission (2018), p. 17.

119 limited studies that have been done: See, for example, Morgan (2017). When issued in
2019, the report on the NCVS Fraud Supplement will contain technical notes on some
of these studies and on how fraud was measured.

120 the AARP Foundation surveyed persons: Pak and Shadel (2011)
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121 The 2014 NCVS identity theft supplement estimated that only 8%: Harrell (2016), p. 11
and Appendix Table 5.

121 combine information from the different sources: This was proposed for crime data by
Lohr (2018b). Lohr and Raghunathan (2017) present statistical methods for combining
data sources.

122 According to the 2014 NCVS: Harrell (2016), Appendix Table 5.

122 American Banking Association: See https://bankingjournal.aba.com/2018/01/

aba-report-banks-stopped-nearly-17-billion-in-fraud-attempts-in-2016/, last
accessed June 15, 2018. The survey report is available (for an $800 fee) at https://

www.aba.com/Products/Surveys/Pages/2017-Deposit-Account-Fraud.aspx. The
sample size was 138 banks so estimates from the survey have a large margin of error.

Of course, obtaining access to data from the private sector is another matter, and
private companies may be reluctant to provide them. See National Academies of
Sciences, Engineering, and Medicine (2017b) for some of the issues and difficulties
incurred when obtaining data to combine with other sources.

Chapter 10. Big Data and Crime Statistics

125 Data are the new oil: The Economist (2017)

125 Law-Enforcement-Related Deaths: Other readings for this section are Loftin et al.
(2017) and Zimring (2017).

125 According to the Uniform Crime Reports (UCR): UCR statistics are from Federal
Bureau of Investigation (2017b), Expanded Homicide Data Table 5. The estimated
number of justifiable homicides reported in the UCR statistics, from the Supplementary
Homicide Reports, was between 425 and 475 for each year between 2012 and 2016.

The CDC statistics were obtained on March 24, 2018 from the compressed mortality
files at wonder.cdc.gov, using codes Y35.0-Y35.4, Y35.6-Y35.7, and Y89.0. Note
that these CDC numbers are smaller than those from the CDC reports (for example,
Murphy et al., 2017), which also include legal execution (code Y35.5) in the totals for
legal interventions. The CDC numbers were between 480 and 530 for each year.

125 The Guardian newspaper: See Swaine and McCarthy (2016), https://www.theguardian.
com/us-news/video/2016/apr/11/the-counted-police-killings-guardian-us-video,
and https://www.theguardian.com/us-news/ng-interactive/2015/jun/01/about-

the-counted, last accessed March 26, 2018.
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126 You can sometimes estimate the total number of people in a population: Statisticians
and biologists call this method capture-recapture estimation. The name comes from
studies of estimating the sizes of wildlife or fish populations, where you take two in-
dependent samples of fish from a lake. You mark the fish in the first sample and use
the number of fish that are in both samples to estimate how many fish are in the lake
altogether. If the second sample has a lot of fish that were not in the first sample, you
estimate that there are probably a lot of fish in the lake that are missing from both; if
the second sample contains many of the same fish as the first, you estimate a smaller
population size. See Lohr (2010), Chapter 13.

126 Justin Feldman and colleagues: Feldman et al. (2017).

126 CDC database: The database is called the National Death Index. See https://www.

cdc.gov/nchs/ndi/ and https://www.cdc.gov/nchs/data/factsheets/factsheet_

ndi.pdf, last accessed March 26, 2018. The matching procedure is described by Na-
tional Center for Health Statistics (2013). Pages 24–25 of National Academies of
Sciences, Engineering, and Medicine (2017a) have a brief description of record linkage
methods; more detailed descriptions can be found in Herzog et al. (2007), Christen
(2012), and Harron et al. (2016).

126 the researchers estimated a total of 1,166: Here’s a simplified version of the math. In
the table, LI means “legal intervention in the National Death Index (NDI) database.”

LI Not LI Total
In The Guardian’s list, matched with NDI 444 547 991

In The Guardian’s list, not matched with NDI x y 95
Not in The Guardian’s list v z w

Total 523

Assuming that 444/991 = 44.8% of the 95 unmatched cases are on the CDC’s list gives
x = 0.448 ∗ 95 = 43, y = 95 − 43 = 52, and, by subtraction, v = 36. Assuming
that 44.8% of the deaths not in The Guardian’s list are on the CDC’s list means that
36/w = 0.448, or w = 80 and z = 44. Substituting these estimates in the table gives:

LI Not LI Total
In The Guardian’s list, matched with NDI 444 547 991

In The Guardian’s list, not matched with NDI 43 52 95
Not in The Guardian’s list 36 44 80

Total 523 643 1166

The authors reported a 95% confidence interval from 1,153 to 1,184 for the number of
law-enforcement related killings. This confidence interval does not include uncertainty
due to matching errors.
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They obtained the total of 523 legal intervention deaths from the CDC monthly reports.
Murphy et al. (2017) reported 530 legal interventions for 2015, which included deaths
by execution. The CDC Wonder system (wonder.cdc.gov) listed 504 deaths by legal
intervention (excluding execution) for 2015.

127 Bureau of Justice Statistics: Banks et al. (2016), U.S. Department of Justice (2016).
The US Bureau of Justice Statistics (Banks et al., 2015, 2016) also investigated using
media reports to estimate the number of persons who “died either during the process
of arrest or while in the custody of state or local law enforcement personnel.”

Computers searched online news sources for articles containing words and phrases such
as “shoot,” “police,” “arrest,” and “standoff,” and, based on the word patterns, scored
the likelihood that the article included an arrest-related death. Humans read the
high-scoring articles that the algorithm identified as likely to concern an arrest-related
death and extracted the relevant information from those they identified as having an
arrest-related death.

A survey was sent to the appropriate law enforcement agency and medical exam-
iner’s/coroner’s office for each identified death, asking them to provide more informa-
tion about the death’s circumstances and also identify any other arrest-related deaths
in their jurisdiction. For 2015, this procedure identified approximately 1,000 (Banks
et al., 2018, graph on slide 18) homicides by law enforcement, about twice as high as
the UCR statistic for justifiable homicide.

The Bureau of Justice Statistics investigation used similar methods as The Guardian’s
study, but was much more expensive to carry out because it did not have the cost-saving
advantage of using crowdsourcing.

127 The Washington Post: The Washington Post (https://www.washingtonpost.com/
graphics/2018/national/police-shootings-2018/?utm_term=.a7ff2a9cb19a, last
accessed March 26, 2018) reported 995 deaths from police shootings in 2015 and 963
in 2016. Also see Miller et al. (2017).

127 each estimate may still be missing some of the law-enforcement related deaths: See
Lum and Ball (2015).

Feldman et al. (2017) found that deaths occurring in counties with lower median income
were more likely to have an incorrect cause of death in the National Death Index.
These counties may also have fewer local news sources, or the news sources may not
be available on the internet.

128 These types of algorithms can detect many types of fraud: West and Bhattacharya
(2016) summarize recent fraud detection research. As an example, U.S. Government
Accountability Office (2017) said that “Advanced data analytics that detect, for ex-
ample linkages between seemingly unconnected bank accounts (e.g., data mining that
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identifies different accounts with the same customer phone number) could be more
effective at detecting SIF [synthetic identity fraud] than traditional methods.”

128 Can such data be used to improve crime rate estimates: See a recent discussion on po-
tential uses of big data for criminology in Chan and Bennett Moses (2016). Nussbaum
(2017) and National Academies of Sciences, Engineering, and Medicine (2017c) discuss
statistical issues involved in using statistics from big data.

128 most of the studies conducted to date: See, for example, Bendler et al. (2014), O’Brien
et al. (2015), Solymosi et al. (2017), and Williams et al. (2017). In these studies,
the police statistics are viewed as the high-quality data source on crime. None of the
internet sources stand on their own in the absence of the higher-quality data sources
such as the UCR and NCVS. Social media data are only deemed useful because they
are mildly correlated with statistics from police departments.

128 Data from social media and internet search patterns are volunteered: These data have
been increasingly held out as the wave of the future for statistics, but their utility
depends on an assumption that correlations observed in the past will continue in the
future. Lazer et al. (2014) discuss traps in big data analyses using the infamous “Google
Flu” example.

There’s also the issue that when you look through billions of records, many of the
patterns you find are coincidences. When I checked Google correlate (https://www.
google.com/trends/correlate), which identifies words and phrases that occur to-
gether in searches with a word you enter, in March 2018, one of the terms most highly
correlated over time with the entered word “crime” was “cows.”

129 Large parts of the population do not participate in social media: Anderson et al. (2018)

129 A 2018 Pew Research study: Wojcik et al. (2018)

129 Xi Leung: Leung et al. (2018) Guests describing crimes that occurred within a hotel
room tended to give the hotel a lower rating than those describing crimes that occurred
elsewhere on the premises.

129 that statistic can be obtained from the NCVS: But, since few people report such a crime
in any given year, you need to combine multiple years of data to obtain an estimate.

130 Data-Driven Policing: Hollywood et al. (2012) has a short slide presentation outlining
the basics of data-driven, sometimes called predictive, policing methods. Ferguson
(2017) and Perry et al. (2013) give comprehensive descriptions of methods used for
predictive policing.
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130 In 1993 the city of Santiago de Cali in Colombia: Cali and Colombia crime statistics are
from https://colombiareports.com/cali-crime-statistics/, last accessed April
10, 2018. Rosenberg (2014), Guerrero Velasco (2015), and The Economist (2018) de-
scribe the Cali program and results. These articles report on the crime drop from 1994
to 1997—the 1994 homicide rate was larger than 1993 at 124 per 100,000 population
so the drop from 1994 to 1997 is more dramatic—but the program was implemented
in 1993 so I used 1993 for the baseline year.

The US FBI homicide rates were 9.5 per 100,000 in 1993 and 9 per 100,000 in 1994;
the CDC rates were 9.87 per 100,000 in 1993 and 9.3 per 100,000 in 1994 (see sources
for Figure 2.1).

131 Researchers found that the risk of homicide: Villaveces et al. (2000), p. 1209. Results
were similar in Bogotá, which implemented the restrictions in 1995. The researchers
also looked at homicides in the weeks after the intervention, to check whether people
were just postponing the murders until the firearm restrictions were listed, and found
no difference between the intervention and comparison periods in delayed homicides.

Sánchez et al. (2011) estimated from a study conducted in Cali from 2004–2008 that
there was significantly lower risk of homicides during periods when alcohol sales were
prohibited after 2 AM, compared with periods when alcohol was sold until 4 AM.
Also see Gutiérrez-Mart́ınez et al. (2007) for an evaluation of the Cali-style crime
observatories.

131 New York City pioneered: See Bureau of Justice Assistance (2013) for the history of
New York City’s CompStat program.

131 other sources can include: All of the data sources mentioned have been used by at least
one city, as described in Brayne (2017) and Ferguson (2017). Many of the data sources
are publicly available. For example, detailed information on city features in Chicago
can be found at the Chicago Data Portal, https://data.cityofchicago.org/.

An additional source can be surveys about crime or attitudes toward police.

During 2015, law enforcement agencies accessed data from the National Crime Infor-
mation Center, the electronic clearinghouse of crime data, 12.5 million times per day
(https://www.fbi.gov/services/cjis/ncic, last accessed March 26, 2018).

132 Data purchased from data brokers: See U.S. Senate (2013) and Beckett (2014) for
descriptions of the types of data acquired about the general public by data brokers.
Although medical providers are forbidden from selling your health information, medical
conditions can often be inferred from your purchases (for example, allergy medicines
or plus-sized clothing) or online search histories.

132 Some also predict the risk that individual persons: Davey (2016) describes the Chicago
“heat list,” which identified persons at risk.
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132 Some of the statistical algorithms: I highly recommend James et al. (2013) for more
information about statistical methods used in predictive policing algorithms. The book
illustrates how different methods work with numerous case studies from a wide variety
of applications.

133 Plan Actions: Interventions need to be tailored to the problem and community. Perry
et al. (2013), the US National Institute of Justice (https://crimesolutions.gov/),
and the Center for Problem-Oriented Policing (http://www.popcenter.org/) review
research on interventions that have been or might be tried.

133 The collection and merging of data: See also President’s Council of Advisors on Science
and Technology (2014), which gives an excellent introduction to privacy issues involved
with big data. Brayne (2017) discusses issues of potential bias in predictive policing,
particularly when predictions are made of persons likely to be involved in violence.

134 In Philip K. Dick’s short story: Dick (1956).

134 If the input data have patterns reflecting discrimination: Lum and Isaac (2016) discuss
how biases can propagate in predictive policing algorithms. Brayne (2017) discusses
issues of potential bias in data-driven policing, particularly when predictions are made
of persons likely to be involved in violence.

Algorithms can have discriminatory impact even if race or ethnicity are not explicitly
included in the models. For example, a 2014 report from the Department of Justice
(U.S. Department of Justice, Civil Rights Division, 2014) found evidence of discrim-
inatory practices in the Newark New Jersey police department’s stops and arrests.
Approximately 54% of the city’s residents were black according to the 2010 census,
but 80% of the city’s stops and arrests, and 85% of the 1,500 unconstitutional stops
(involving unreasonable searches and seizures), were of persons whom the officers iden-
tified as black.

135 Crime rate estimates are easy to calculate: Couper (2015) discusses why high or low
scores on easily calculated metrics do not necessarily mean a police department is
effective or ineffective.

Chapter 11. Crime Statistics, 1915 and Beyond

137 sensationalist stories of crime waves: Crone (2012) describes some of the sensationalist
reporting and entertainment based on re-enactment of murders in 19th-century London.
Lane (1992) discusses urban crime and its measurement in America in the 19th century.
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138 Chicago’s many newspapers: See Ruth (2005). The reign of terror quote is from Asbury
(1986), p. 209, quoting a Chicago Tribune article of Sunday, January 28, 1906, p. 30,
called “How Gangs of Boy Bandits Terrorize Chicago.”

Chicago’s reputation was not entirely deserved, however. Ruth (1996), p. 121, noted:
“As observers often acknowledged, crime rates there were no higher than in many other
large cities. But as the nation’s most dynamic city in the late nineteenth and early
twentieth centuries, Chicago was at the center of widespread American concern about
urbanism.”

138 The Council charged its Committee on Crime: Chicago City Council (1915, p. 8).

138 The Committee engaged Edith Abbott: Biographical information is from Fish (1986),
Golus (2008), Sorensen (2010), and University of Chicago (2018).

138 by 1914 had published more than 20 books and articles: See Wright (1954) and Marks
(1958).

138 Hull House: Abbott (1952) wrote about Hull House. Residents of Hull-House (1895),
under the leadership of Florence Kelley, had conducted one of the most sophisticated
data collections in the 19th century, in which they interviewed residents of different
areas of Chicago about income, wages, and social conditions. The results were graph-
ically displayed as maps.

138 first female dean: University of Chicago (2018). Abbott was not the first female dean
of any American post-graduate institution, however. In 1866 Ann Preston became
the first female dean of an American medical school, at the Woman’s Medical Col-
lege of Pennsylvania (https://cfmedicine.nlm.nih.gov/physicians/biography_
256.html, last accessed February 1, 2018).

138 Abbott’s 1915 report: Abbott (1915). She found in her statistical investigation that
the majority of arrests and convictions in Chicago were not for the types of horrific
crimes sensationalized in the daily newspapers, but for minor offenses. The conviction
rates for serious offenses such as murder and robbery were extraordinarily low—about
13% on average.

Lohr (2018a) discussed Abbott’s recommendations for statisticians.

138 Abbott reported that Chicago’s felony arrest rate per 1,000 population Abbott (1915),
p. 86.

139 Figure 11.1: This public domain photograph is from https://commons.wikimedia.

org/wiki/File:Edith_Abbott.jpg.

139 “much crime is undetected”: Abbott (1915), p. 19.
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139 “most important to have statistics showing the crimes known to the police”: Abbott
(1915), p. 79.

139 She contended that statistics about arrests and convictions: The quotes in this para-
graph are from Abbott (1915), p. 88. Here is the full paragraph:

A comparison of the number of specific offenses of such crimes as murder,
burglary, and robbery, committed in different cities and in different countries,
cannot be made with any satisfactory degree of accuracy. It is not fair, for
example, to compare arrests, for one city may be very lax about apprehending
criminals, another very thorough and still another very active in making
arrests, but very inefficient in arresting the right persons. On the other hand,
it is not fair to compare convictions, since a small number of convictions may
be due to the fact that the police have been inefficient in one city or the courts
inefficient in another.

140 questionable value: Abbott (1915), p. 79. The statistics about felonies are on p. 80;
the procedure of placing crime reports on a spindle is described on pages 80–81.

140 Abbott’s report addressed the then-widespread belief: McPherson (1988), p. 131, dated
the belief that immigrants were responsible for the majority of crime to the 1850s. Also
see Lurigio and Binder (2013).

140 who in 1910 were predominantly from: These statistics are from U.S. Bureau of the
Census (1913), Chapter 4, p. 512, Table V. The statistics are: Germany, 23%; Austria,
17%; Russia, 16%; Ireland, 8%. In 1910, Austria, Germany, and Russia included
Poland, the Czech Republic, the Baltic States, Croatia, and most other modern-day
Eastern European countries. The 1910 Census catalogued only white foreign-born, but
listed less than 3% of the Chicago population as nonwhite. Note, however, that the
nonwhite population in Chicago grew substantially between 1910 and 1920 as African
Americans from the southern US moved northward.

140 Chicago Tribune: This quote from 1906 is from Asbury (1986), p. 222.

140 She reported that while the foreign-born: Abbott (1915), Table 37; the quote is from
page 56. Abbott has a typo for the Census percentage of foreign-born in the table,
listing it as 34.3 instead of 54.2. I verified the figure 54.2% from U.S. Bureau of the
Census (1913), Table V, p. 512.

It may have been, however, that because of restrictions that had been put on immigra-
tion in 1885 that the foreign-born tended to be older than the native-born. If crime is
disproportionately committed by younger men, then an analysis that accounted for the
age distributions of the offenders and population (if those data were available) might
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show more parity in crime between the foreign- and native-born (Moehling and Piehl,
2009).

Abbott, looking at the population figures for men age 21 and over, also missed the
correspondence for crimes committed by persons younger than that.

Of course the census figures of the time had errors too. There really were not many
trustworthy statistics at the time (Lane, 1992) but Abbott did the best she could.

The text discusses the statistics about men. The majority of offenders in Chicago were
men; women accounted for about 10% of the arrests in 1913. Abbott also examined
the statistics for female offenders and found a similar pattern for native- and foreign-
born arrests compared with 1910 census figures: about 30% of the women arrested
were foreign-born, but about 36% of the women in the census were foreign-born. The
majority of women were arrested for disorderly conduct, which included adultery and
being an inmate or keeper of a “house of ill fame.”

140 Abbott knew her data had deficiencies: She argued, however, that the errors canceled
each other out (Abbott, 1915, p. 51): “It is quite probable, however, that the errors
would be, on the whole, ‘unbiased’; that is, some English-speaking immigrants, whose
foreign birth was not easily indicated by their speech, would probably be called ‘Amer-
ican’; but, on the other hand, quite as many American-born citizens who had loyally
kept their foreign names or who spoke with a foreign accent would undoubtedly be
called Italian, Polish or Russian.”

140 ”The question as to how far”: Abbott (1915, p. 51). She also knew that missing data
affected her conclusions—crimes missing from the records because the police never
became aware of them or failed to record them. She prefaced her conclusions with
the qualification: “If the number of arrests indicates the extent of crime, . . . ” Abbott
(1915, p. 22).

140 in which no one was arrested: Abbott was careful not to speculate about the cause
of the missing data. But another section of the report written by the Committee’s
attorney documented cases of “collusion between members of the detective force and
professional criminals” (Chicago City Council, 1915, p. 10).

141 Crime Statistics, 1915–2018: Crime statistics in the early 1900s came primarily from
the court system, prisons, and whatever numbers cities and police departments chose
to disseminate. The first national statistics were collected in the 1850 US Census:
enumerators were directed to gather information on the number of persons who had
been convicted of crime, and record “the crime for which each inmate is confined,
and of which such person was convicted” (Gauthier, 2002, p. 11). New York began
assembling judicial criminal statistics in 1829 (Robinson, 1933); by 1908, 25 states
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published statistics on convictions. These constituted the “statistics of crime” of the
day, but were highly unreliable.

Cahalan (1986) reviews the history of US correctional statistics, and Maltz (1977)
discusses events leading to the establishment of the UCR. National Academies of Sci-
ences, Engineering, and Medicine (2016) provides a brief review of the history of crime
statistics, relying heavily on Maltz (1977). Calder (1993) describes developments in
crime statistics up to the 1930s.

141 Attorney Clarence Darrow: Darrow (1926), p. 537.

141 Origins of the UCR: See Maltz (1977), Zolbe (1980), Rosen (1995), and Barnett-Ryan
(2007).

141 “scientific police management”: The quotes are from pages 16 and 17 of International
Association of Chiefs of Police (1929).

142 “the reluctance of some police forces”: International Association of Chiefs of Police
(1929), p. 2. The influenza analogy is on p. 3.

Note that the committee considered assigning data collection to the Census Bureau,
because if its expertise in statistics. However, it ended up assigning data collection
and tabulation to the agency later to be known as the FBI. They thought police
departments would be more willing to provide data to an agency they already had a
relationship with.

142 The machines are almost human: International Association of Chiefs of Police (1929),
p. 120. The descriptions of tally marks is on p. 59.

142 Once established, however, they set the structure for subsequent crime statistics: This
argument is made by National Academies of Sciences, Engineering, and Medicine
(2016).

142 this marked “the first time in the more than 80-year history of the UCR Program”: Fed-
eral Bureau of Investigation (2013b). As of this writing in 2018, the FBI’s estimation
and imputation procedures are little changed from 1958.

142 very difficult to make accurate measurements of crime trends: (President’s Commission
on Law Enforcement and Administration of Justice, 1967), p. 40. Hubble (1995) and
Rennison and Rand (2007) review the history of the NCVS.

143 It started measuring identity theft in 2004 and fraud in 2017: President Johnson’s 1967
Commission on Law Enforcement and Administration of Justice had emphasized the
importance of measuring fraud and white-collar crimes but those crimes did not make
it into the original NCVS:
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The Commission also recommends, in principle, the development of addi-
tional indices to indicate the volume and trend of such other important crime
problems as embezzlement, fraud, and other crimes against trust, crimes of
vice that are associated with organized crime, and perhaps others. The Com-
mission urges that consideration be given to practical methods for developing
such indices (President’s Commission on Law Enforcement and Administra-
tion of Justice, 1967, p. 31).

The redesign of the NCVS in the early 1990s considered including fraud and vandalism
but the decision was made not to include them because of difficulty in measuring them
on a questionnaire (Taylor, 1989, p. 15).

143 National Incident-Based Reporting System: Poggio et al. (1985); Federal Bureau of
Investigation (2018b)

143 Plans for the NCVS: Gilbert (2016); Langton et al. (2017)

143 Improving Crime Statistics: See Lynch and Addington (2007), National Academies
of Sciences, Engineering, and Medicine (2016), and National Academies of Sciences,
Engineering, and Medicine (2018) for other suggestions on improving crime statistics.

143 Statistics for other crimes are harder to come by: Simpson and Yeager (2015) discuss
challenges in building a white-collar crime data system.

143 United Nations Office on Drugs and Crime: United Nations Office on Drugs and
Crime (2015) described a classification system that would facilitate comparisons across
countries and study of transnational crime.

143 National Academies of Sciences panel: National Academies of Sciences, Engineering,
and Medicine (2016)

144 Table 11.1: Quoted from United Nations Office on Drugs and Crime (2015), p. 14

144 Additional variables capture information: United Nations Office on Drugs and Crime
(2015), p. 21

145 The National Academies of Sciences panel on Modernizing Crime Statistics recom-
mended removing the category of aggravated assault: National Academies of Sciences,
Engineering, and Medicine (2016), pages 6 and 139–144.

145 “avoids issues created by legal complexities”: Quote is from United Nations Office on
Drugs and Crime (2015), p. 8
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145 As the NCVS produces more estimates for individual states: Addington (2007) gives
other examples of how NIBRS might give information on the divergence between the
UCR and NCVS. Lohr (2018a) suggests using the multiple data sources to study errors
in crime statistics and improve quality of each source.

146 Other surveys have asked people about offenses they have committed: Most offender
surveys (see, for example, Whetzel and Lowenkamp, 2011) have been small and re-
stricted to one locality (often a prison or juvenile facility). Some also ask the surveyed
persons about crimes they committed that were undetected by the police.

146 Combining and contrasting: See National Academies of Sciences, Engineering, and
Medicine (2017b), National Academies of Sciences, Engineering, and Medicine (2017a),
and Lohr and Raghunathan (2017).

146 Sometimes one can link: Record linkage refers to finding which records in different
data sets refer to the same entity. The study by Feldman et al. (2017) used record
linkage to match the records from The Guardian’s database with those in the CDC’s
database.

146 National Violent Death Reporting System: See Crosby et al. (2016) and https://www.

cdc.gov/violenceprevention/nvdrs/index.html, last accessed August 5, 2018.

146 may be able to classify homicides more accurately: Barber et al. (2016)

147 homicides of adult women: Petrosky et al. (2017)

134 compared with about 13%: Source: U.S. Census Bureau, 2010–2014 American Com-
munity Survey 5-Year Estimates, found from factfinder.census.gov, Table B15001,
“Sex By Age By Educational Attainment For The Population 18 Years And Over.”

147 Deming wrote: Deming (1942) p. 173

148 the importance to human welfare: Abbott (1915), p. 45

148 We judge statistics by the procedures used to collect the data: The Office of National
Statistics report that removed the “National Statistics” status from police-reported
statistics in the United Kingdom said: “ONS does not have sufficient knowledge of
(and therefore does not publish enough information about) the processes involved in
the recording of crime by police forces and the checks carried out on the data received
from police forces, to be assured that they are accurately recorded. It does not provide
enough information to users about the quality of the statistics — most importantly
the accuracy and reliability of the statistics” (Office of National Statistics, 2014, p. 3).
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Glossary

149 The UCR program defines an incident: Federal Bureau of Investigation (2017c), p. 10

For Further Reading

153 Crime has existed as long as there have been people: I don’t have reliable statistics for
prehistoric crime. But the murder rate was 25% (or, to put it in the units typically
used for homicide, 25,000 murders per 100,000 population) after Genesis 4:8 in the
Bible. Or 33%, if the census of population was conducted after Cain killed Abel. This
is another example of the pitfalls of using statistics from small samples.

71



References

Abbott, E. (1915). Statistics relating to crime in Chicago. In Report of the City Council
Committee on Crime of the City of Chicago, pp. 17–88. Chicago, IL: City of Chicago.

Abbott, E. (1952). The Hull House of Jane Addams. Social Service Review 26 (3), 334–338.

Addington, L. A. (2007). Using NIBRS to study methodological sources of divergence be-
tween the UCR and NCVS. In J. P. Lynch and L. A. Addington (Eds.), Understanding
Crime Statistics: Revisiting the Divergence of the NCVS and UCR, pp. 55–89. New York:
Cambridge University Press.

Addington, L. A. (2008). Current issues in victimization research and the NCVS’s ability
to study them. https://www.bjs.gov/content/pub/pdf/Addington.pdf. Last accessed
April 24, 2018.

Anderson, K. B. (2013, April). Consumer Fraud in the United States, 2011: The
Third FTC Survey. Washington, DC: Federal Trade Commission. https:

//www.ftc.gov/sites/default/files/documents/reports/consumer-fraud-

united-states-2011-third-ftc-survey/130419fraudsurvey_0.pdf. Last accessed
February 27, 2018.

Anderson, M., S. Toor, L. Rainie, and A. Smith (2018, July 11). Activism in the Social Media
Age. Washington DC: Pew Research Center. http://www.pewinternet.org/2018/07/

11/public-attitudes-toward-political-engagement-on-social-media/. Last ac-
cessed August 6, 2018.

Anderson, R. N., A. M. Miniño, D. L. Hoyert, and H. M. Rosenberg (2001). Comparability
of cause of death between ICD–9 and ICD-10: Preliminary estimates. National Vital
Statistics Reports 49 (2), 1–32.

Andre, M., L. Buchanan, M. Bloch, J. Bowers, N. Cohn, A. Coote, A. Daniel, R. Harris,
J. Katz, R. Lieberman, B. Migliozzi, P. Murray, A. Pearce, K. Quealy, E. Weingart, and
I. White (2018, September 6). We polled voters in Illinois’s 6th Congressional District. The
New York Times . https://www.nytimes.com/interactive/2018/upshot/elections-

poll-il06-1.html. Last accessed September 10, 2018.

Arias, E., M. Heron, and J. K. Hakes (2016). The validity of race and Hispanic-origin report-
ing on death certificates in the United States: An update. Vital Health Statistics 2 (172),
1–21. https://www.cdc.gov/nchs/data/series/sr_02/sr02_172.pdf. Last accessed
December 15, 2018.

Ariely, D. (2010). The Upside of Irrationality: The Unexpected Benefits of Defying Logic at
Work and at Home. New York, NY: HarperCollins.

72

https://www.bjs.gov/content/pub/pdf/Addington.pdf
https://www.ftc.gov/sites/default/files/documents/reports/consumer-fraud-united-states-2011-third-ftc-survey/130419fraudsurvey_0.pdf
https://www.ftc.gov/sites/default/files/documents/reports/consumer-fraud-united-states-2011-third-ftc-survey/130419fraudsurvey_0.pdf
https://www.ftc.gov/sites/default/files/documents/reports/consumer-fraud-united-states-2011-third-ftc-survey/130419fraudsurvey_0.pdf
http://www.pewinternet.org/2018/07/11/public-attitudes-toward-political-engagement-on-social-media/
http://www.pewinternet.org/2018/07/11/public-attitudes-toward-political-engagement-on-social-media/
https://www.nytimes.com/interactive/2018/upshot/elections-poll-il06-1.html
https://www.nytimes.com/interactive/2018/upshot/elections-poll-il06-1.html
https://www.cdc.gov/nchs/data/series/sr_02/sr02_172.pdf


Asbury, H. (1986). Gem of the Prairie: An Informal History of the Chicago Underworld.
DeKalb, IL: Northern Illinois University Press. Reissue of the original book published in
1940 by Alfred A. Knopf.

Bachman, R. and B. H. Taylor (1994). The measurement of family violence and rape by the
redesigned National Crime Victimization Survey. Justice Quarterly 11 (3), 499–512.

Banks, D., L. Couzens, and M. Planty (2015). Assessment of coverage in the arrest-related
deaths program. Technical Report NCJ 249099, Bureau of Justice Statistics, Washing-
ton, DC. https://www.bjs.gov/content/pub/pdf/acardp.pdf. Last accessed March
26, 2018.

Banks, D., J. Nance, M. Planty, E. Kennedy, P. Baumgartner, A. Whyde, K. Scott, and
C. Brooks (2018). Utility of open information sources to develop estimates of selected crime
and justice indicators: Measuring arrest-related deaths. Paper presented at the Federal
Committee on Statistical Methodology Research and Policy Conference, Washington DC.
http://www.copafs.org/seminars/fcsm2018.aspx. Last accessed May 28, 2018.

Banks, D., P. Ruddles, E. Kennedy, and M. Planty (2016). Arrest-related deaths pro-
gram redesign study, 201516: Preliminary findings. Technical Report NCJ 250112, Bu-
reau of Justice Statistics, Washington, DC. https://www.bjs.gov/content/pub/pdf/

ardprs1516pf. Last accessed March 26, 2018.

Barber, C., D. Azrael, A. Cohen, M. Miller, D. Thymes, D. E. Wang, and D. Hemenway
(2016). Homicides by police: comparing counts from the National Violent Death Reporting
System, Vital Statistics, and Supplementary Homicide Reports. American Journal of
Public Health 106 (5), 922–927.

Barnett-Ryan, C. (2007). Introduction to the Uniform Crime Reporting program. In J. P.
Lynch and L. A. Addington (Eds.), Understanding Crime Statistics: Revisiting the Diver-
gence of the NCVS and UCR, pp. 55–89. New York: Cambridge University Press.

Beals, M., M. DeLiema, and M. Deevy (2015, July). Framework for a Taxonomy of Fraud.
Stanford, CA: Stanford Center on Longevity. http://162.144.124.243/~longevl0/wp-
content/uploads/2016/03/Full-Taxonomy-report.pdf. Last accessed July 26, 2018.

Beckett, L. (2014, June 13). Everything we know about what data brokers know
about you. ProPublica. https://www.propublica.org/article/everything-we-know-
about-what-data-brokers-know-about-you. Last accessed April 14, 2018.

Bendler, J., T. Brandt, S. Wagner, and D. Neumann (2014). Investigating crime-to-twitter
relationships in urban environments - facilitating a virtual neighborhood watch. In Pro-
ceedings of the European Conference on Information Systems (ECIS). Tel Aviv, Israel: AIS
Electronic Library. http://aisel.aisnet.org/ecis2014/proceedings/track11/10.
Last accessed August 6, 2018.

73

https://www.bjs.gov/content/pub/pdf/acardp.pdf
http://www.copafs.org/seminars/fcsm2018.aspx
https://www.bjs.gov/content/pub/pdf/ardprs1516pf
https://www.bjs.gov/content/pub/pdf/ardprs1516pf
http://162.144.124.243/~longevl0/wp-content/uploads/2016/03/Full-Taxonomy-report.pdf
http://162.144.124.243/~longevl0/wp-content/uploads/2016/03/Full-Taxonomy-report.pdf
https://www.propublica.org/article/everything-we-know-about-what-data-brokers-know-about-you
https://www.propublica.org/article/everything-we-know-about-what-data-brokers-know-about-you
http://aisel.aisnet.org/ecis2014/proceedings/track11/10


Biderman, A. D. and D. Cantor (1984). A longitudinal analysis of bounding, respondent
conditioning and mobility as sources of panel bias in the National Crime Survey. In
Proceedings of the Section on Survey Research Methods, Alexandria, VA, pp. 708–713.
American Statistical Association.

Black, M. C., K. C. Basile, M. J. Breiding, S. G. Smith, M. L. Walters, M. T. Merrick,
J. Chen, and M. R. Stevens (2011). The National Intimate Partner and Sexual Vio-
lence Survey (NISVS): 2010 Summary Report. Atlanta, GA: National Center for Injury
Prevention and Control, Centers for Disease Control and Prevention.

Blumberg, S. and J. Luke (2009). Wireless Substitution: Early Release of Estimates From
the National Health Interview Survey, January–June 2009. Hyattsville, MD: National
Center for Health Statistics. https://www.cdc.gov/nchs/data/nhis/earlyrelease/

wireless200912.pdf. Last accessed June 6, 2018.

Blumberg, S. and J. Luke (2018). Early Release of Estimates From the National Health Inter-
view Survey, July–December 2017. Hyattsville, MD: National Center for Health Statistics.
https://www.cdc.gov/nchs/data/nhis/earlyrelease/wireless201806.pdf. Last ac-
cessed August 8, 2018.

Brayne, S. (2017). Big data surveillance: The case of policing. American Sociological Re-
view 82 (5), 977–1008.

Breiding, M. J., J. Chen, and M. Black (2014). Intimate Partner Violence in the United
States 2010. Atlanta, GA: National Center for Injury Prevention and Control, Centers
for Disease Control and Prevention. https://www.cdc.gov/violenceprevention/pdf/

cdc_nisvs_ipv_report_2013_v17_single_a.pdf. Last accessed March 25, 2018.

Breiding, M. J., S. G. Smith, K. C. Basile, M. L. Walters, J. Chen, and M. T. Merrick
(2014). Prevalence and characteristics of sexual violence, stalking, and intimate partner
violence victimization—National Intimate Partner and Sexual Violence Survey, United
States, 2011. Morbidity and Mortality Weekly Report. Surveillance Summaries 63 (8),
1–18. https://www.cdc.gov/mmwr/pdf/ss/ss6308.pdf. Last accessed March 25, 2018.

Brick, J. M. (2013). Unit nonresponse and weighting adjustments: A critical review. Journal
of Official Statistics 29 (3), 329–353.

Brick, J. M. and S. L. Lohr (2019). Experimental evaluation of mail questionnaires in
a probability sample on victimization. Journal of the Royal Statistical Society, Series
A 182 (2), 669–687.

Brillinger, D. R. (1986). The natural variability of vital rates and associated statistics.
Biometrics 42 (4), 693–734.

74

https://www.cdc.gov/nchs/data/nhis/earlyrelease/wireless200912.pdf
https://www.cdc.gov/nchs/data/nhis/earlyrelease/wireless200912.pdf
https://www.cdc.gov/nchs/data/nhis/earlyrelease/wireless201806.pdf
https://www.cdc.gov/violenceprevention/pdf/cdc_nisvs_ipv_report_2013_v17_single_a.pdf
https://www.cdc.gov/violenceprevention/pdf/cdc_nisvs_ipv_report_2013_v17_single_a.pdf
https://www.cdc.gov/mmwr/pdf/ss/ss6308.pdf


Bureau of Justice Assistance (2013). COMPSTAT: Its Origins, Evolution, and Fu-
ture in Law Enforcement Agencies. Washington, DC: US Department of Jus-
tice, Bureau of Justice Assistance, Police Executive Research Forum. http:

//www.policeforum.org/assets/docs/Free_Online_Documents/Compstat/compstat-

itsoriginsevolutionandfutureinlawenforcementagencies2013.pdf. Last accessed
April 14, 2018.

Bureau of Justice Statistics (1994). National Crime Victimization Survey: Questions and
answers about the redesign. Technical Report NCJ-151171, Bureau of Justice Statistics,
Washington, DC. https://www.bjs.gov/content/pub/pdf/ncsrqa.pdf. Last accessed
March 26, 2018.

Bureau of Justice Statistics (2014). National Crime Victimization Survey technical doc-
umentation. Technical Report NCJ 247252, Bureau of Justice Statistics, Washington,
DC. https://www.bjs.gov/content/pub/pdf/ncvstd13.pdf. Last accessed January 21,
2018.

Bureau of Justice Statistics (2016). National Crime Victimization Survey technical doc-
umentation. Technical Report NCJ 251442, Bureau of Justice Statistics, Washington,
DC. https://www.bjs.gov/content/pub/pdf/ncvstd16.pdf. Last accessed January 21,
2018.

Bureau of Justice Statistics (2018a). Percent of rape/sexual assaults by reporting to the
police, 1993–2016. Generated using the NCVS Victimization Analysis Tool at www.bjs.

gov on June 15, 2018.

Bureau of Justice Statistics (2018b). Rates of violent victimizations by age, 1993–2016.
Generated using the NCVS Victimization Analysis Tool at www.bjs.gov on June 15,
2018.

Bureau of Labor Statistics (2014). How the government measures unemployment. https:

//www.bls.gov/cps/cps_htgm.pdf. Last accessed June 6, 2018.

Burnes, D., C. R. Henderson Jr, C. Sheppard, R. Zhao, K. Pillemer, and M. S. Lachs (2017).
Prevalence of financial fraud and scams among older adults in the United States: A
systematic review and meta-analysis. American Journal of Public Health 107 (8), e13–e21.

Cahalan, M. W. (1986). Historical Corrections Statistics in the United States, 1850–1984.
Number NCJ–102529. Washington DC: Bureau of Justice Statistics. https://www.ncjrs.
gov/pdffiles1/pr/102529.pdf. Last accessed February 13, 2018.

Calder, J. D. (1993). The Origins and Development of Federal Crime Control Policy: Herbert
Hoover’s Initiatives. Westport, CT: Praeger.

75

http://www.policeforum.org/assets/docs/Free_Online_Documents/Compstat/compstat - its origins evolution and future in law enforcement agencies 2013.pdf
http://www.policeforum.org/assets/docs/Free_Online_Documents/Compstat/compstat - its origins evolution and future in law enforcement agencies 2013.pdf
http://www.policeforum.org/assets/docs/Free_Online_Documents/Compstat/compstat - its origins evolution and future in law enforcement agencies 2013.pdf
https://www.bjs.gov/content/pub/pdf/ncsrqa.pdf
https://www.bjs.gov/content/pub/pdf/ncvstd13.pdf
https://www.bjs.gov/content/pub/pdf/ncvstd16.pdf
www.bjs.gov
www.bjs.gov
www.bjs.gov
https://www.bls.gov/cps/cps_htgm.pdf
https://www.bls.gov/cps/cps_htgm.pdf
https://www.ncjrs.gov/pdffiles1/pr/102529.pdf
https://www.ncjrs.gov/pdffiles1/pr/102529.pdf


Callegaro, M. and C. DiSogra (2008). Computing response metrics for online panels. Public
Opinion Quarterly 72 (5), 1008–1032.

Campbell, A. and K. J. M. Baker (2016, September 8). Unfounded: When detectives dismiss
rape reports before investigating them. Buzzfeed News . https://www.buzzfeed.com/

alexcampbell/unfounded?utm_term=.jgRlERZoL#.sqVk7oAQ5. Last accessed February
22, 2018.

Campbell, D. T. (2011). Assessing the impact of planned social change. Journal of Multi-
Disciplinary Evaluation 7 (15), 3–43.

Cantor, D. and L. E. Cohen (1980). Comparing measures of homicide trends: Methodological
and substantive differences in the Vital Statistics and Uniform Crime Report time series
(1933–1975). Social Science Research 9 (2), 121–145.

Cantor, D., B. Fisher, S. H. Chibnall, R. Townsend, H. Lee, G. Thomas, and
C. Bruce (2015). Report on the AAU Campus Climate Survey on Sexual As-
sault and Sexual Misconduct. Washington, DC: Association of American Uni-
versities. https://www.aau.edu/sites/default/files/@Files/ClimateSurvey/AAU_

Campus_Climate_Survey_12_14_15.pdf. Last accessed November 8, 2017.

Cantor, D., D. Steiger, J. Hartge, and S. Catalano (2018, March 9). Key issues when
collecting and publishing general population estimates of rape and sexual assault. Pre-
sented at Federal Committee on Statistical Methodology 2018 Research and Policy Con-
ference, Washington, DC. http://www.copafs.org/seminars/fcsm2018.aspx. Last ac-
cessed July 5, 2018.

Cantor, D., R. Townsend, and H. Sun (2016). Methodology Report on the AAU Campus
Climate Survey on Sexual Assault and Sexual Misconduct. Washington, DC: Association
of American Universities. http://www.aau.edu/sites/default/files/%40%20Files/

Climate%20Survey/Methodology_Report_for_AAU_Climate_Survey_4-12-16.pdf.
Last accessed August 8, 2018.

Catalano, S. (2016). Interviewing conditions in the National Crime Victimization Survey,
1993–2013. Technical Report NCJ 249682, Bureau of Justice Statistics, Washington,
DC. https://www.bjs.gov/content/pub/pdf/icncvs9313.pdf. Last accessed January
21, 2018.

Catalano, S., M. Harmon, A. Beck, and D. Cantor (2011). BJS activities on measuring rape
and sexual assault. https://www.bjs.gov/content/pub/pdf/bjs_amrsa_poster.pdf.
Last accessed February 10, 2018.

Chan, J. and L. Bennett Moses (2016). Is big data challenging criminology? Theoretical
Criminology 20 (1), 21–39.

76

https://www.buzzfeed.com/alexcampbell/unfounded?utm_term=.jgRlERZoL#.sqVk7oAQ5
https://www.buzzfeed.com/alexcampbell/unfounded?utm_term=.jgRlERZoL#.sqVk7oAQ5
https://www.aau.edu/sites/default/files/@ Files/Climate Survey/AAU_Campus_Climate_Survey_12_14_15.pdf
https://www.aau.edu/sites/default/files/@ Files/Climate Survey/AAU_Campus_Climate_Survey_12_14_15.pdf
http://www.copafs.org/seminars/fcsm2018.aspx
http://www.aau.edu/sites/default/files/%40%20Files/Climate%20Survey/Methodology_Report_for_AAU_Climate_Survey_4-12-16.pdf
http://www.aau.edu/sites/default/files/%40%20Files/Climate%20Survey/Methodology_Report_for_AAU_Climate_Survey_4-12-16.pdf
https://www.bjs.gov/content/pub/pdf/icncvs9313.pdf
https://www.bjs.gov/content/pub/pdf/bjs_amrsa_poster.pdf


Chicago City Council (1915). Report of the City Council Committee on Crime of the City
of Chicago. Chicago, IL: City of Chicago.

Christen, P. (2012). Data Matching: Concepts and Techniques for Record Linkage, Entity
Resolution, and Duplicate Detection. New York: Springer Science & Business Media.

Converse, J. M. and S. Presser (1986). Survey questions: Handcrafting the standardized
questionnaire, Volume 63. Newbury Park, CA: Sage.

Cook, S. L., C. A. Gidycz, M. P. Koss, and M. Murphy (2011). Emerging issues in the
measurement of rape victimization. Violence Against Women 17 (2), 201–218.

Couper, D. C. (2015). How to Rate Your Local Police. Madison, WI: Privately published
using CreateSpace Independent Publishing Platform.

Couper, D. C. (2017). Arrested Development: A Veteran Police Chief Sounds Off About
Protest, Racism, Corruption and the Seven Steps Necessary to Improve Our Nation’s Po-
lice (2nd ed.). Blue Mounds, WI: New Journey Press.

Cowan, C. D., L. R. Murphy, and J. Wiener (1978). Effects of supplemental questions on
victimization estimates from the National Crime Survey. In Proceedings of the Section on
Survey Research Methods, Alexandria, VA, pp. 277–282. American Statistical Association.

Crone, R. (2012). Violent Victorians: Popular Entertainment in Nineteenth-Century Lon-
don. Manchester, UK: Manchester University Press.

Crosby, A. E., J. A. Mercy, and D. Houry (2016). The National Violent Death Reporting
System. American Journal of Preventive Medicine 51 (5), S169–S172.

Dailey, R. and D. H. Wenger (2016). Source variety, event frequency, and context in news-
paper crime reporting. International Journal of Communication 10, 1700–1720.

Darrow, C. S. (1926, June). Crime and the alarmists. Harper’s Monthly Magazine 153,
535–544.

Davey, M. (2016, May 24). Chicago police try to predict who may shoot or be shot. The New
York Times . https://www.nytimes.com/2016/05/24/us/armed-with-data-chicago-

police-try-to-predict-who-may-shoot-or-be-shot.html. Last accessed April 11,
2018.

Davis, R. C. (2012). Selected International Best Practices in Police Performance Measure-
ment. Santa Monica, CA: RAND. https://www.rand.org/content/dam/rand/pubs/

technical_reports/2012/RAND_TR1153.pdf. Last accessed January 23, 2018.

77

https://www.nytimes.com/2016/05/24/us/armed-with-data-chicago-police-try-to-predict-who-may-shoot-or-be-shot.html
https://www.nytimes.com/2016/05/24/us/armed-with-data-chicago-police-try-to-predict-who-may-shoot-or-be-shot.html
https://www.rand.org/content/dam/rand/pubs/technical_reports/2012/RAND_TR1153.pdf
https://www.rand.org/content/dam/rand/pubs/technical_reports/2012/RAND_TR1153.pdf


Deevy, M. and M. Beals (2013). The Scope of the Problem: An Overview of Fraud Measure-
ment Prevalence. Palo Alto, CA: Stanford Center on Longevity Financial Fraud Research
Center. http://longevity.stanford.edu/financial-fraud-research-center/. Last
accessed March 14, 2018.

Deming, W. E. (1942). On a classification of the problems of statistical inference. Journal
of the American Statistical Association 37 (218), 173–185.

Deming, W. E. (1986). Out of the Crisis. Cambridge, MA: Massachusetts Institute of
Technology Center for Advanced Engineering Study.

Deming, W. E. (1994). The New Economics for Industry, Government, Education, 2nd
edition. Cambridge, MA: MIT Press.

Dick, P. K. (1956, January). The minority report. Fantastic Universe, 4–36. Reprinted in
Selected Stories of Philip K. Dick. (2002). New York: Pantheon Books, pp. 227–264.

Ditto, P. H. and D. F. Lopez (1992). Motivated skepticism: Use of differential decision
criteria for preferred and nonpreferred conclusions. Journal of Personality and Social
Psychology 63 (4), 568–584.

Dobrin, A. (2016). Homicide Data Sources: An Interdisciplinary Review for Researchers.
New York: Springer.

Duffy, G. L. (2013). The ASQ Quality Improvement Pocket Guide: Basic History, Concepts,
Tools, and Relationships. Seattle, WA: Quality Press.

Dutwin, D. and T. D. Buskirk (2017). Apples to oranges or gala versus golden delicious?
Comparing data quality of nonprobability Internet samples to low response rate probability
samples. Public Opinion Quarterly 81, 213–239.

Eisler, P. (2013, October 16). Thefts from nursing home trust funds target the elderly. USA
Today . https://www.usatoday.com/story/news/nation/2013/10/16/nursing-home-

trust-fund-thefts/2967925/. Last accessed July 29, 2018.

Elliott, M. R. and R. Valliant (2017). Inference for nonprobability samples. Statistical
Science 32 (2), 249–264.

Ennis, S. R., S. R. Porter, J. M. Noon, and E. Zapata (2015). When race and His-
panic origin reporting are discrepant across administrative records and third party
sources: Exploring methods to assign responses. US Census Bureau Working Paper 2015-
08, https://www.census.gov/content/dam/Census/library/working-papers/2015/

adrm/carra-wp-2015-08.pdf. Last accessed September 22, 2018.

78

http://longevity.stanford.edu/financial-fraud-research-center/
https://www.usatoday.com/story/news/nation/2013/10/16/nursing-home-trust-fund-thefts/2967925/
https://www.usatoday.com/story/news/nation/2013/10/16/nursing-home-trust-fund-thefts/2967925/
https://www.census.gov/content/dam/Census/library/working-papers/2015/adrm/carra-wp-2015-08.pdf
https://www.census.gov/content/dam/Census/library/working-papers/2015/adrm/carra-wp-2015-08.pdf


Fay, R. E. and J. Li (2010). Effects of unbounded interviews, time in sample, and recency
on reported crimes in the National Crime Victimization Survey. In Proceedings of the
Survey Research Methods Section, American Statistical Association, Alexandria, VA, pp.
1687–1700. American Statistical Association.

Federal Bureau of Investigation (1958). Uniform Crime Reports for the United States, Special
Issue. Washington, DC: United States Government Printing Office.

Federal Bureau of Investigation (1997). Crime in the United States, 1996. Washington, DC:
FBI.

Federal Bureau of Investigation (2004). Uniform Crime Reporting Handbook. Washington,
DC: FBI. https://ucr.fbi.gov/additional-ucr-publications/ucr_handbook.pdf/

view. Last accessed December 3, 2017.

Federal Bureau of Investigation (2013a). NIBRS Offense Definitions. Washington, DC:
U.S. Department of Justice. https://ucr.fbi.gov/nibrs/2013/resources/nibrs-

offense-definitions. Last accessed November 15, 2017.

Federal Bureau of Investigation (2013b). NIBRS Rape vs. SRS Rape. Washington, DC: U.S.
Department of Justice. https://ucr.fbi.gov/nibrs/2013/resources/nibrs-rape-

vs.-srs-rape, Last accessed December 20, 2017.

Federal Bureau of Investigation (2013c). Summary Reporting System (SRS) User Manual,
Version 1.0. Washington, DC: U.S. Department of Justice, Criminal Justice Information
Services (CJIS) Division, Uniform Crime Reporting (UCR) Program. https://ucr.fbi.
gov/nibrs/summary-reporting-system-srs-user-manual. Last accessed December 14,
2017.

Federal Bureau of Investigation (2015a). Crime in the United States, 2014. Washington,
DC: FBI. https://ucr.fbi.gov/crime-in-the-u.s/2014/crime-in-the-u.s.-2014.
Last accessed November 15, 2017.

Federal Bureau of Investigation (2015b). Effects of NIBRS on Crime Statistics. Washing-
ton, DC: U.S. Department of Justice. https://ucr.fbi.gov/nibrs/2014/resource-

pages/effects_of_nibrs_on_crime_statistics_final.pdf. Last accessed December
26, 2017.

Federal Bureau of Investigation (2016a). Crime in the United States, 2015. Washington,
DC: FBI. https://ucr.fbi.gov/crime-in-the-u.s/2015/crime-in-the-u.s.-2015.
Last accessed November 15, 2017.

Federal Bureau of Investigation (2016b). National Crime Statistics Exchange (NCS-X).
https://www.bjs.gov/content/pub/pdf/NCS-XTrifoldBrochure.pdf. Last accessed
February 5, 2018.

79

https://ucr.fbi.gov/additional-ucr-publications/ucr_handbook.pdf/view
https://ucr.fbi.gov/additional-ucr-publications/ucr_handbook.pdf/view
https://ucr.fbi.gov/nibrs/2013/resources/nibrs-offense-definitions
https://ucr.fbi.gov/nibrs/2013/resources/nibrs-offense-definitions
https://ucr.fbi.gov/nibrs/2013/resources/nibrs-rape-vs.-srs-rape
https://ucr.fbi.gov/nibrs/2013/resources/nibrs-rape-vs.-srs-rape
https://ucr.fbi.gov/nibrs/summary-reporting-system-srs-user-manual
https://ucr.fbi.gov/nibrs/summary-reporting-system-srs-user-manual
https://ucr.fbi.gov/crime-in-the-u.s/2014/crime-in-the-u.s.-2014
https://ucr.fbi.gov/nibrs/2014/resource-pages/effects_of_nibrs_on_crime_statistics_final.pdf
https://ucr.fbi.gov/nibrs/2014/resource-pages/effects_of_nibrs_on_crime_statistics_final.pdf
https://ucr.fbi.gov/crime-in-the-u.s/2015/crime-in-the-u.s.-2015
https://www.bjs.gov/content/pub/pdf/NCS-X Trifold Brochure.pdf


Federal Bureau of Investigation (2016c). UCR quality assurance review methodology. https:
//ucr.fbi.gov/ucr-quality-assurance-review-methodology. Last accessed Decem-
ber 16, 2017.

Federal Bureau of Investigation (2017a). 2017 Internet Crime Report. Washington, DC: FBI
Internet Crime Complaint Center. https://pdf.ic3.gov/2017_IC3Report.pdf. Last
accessed July 26, 2018.

Federal Bureau of Investigation (2017b). Crime in the United States, 2016. Washington,
DC: FBI. https://ucr.fbi.gov/crime-in-the-u.s/2016/crime-in-the-u.s.-2016.
Last accessed November 15, 2017.

Federal Bureau of Investigation (2017c). National Incident-Based Reporting System User
Manual, Version 2.2. Washington, DC: U.S. Department of Justice. https://ucr.fbi.

gov/nibrs/nibrs-user-manual. Last accessed December 8, 2017.

Federal Bureau of Investigation (2018a). 2019 National Incident-Based Reporting System
User Manual, Version 1.0. Washington, DC: U.S. Department of Justice. https://ucr.

fbi.gov/nibrs/nibrs-user-manual. Last accessed May 4, 2018.

Federal Bureau of Investigation (2018b, June). Countdown to NIBRS: Are you ready?
UCR Program Quarterly 18–2, 2–3. https://ucr.fbi.gov/ucr-program-quarterly/

ucr-program-quarterly-june-2018. Last accessed August 9, 2018.

Federal Trade Commission (2018). Consumer Sentinel Network Data Book
for January–Data Book 2017. Washington, DC: Federal Trade Commission.
https://www.ftc.gov/system/files/documents/reports/consumer-sentinel-

network-data-book-2017/consumer_sentinel_data_book_2017.pdf. Last accessed
March 15, 2018.

Fedina, L., J. L. Holmes, and B. L. Backes (2018). Campus sexual assault: A systematic
review of prevalence research from 2000 to 2015. Trauma, Violence, & Abuse 19 (1), 76–93.

Feldman, J. M., S. Gruskin, B. A. Coull, and N. Krieger (2017). Quantifying underreporting
of law-enforcement-related deaths in United States vital statistics and news-media-based
data sources: A capture–recapture analysis. PLoS Medicine 14 (10), e1002399.

Ferguson, A. G. (2017). The Rise of Big Data Policing. New York: New York University
Press.

Finkelhor, D., H. A. Turner, A. Shattuck, and S. L. Hamby (2015). Prevalence of childhood
exposure to violence, crime, and abuse: Results from the National Survey of Children’s
Exposure to Violence. JAMA Pediatrics 169 (8), 746–754.

80

https://ucr.fbi.gov/ucr-quality-assurance-review-methodology
https://ucr.fbi.gov/ucr-quality-assurance-review-methodology
https://pdf.ic3.gov/2017_IC3Report.pdf
https://ucr.fbi.gov/crime-in-the-u.s/2016/crime-in-the-u.s.-2016
https://ucr.fbi.gov/nibrs/nibrs-user-manual
https://ucr.fbi.gov/nibrs/nibrs-user-manual
https://ucr.fbi.gov/nibrs/nibrs-user-manual
https://ucr.fbi.gov/nibrs/nibrs-user-manual
https://ucr.fbi.gov/ucr-program-quarterly/ucr-program-quarterly-june-2018
https://ucr.fbi.gov/ucr-program-quarterly/ucr-program-quarterly-june-2018
https://www.ftc.gov/system/files/documents/reports/consumer-sentinel-network-data-book-2017/consumer_sentinel_data_book_2017.pdf
https://www.ftc.gov/system/files/documents/reports/consumer-sentinel-network-data-book-2017/consumer_sentinel_data_book_2017.pdf


Fish, V. K. (1986). The Hull House circle: Women’s friendships and achievements. In
J. Sharistanian (Ed.), Gender, Ideology, and Action: Historical Perspectives on Women’s
Public Lives, pp. 185–227. New York: Greenwood Press.

Fisher, B. S. (2009). The effects of survey question wording on rape estimates: Evidence
from a quasi-experimental design. Violence Against Women 15 (2), 133–147.

Fisher, B. S., F. T. Cullen, and M. G. Turner (2000). The sexual victimization of college
women. Technical Report NCJ 182369, Bureau of Justice Statistics, Washington, DC.
https://www.ncjrs.gov/pdffiles1/nij/182369.pdf. Last accessed January 20, 2018.

Foley, R. J. (2016, December 9). USA Today . https://www.usatoday.com/story/news/

nation/2016/12/09/new-cdc-data-understate-accidental-shooting-deaths-

kids/95209084/. Last accessed February 10, 2018.

Fowler, F. J. (2014). Survey Research Methods, Fifth Ed. Thousand Oaks, CA: Sage.

Fox, J. A. and M. L. Swatt (2009). Multiple imputation of the Supplementary Homicide
Reports, 1976–2005. Journal of Quantitative Criminology 25 (1), 51–77.

Gauthier, J. G. (2002, September). Measuring America: The decennial censuses from 1790 to
2000. Technical Report POL/02-MA(RV), Revised April 2017, Washington, DC. https:

//www.census.gov/library/publications/2002/dec/pol_02-ma.html. Last accessed
April 27, 2018.

Gibson, C. and K. Jung (2005, February). Historical census statistics on population totals
by race, 1790 to 1990, and by Hispanic origin, 1970 to 1990, for large cities and other
urban places in the United States. Technical Report 76, Population Division Working
Paper, Washington, DC. https://www.census.gov/population/www/documentation/

twps0076/twps0076.pdf. Last accessed April 27, 2018.

Gilbert, T. (2016). New socio-demographic questions in the NCVS. Survey News 4 (6).
https://www.census.gov/people/news/issues/vol4issue6.html. Last accessed Au-
gust 9, 2018.

Golus, C. M. (2008, September/October). Edith Abbott (1876-1957) and Grace Abbott
(1878-1939): Two Midwestern sisters who helped define modern social work. University
of Chicago Magazine. http://magazine.uchicago.edu/0810/features/legacy.shtml.
Last accessed July 1, 2018.

Gramlich, J. (2018, January 30). 5 facts about crime in the U.S. http://www.pewresearch.
org/fact-tank/2018/01/30/5-facts-about-crime-in-the-u-s/. Last accessed April
28, 2018.

81

https://www.ncjrs.gov/pdffiles1/nij/182369.pdf
https://www.usatoday.com/story/news/nation/2016/12/09/new-cdc-data-understate-accidental-shooting-deaths-kids/95209084/
https://www.usatoday.com/story/news/nation/2016/12/09/new-cdc-data-understate-accidental-shooting-deaths-kids/95209084/
https://www.usatoday.com/story/news/nation/2016/12/09/new-cdc-data-understate-accidental-shooting-deaths-kids/95209084/
https://www.census.gov/library/publications/2002/dec/pol_02-ma.html
https://www.census.gov/library/publications/2002/dec/pol_02-ma.html
https://www.census.gov/population/www/documentation/twps0076/twps0076.pdf
https://www.census.gov/population/www/documentation/twps0076/twps0076.pdf
https://www.census.gov/people/news/issues/vol4issue6.html
http://magazine.uchicago.edu/0810/features/legacy.shtml
http://www.pewresearch.org/fact-tank/2018/01/30/5-facts-about-crime-in-the-u-s/
http://www.pewresearch.org/fact-tank/2018/01/30/5-facts-about-crime-in-the-u-s/


Graybow, M. (2009, March 11). Madoff mysteries remain as he nears guilty plea. Reuters .
https://www.reuters.com/article/us-madoff/madoff-mysteries-remain-as-he-

nears-guilty-plea-idUSTRE52A5JK20090311?pageNumber=2&virtualBrandChannel=

0&sp=true. Last accessed March 17, 2018.

Groves, R. M. (2006). Nonresponse rates and nonresponse bias in household surveys. Public
Opinion Quarterly 70 (5), 646–675.

Groves, R. M. and D. L. Cork (2008). Surveying Victims: Options for Conducting the
National Crime Victimization Survey. Washington, DC: National Academies Press.

Guerrero Velasco, R. (2015). An antidote to murder. Scientific American 313 (4), 46–50.

Gutiérrez-Mart́ınez, M. I., R. Espinosa Del Villin, A. Fandiño, and R. L. Oliver (2007).
The evaluation of a surveillance system for violent and non-intentional injury mortality in
Colombian cities. International Journal of Injury Control and Safety Promotion 14 (2),
77–84.

Harrell, E. (2016). Victims of identity theft, 2014. Technical Report NCJ 248991, Bureau
of Justice Statistics, Washington, DC. https://www.bjs.gov/content/pub/pdf/vit14.
pdf. Last accessed February 25, 2018.

Harrell, E. (2019). Victims of identity theft, 2016. Technical Report NCJ 251147, Bureau
of Justice Statistics, Washington, DC. https://www.bjs.gov/content/pub/pdf/vit16.
pdf. Last accessed January 28, 2019.

Harron, K., H. Goldstein, and C. Dibben (Eds.) (2016). Methodological Developments in
Data Linkage. Hoboken, NJ: John Wiley & Sons.

Hart, T. C., C. M. Rennison, and C. Gibson (2005). Revisiting respondent fatigue bias in
the National Crime Victimization Survey. Journal of Quantitative Criminology 21 (3),
345–363.

Herzog, T. N., F. J. Scheuren, and W. E. Winkler (2007). Data Quality and Record Linkage
Techniques. New York: Springer Science & Business Media.

Hoare, J. (2007). Deceptive evidence: Challenges in measuring fraud. In M. Hough and
M. Maxfield (Eds.), Surveying Crime in the 21st Century: Commemorating the 25th
anniversary of the British Crime Survey, Volume 22 of Crime Prevention Studies, pp.
263–279. Monsey, NY: Criminal Justice Press.

82

https://www.reuters.com/article/us-madoff/madoff-mysteries-remain-as-he-nears-guilty-plea-idUSTRE52A5JK20090311?pageNumber=2&virtualBrandChannel=0&sp=true
https://www.reuters.com/article/us-madoff/madoff-mysteries-remain-as-he-nears-guilty-plea-idUSTRE52A5JK20090311?pageNumber=2&virtualBrandChannel=0&sp=true
https://www.reuters.com/article/us-madoff/madoff-mysteries-remain-as-he-nears-guilty-plea-idUSTRE52A5JK20090311?pageNumber=2&virtualBrandChannel=0&sp=true
https://www.bjs.gov/content/pub/pdf/vit14.pdf
https://www.bjs.gov/content/pub/pdf/vit14.pdf
https://www.bjs.gov/content/pub/pdf/vit16.pdf
https://www.bjs.gov/content/pub/pdf/vit16.pdf


Hollywood, J. S., S. C. Smith, C. Price, B. McInnis, and W. Perry (2012, May 22). Predictive
policing: What it is, what it isn’t, and where it can be useful. Slides presented at the
International Association of Chiefs of Police Law Enforcement Information Management
Section Annual Conferences, Indianapolis, IN. http://www.theiacp.org/Portals/0/

pdfs/LEIM/2012Presentations/OPS-PredictivePolicing.pdf. Last accessed April 6,
2018.

Howden, L. M. and J. A. Meyer (2011). Age and sex composition: 2010. Technical Report
C2010BR-03, U.S. Census Bureau, Washington DC. https://www.census.gov/prod/

cen2010/briefs/c2010br-03.pdf. Last accessed March 27, 2018.

Hubble, D. L. (1995). The National Crime Victimization Survey redesign: New questionnaire
and procedures development and phase-in methodology. In Proceedings of the Survey
Research Methods Section, American Statistical Association, Alexandria, VA, pp. 63–72.
http://ww2.amstat.org/sections/srms/Proceedings/papers/1995_009.pdf.

International Association of Chiefs of Police (1929). Uniform Crime Reporting: A Complete
Manual for Police. Report of the Committee on Uniform Crime Records. New York, NY:
J.J. Little and Ives Company.

James, G., D. Witten, T. Hastie, and R. Tibshirani (2013). An Introduction to Statistical
Learning. New York: Springer.

James, N. and L. R. Council (2008). How Crime in the United States Is Measured. Wash-
ington, DC: Congressional Research Service. https://fas.org/sgp/crs/misc/RL34309.
pdf. Last accessed January 4, 2018.

Jarvis, J. P. (2015). Examining National Incident-Based Reporting System (NIBRS) data:
Perspectives from a quarter century of analysis efforts. Justice Research and Policy 16 (2),
195–210.

Jentzen, J. M. (2010). Death Investigation in America: Coroners, Medical Examiners, and
the Pursuit of Medical Certainty. Cambridge, MA: Harvard University Press.

Johnson, J. (1994). Coroners, corruption and the politics of death: Forensic pathology in
the United States. In M. Clark and C. Crawford (Eds.), Legal Medicine in History, pp.
268–289. Cambridge, UK: Cambridge University Press.

Kahneman, D. (2011). Thinking, Fast and Slow. New York: Farrar, Straus and Giroux.

Keeter, S., N. Hatley, C. Kennedy, and A. Lau (2017). What Low Response Rates Mean for
Telephone Surveys. Washington DC: Pew Research Center. http://www.pewresearch.

org/2017/05/15/what-low-response-rates-mean-for-telephone-surveys/. Last ac-
cessed June 1, 2018.

83

http://www.theiacp.org/Portals/0/pdfs/LEIM/2012Presentations/OPS-PredictivePolicing.pdf
http://www.theiacp.org/Portals/0/pdfs/LEIM/2012Presentations/OPS-PredictivePolicing.pdf
https://www.census.gov/prod/cen2010/briefs/c2010br-03.pdf
https://www.census.gov/prod/cen2010/briefs/c2010br-03.pdf
http://ww2.amstat.org/sections/srms/Proceedings/papers/1995_009.pdf
https://fas.org/sgp/crs/misc/RL34309.pdf
https://fas.org/sgp/crs/misc/RL34309.pdf
http://www.pewresearch.org/2017/05/15/what-low-response-rates-mean-for-telephone-surveys/
http://www.pewresearch.org/2017/05/15/what-low-response-rates-mean-for-telephone-surveys/


Kelley, D. N. and S. L. McCarthy (2013). The report of the crime reporting review
committee to Commissioner Raymond W. Kelly concerning CompStat auditing. NYPD
Reports 5. http://www1.nyc.gov/assets/nypd/downloads/pdf/public_information/
crime_reporting_review_committee_final_report_2013.pdf. Last accessed January
6, 2018.

Kelly, C., A. Mandell, and M. Puente (2018, February 20). USA To-
day’s sexual harassment in Hollywood survey methodology explained. USA
Today . https://www.usatoday.com/story/life/people/2018/02/20/usa-today-

sunshine-project-methodology-explained/310757002/. Last accessed March 22,
2018.

Kennedy, C., M. Blumenthal, S. Clement, J. D. Clinton, C. Durand, C. Franklin,
K. McGeeney, L. Miringoff, K. Olson, D. Rivers, et al. (2018). An evaluation of the
2016 election polls in the United States. Public Opinion Quarterly 82 (1), 1–33.

Kennedy, C. and H. Hartig (2019). Response rates in telephone surveys have resumed their
decline. http://www.pewresearch.org/fact-tank/2019/02/27/response-rates-in-

telephone-surveys-have-resumed-their-decline/. Last accessed March 2, 2019.

Kliff, S. (2014). Screwed-up bonus payments are at the heart of the VA scandal. https:

//www.vox.com/2014/5/30/5762482/health-incentives-gone-wrong. Last accessed
January 22, 2018.

Kohut, A., S. Keeter, C. Doherty, M. Dimock, and L. Christian (2012). As-
sessing the Representativeness of Public Opinion Surveys. Washington DC:
Pew Research Center. http://www.people-press.org/files/legacy-pdf/

AssessingtheRepresentativenessofPublicOpinionSurveys.pdf. Last accessed
October 15, 2017.

Krebs, C. (2014). Measuring sexual victimization: On what fronts is the jury still out and
do we need it to come in? Trauma, Violence, & Abuse 15 (3), 170–180.

Krebs, C., C. Lindquist, M. Berzofsky, B. Shook-Sa, K. Peterson, M. Planty, L. Langton,
and J. Stroop (2016, January). Campus Climate Survey Validation Study final technical
report. Technical report, Bureau of Justice Statistics. https://www.bjs.gov/content/

pub/pdf/ccsvsftr.pdf. Last accessed May 20, 2018.

Krebs, C., C. Lindquist, M. Planty, L. Langton, M. E. Berzofsky, N. Asefnia, A. Griggs,
B. Shook-Sa, and K. Enders (2017). Sensitivity of sexual victimization estimates to defi-
nitional and measurement decisions. Journal of Interpersonal Violence, 1–25.

84

http://www1.nyc.gov/assets/nypd/downloads/pdf/public_information/crime_reporting_review_committee_final_report_2013.pdf
http://www1.nyc.gov/assets/nypd/downloads/pdf/public_information/crime_reporting_review_committee_final_report_2013.pdf
https://www.usatoday.com/story/life/people/2018/02/20/usa-today-sunshine-project-methodology-explained/310757002/
https://www.usatoday.com/story/life/people/2018/02/20/usa-today-sunshine-project-methodology-explained/310757002/
http://www.pewresearch.org/fact-tank/2019/02/27/response-rates-in-telephone-surveys-have-resumed-their-decline/
http://www.pewresearch.org/fact-tank/2019/02/27/response-rates-in-telephone-surveys-have-resumed-their-decline/
https://www.vox.com/2014/5/30/5762482/health-incentives-gone-wrong
https://www.vox.com/2014/5/30/5762482/health-incentives-gone-wrong
http://www.people-press.org/files/legacy-pdf/Assessing the Representativeness of Public Opinion Surveys.pdf
http://www.people-press.org/files/legacy-pdf/Assessing the Representativeness of Public Opinion Surveys.pdf
https://www.bjs.gov/content/pub/pdf/ccsvsftr.pdf
https://www.bjs.gov/content/pub/pdf/ccsvsftr.pdf


Kreuter, F., S. Presser, and R. Tourangeau (2008). Social desirability bias in CATI, IVR, and
web surveys: The effects of mode and question sensitivity. Public Opinion Quarterly 72 (5),
847–865.

Kunda, Z. (1987). Motivated inference: Self-serving generation and evaluation of causal
theories. Journal of Personality and Social Psychology 53 (4), 636.

Kuru, O., J. Pasek, and M. W. Traugott (2017). Motivated reasoning in the perceived
credibility of public opinion polls. Public Opinion Quarterly 81 (2), 422–446.

Lachs, M. and J. Berman (2011). Under the radar: New York State Elder Abuse Prevalence
Study. Ithaca, NY: Prepared by Lifespan of Greater Rochester, Inc., Weill Cornell Medical
Center of Cornell University, and New York City Department for the Aging. http://www.
ocfs.state.ny.us/main/reports/UndertheRadar051211finalreport.pdf. Last ac-
cessed April 2, 2018.

Laine, C. and M. A. Winker (2017, February 15). Identifying predatory or pseudo-journals.
http://www.wame.org. Last accessed April 3, 2018.

Lane, R. (1992). Urban police and crime in nineteenth-century America. Crime and Jus-
tice 15, 1–50.

Lane, R. (1999). Violent Death in the City: Suicide, Accident, and Murder in Nineteenth-
Century Philadelphia, Second Edition. Columbus, OH: Ohio State University Press.

Langton, L., M. Berzofsky, C. Krebs, and H. Smiley-McDonald (2012, August). Victimiza-
tions not reported to the police, 2006–2010. Technical Report NCJ 38536, Bureau of Jus-
tice Statistics, Washington, DC. https://www.bjs.gov/content/pub/pdf/vnrp0610.

pdf. Last accessed May 14, 2018.

Langton, L., M. Planty, and J. P. Lynch (2017). Second major redesign of the National
Crime Victimization Survey (NCVS). Criminology & Public Policy 16 (4), 1049–1074.

Lauritsen, J., J. G. Owens, M. Planty, M. R. Rand, and J. L. Truman (2012). Methods for
counting high-frequency repeat victimizations in the National Crime Victimization Survey.
Technical Report NCJ 237308, Bureau of Justice Statistics, Washington, DC.

Lauritsen, J. L. and M. L. Rezey (2013, September). Measuring the prevalence of crime
with the National Crime Victimization Survey. Technical Report NCJ 241656, Bureau of
Justice Statistics, Washington, DC. https://www.bjs.gov/content/pub/pdf/mpcncvs.
pdf. Last accessed February 27, 2018.

85

http://www.ocfs.state.ny.us/main/reports/Under the Radar 05 12 11 final report.pdf
http://www.ocfs.state.ny.us/main/reports/Under the Radar 05 12 11 final report.pdf
http://www.wame.org
https://www.bjs.gov/content/pub/pdf/vnrp0610.pdf
https://www.bjs.gov/content/pub/pdf/vnrp0610.pdf
https://www.bjs.gov/content/pub/pdf/mpcncvs.pdf
https://www.bjs.gov/content/pub/pdf/mpcncvs.pdf


LaValle, C. R., S. M. Haas, and J. J. Nolan (2014, June). Testing the Validity of Demon-
strated Imputation Methods on Longitudinal NIBRS Data. Charleston, WV: West Virginia
Office of Research and Strategic Planning. http://djcs.wv.gov/ORSP/SAC/Documents/

WV_Impute2ReportJan2014_Final.pdf. Last accessed December 19, 2017.

Lavallée, P. and J.-F. Beaumont (2015). Why we should put some weight on weights. Survey
Insights: Methods from the Field , 1–18. https://surveyinsights.org/?p=6255. Last
accessed February 15, 2018.

Lawrence, C. and E. Love (2010). Characteristics of falsified interviews. In Proceedings of the
Section on Survey Research Methods, Alexandria, VA, pp. 4771–4780. American Statistical
Association.

Lazer, D., R. Kennedy, G. King, and A. Vespignani (2014). The parable of Google Flu:
Traps in big data analysis. Science 343 (6176), 1203–1205.

Lehnen, R. G. and W. G. Skogan (1981, December). The National Crime Survey working pa-
pers, volume I: Current and historical perspectives. Technical Report NCJ 75374, Bureau
of Justice Statistics, Washington, DC.

Leslie, D. (2017, May 3). Govt softens target for reducing violent crime.
http://www.radionz.co.nz/news/political/330027/govt-softens-target-for-

reducing-violent-crime. Last accessed January 20, 2018.

Leung, X. Y., Y. Yang, and E. A. Dubin (2018). What are guests scared of? Crime-related
hotel experiences and fear of crime. Journal of Travel & Tourism Marketing , 1–16.

Levitt, S. D. and S. J. Dubnik (2014). Think Like a Freak. New York, NY: William Morrow.

Lewis, L. S. (2010). Madoff’s victims and their day in court. Society 47 (5), 439–450.

Li, P., E. A. Stuart, and D. B. Allison (2015). Multiple imputation: A flexible tool for
handling missing data. Journal of the American Medical Association 314 (18), 1966–1967.

Liao, D., M. Berzofsky, D. Heller, K. Barrick, and M. DeMichele (2015). Treatment of
missing data in the FBI’s National Incident Based Reporting System: A case study
in the Bakken region. In Proceedings of the Survey Research Methods Section, Ameri-
can Statistical Association, Alexandria, VA, pp. 1970–1981. American Statistical Associ-
ation. https://ww2.amstat.org/sections/srms/Proceedings/y2015/files/234045.

pdf. Last accessed March 16, 2018.

Loftin, C. and D. McDowall (2010). The use of official records to measure crime and delin-
quency. Journal of Quantitative Criminology 26 (4), 527–532.

86

http://djcs.wv.gov/ORSP/SAC/Documents/WV_Impute2ReportJan2014_Final.pdf
http://djcs.wv.gov/ORSP/SAC/Documents/WV_Impute2ReportJan2014_Final.pdf
https://surveyinsights.org/?p=6255
http://www.radionz.co.nz/news/political/330027/govt-softens-target-for-reducing-violent-crime
http://www.radionz.co.nz/news/political/330027/govt-softens-target-for-reducing-violent-crime
https://ww2.amstat.org/sections/srms/Proceedings/y2015/files/234045.pdf
https://ww2.amstat.org/sections/srms/Proceedings/y2015/files/234045.pdf


Loftin, C., D. McDowall, K. Curtis, and M. D. Fetzer (2015). The accuracy of Supplementary
Homicide Report rates for large US cities. Homicide Studies 19 (1), 6–27.

Loftin, C., D. McDowall, and M. Xie (2017). Underreporting of homicides by police in the
United States, 1976-2013. Homicide Studies 21 (2), 159–174.

Lohr, S. L. (2010). Sampling: Design and Analysis, 2nd ed. Boston, MA: Brooks/Cole.

Lohr, S. L. (2012). The value Deming’s ideas can add to educational evaluation. Statistics,
Politics, and Policy 3 (2), 1–40.

Lohr, S. L. (2015). Red beads and profound knowledge: Deming and quality of education.
Education Policy Analysis Archives 23 (80), 1–24.

Lohr, S. L. (2018a). Combining data and crime. In Proceedings of the Federal Commit-
tee on Statistical Methodology Research Conference, Washington, DC, pp. 1–13. Federal
Committee on Statistical Methodology.

Lohr, S. L. (2018b). Statistical methods for combining multiple data sources. Presented
at the 73rd annual conference of the American Association of Public Opinion Research,
Denver CO, May 17.

Lohr, S. L. and T. E. Raghunathan (2017). Combining survey data with other data sources.
Statistical Science 32 (2), 293–312.

Lonsway, K., J. Archambault, and D. Lisak (2009). False reports: Moving beyond the issue
to successfully investigate and prosecute non-stranger sexual assault. The Voice 3 (1),
1–11. http://ndaa.org/pdf/the_voice_vol_3_no_1_2009.pdf. Last accessed February
20, 2018.

Los Angeles Police Commission, Office of the Inspector General (2015, December 2). Review
Of Crime Classification Practices. Los Angeles: Los Angeles Police Commission. https://
www.oig.lacity.org/special-investigations-reports. Last accessed April 10, 2018.

Lum, K. and P. Ball (2015). Estimating undocumented homicides with two lists
and list dependence. https://hrdag.org/wp-content/uploads/2015/07/2015-hrdag-

estimating-undoc-homicides.pdf, last accessed March 26, 2018.

Lum, K. and W. Isaac (2016). To predict and serve? Significance 13 (5), 14–19.

Luo, M. and M. McIntire (2013, September 29). Children and guns: The hidden toll. The
New York Times , A1.

Lurigio, A. J. and J. J. Binder (2013). The Chicago outfit: Challenging the myths about
organized crime. Journal of Contemporary Criminal Justice 29 (2), 198–218.

87

http://ndaa.org/pdf/the_voice_vol_3_no_1_2009.pdf
https://www.oig.lacity.org/special-investigations-reports
https://www.oig.lacity.org/special-investigations-reports
https://hrdag.org/wp-content/uploads/2015/07/2015-hrdag-estimating-undoc-homicides.pdf
https://hrdag.org/wp-content/uploads/2015/07/2015-hrdag-estimating-undoc-homicides.pdf


Lynch, J. P. and L. A. Addington (Eds.) (2007). Understanding Crime Statistics: Revisiting
the Divergence of the NCVS and UCR. New York: Cambridge University Press.

Lynch, J. P. and J. P. Jarvis (2008). Missing data and imputation in the Uniform Crime
Reports and the effects on national estimates. Journal of Contemporary Criminal Jus-
tice 24 (1), 69–85.

Maltz, M. D. (1977). Crime statistics: A historical perspective. Crime & Delinquency 23 (1),
32–40.

Maltz, M. D. (1999). Bridging gaps in police crime data. Washington, DC: U.S. Government
Printing Office.

Maltz, M. D., C. Roberts, and E. A. Stasny (2006). Developing imputation methods for
crime data. http://www.academia.edu/4677251/Developing_Imputation_Methods_

for_Crime_Data. Last accessed December 21, 2017.

Marks, R. (1958). The published writings of Edith Abbott: A bibliography. Social Science
Review 32 (1), 51–56.

Mayer, C. (1994, June 5). Behind Grand Rapids’ high rape rate, a definition difference.
Philadelphia Inquirer , A2.

McPherson, J. M. (1988). Battle Cry of Freedom. New York: Oxford University Press.

Mercer, A. (2016, September 8). 5 key things to know about the margin of error in
election polls. http://www.pewresearch.org/fact-tank/2016/09/08/understanding-
the-margin-of-error-in-election-polls/. Last accessed March 18, 2018.

MetLife Mature Market Institute (2011). The MetLife Study of Elder Financial Abuse. New
York, NY: MetLife Mature Market Institute. https://www.metlife.com/assets/cao/

mmi/publications/studies/2011/mmi-elder-financial-abuse.pdf. Last accessed
April 2, 2018.

Miller, T. C. and K. Armstrong (2018). A False Report: A True Story of Rape in America.
New York: Crown.

Miller, T. R., B. A. Lawrence, N. N. Carlson, D. Hendrie, S. Randall, I. R. Rockett, and
R. S. Spicer (2017). Perils of police action: a cautionary tale from US data sets. Injury
prevention 23 (1), 27–32.

Moehling, C. and A. M. Piehl (2009). Immigration, crime, and incarceration in early
twentieth-century America. Demography 46 (4), 739–763.

88

http://www.academia.edu/4677251/Developing_Imputation_Methods_for_Crime_Data
http://www.academia.edu/4677251/Developing_Imputation_Methods_for_Crime_Data
http://www.pewresearch.org/fact-tank/2016/09/08/understanding-the-margin-of-error-in-election-polls/
http://www.pewresearch.org/fact-tank/2016/09/08/understanding-the-margin-of-error-in-election-polls/
https://www.metlife.com/assets/cao/mmi/publications/studies/2011/mmi-elder-financial-abuse.pdf
https://www.metlife.com/assets/cao/mmi/publications/studies/2011/mmi-elder-financial-abuse.pdf


Morgan, R. E. (2017, December 13). Measuring financial fraud victimization in the Na-
tional Crime Victimization Survey. Webinar presented for the National Center for
Victims of Crime. http://victimsofcrime.org/docs/default-source/financial-

fraud/scams-schemes-and-swindles.pdf?sfvrsn=2. Last accessed July 29, 2018.

Morgan, R. E. and G. Kena (2017). Criminal victimization, 2016. Technical Report NCJ
251150, Bureau of Justice Statistics, Washington, DC. https://www.bjs.gov/content/

pub/pdf/cv16.pdf. Last accessed December 30, 2017.

Morgan, R. E. and G. Kena (2018). Criminal victimization, 2016: Revised. Technical
Report NCJ 252121, Bureau of Justice Statistics, Washington, DC. https://www.bjs.

gov/content/pub/pdf/cv16re.pdf. Last accessed December 27, 2018.

Morgan, R. E. and J. L. Truman (2018). Criminal victimization, 2017. Technical Report NCJ
252472, Bureau of Justice Statistics, Washington, DC. https://www.bjs.gov/content/

pub/pdf/cv17.pdf. Last accessed December 30, 2018.

Morin, R., K. Parker, R. Stepler, and A. Mercer (2017). Behind the Badge. Washington, DC:
Pew Research. http://www.pewsocialtrends.org/2017/01/11/behind-the-badge/.
Last accessed January 20, 2018.

Moriyama, I. M., R. M. Loy, and A. H. M. Robb-Smith (2011). History of the Statistical
Classification of Diseases and Causes of Death. Hyattsville, MD: National Center for
Health Statistics. Updated and edited by H. M. Rosenberg and D. L. Hoyert.

Mosher, C. J., T. D. Miethe, and T. C. Hart (2010). The Mismeasure of Crime, 2nd edition
(2nd ed.). Thousand Oaks, CA: Sage.

Murphy, S. L., J. Xu, K. D. Kochanek, S. C. Curtin, and E. Arias (2017). Deaths: Final
data for 2015. National Vital Statistics Reports 66 (6). https://www.cdc.gov/nchs/

data/nvsr/nvsr66/nvsr66_06.pdf. Last accessed January 6, 2018.

National Academies of Sciences, Engineering, and Medicine (2016). Modernizing Crime
Statistics—Report 1: Defining and Classifying Crime. Washington, DC: The National
Academies Press.

National Academies of Sciences, Engineering, and Medicine (2017a). Federal Statistics, Mul-
tiple Data Sources, and Privacy Protection: Next Steps. Washington, DC: The National
Academies Press.

National Academies of Sciences, Engineering, and Medicine (2017b). Innovations in Federal
Statistics: Combining Data Sources While Protecting Privacy. Washington, DC: The
National Academies Press.

89

http://victimsofcrime.org/docs/default-source/financial-fraud/scams-schemes-and-swindles.pdf?sfvrsn=2
http://victimsofcrime.org/docs/default-source/financial-fraud/scams-schemes-and-swindles.pdf?sfvrsn=2
https://www.bjs.gov/content/pub/pdf/cv16.pdf
https://www.bjs.gov/content/pub/pdf/cv16.pdf
https://www.bjs.gov/content/pub/pdf/cv16re.pdf
https://www.bjs.gov/content/pub/pdf/cv16re.pdf
https://www.bjs.gov/content/pub/pdf/cv17.pdf
https://www.bjs.gov/content/pub/pdf/cv17.pdf
http://www.pewsocialtrends.org/2017/01/11/behind-the-badge/
https://www.cdc.gov/nchs/data/nvsr/nvsr66/nvsr66_06.pdf
https://www.cdc.gov/nchs/data/nvsr/nvsr66/nvsr66_06.pdf


National Academies of Sciences, Engineering, and Medicine (2017c). Refining the Concept
of Scientific Inference When Working with Big Data: Proceedings of a Workshop. Wash-
ington, DC: National Academies Press.

National Academies of Sciences, Engineering, and Medicine (2018). Modernizing Crime
Statistics—Report 2: New Systems for Measuring Crime. Washington, DC: The National
Academies Press.

National Center for Health Statistics (2004). Vital Statistics of the United States: Mortality,
1999, Technical Appendix. Hyattsville, MD: National Center for Health Statistics.

National Center for Health Statistics (2013). National Death Index User’s Guide. Hyattsville,
MD: National Center for Health Statistics. https://www.cdc.gov/nchs/data/ndi/NDI_
Users_Guide.pdf. Last accessed August 1, 2018.

National Commission on Law Observance and Enforcement (1931). Report on Criminal
Statistics, Report No. 3. Washington, DC: US Government Printing Office.

National Research Council (2014). Estimating the Incidence of Rape and Sexual Assault.
Washington, DC: The National Academies Press.

New Zealand Ministry of Justice (2012). Delivering Better Public Services: Reducing Crime
and Re-Offending Result Action Plan. Wellington, New Zealand: New Zealand Min-
istry of Justice. https://www.justice.govt.nz/assets/Documents/Publications/

Delivering-Better-Public-Services-Reducing-crime-and-re-offending-result-

action-plan.pdf. Last accessed August 1, 2018.

Nolan, J. J., S. M. Haas, and J. S. Napier (2011). Estimating the impact of classifica-
tion error on the statistical accuracy of Uniform Crime Reports. Journal of Quantitative
Criminology 27 (4), 497–519.

Nussbaum, B. D. (2017, November). Big data, big concerns, and Shakespeare. Amstat
News (Issue # 485), 3–4.

O’Brien, D. T., R. J. Sampson, and C. Winship (2015). Ecometrics in the age of big
data: Measuring and assessing “broken windows” using large-scale administrative records.
Sociological Methodology 45 (1), 101–147.

O’Brien, R. M. (1985). Crime and Victimization Data. Beverly Hills, CA: Sage.

O’Brien, R. M. (2003). UCR violent crime rates, 1958–2000: recorded and offender-generated
trends. Social Science Research 32 (3), 499–518.

90

https://www.cdc.gov/nchs/data/ndi/NDI_Users_Guide.pdf
https://www.cdc.gov/nchs/data/ndi/NDI_Users_Guide.pdf
https://www.justice.govt.nz/assets/Documents/Publications/Delivering-Better-Public-Services-Reducing-crime-and-re-offending-result-action-plan.pdf
https://www.justice.govt.nz/assets/Documents/Publications/Delivering-Better-Public-Services-Reducing-crime-and-re-offending-result-action-plan.pdf
https://www.justice.govt.nz/assets/Documents/Publications/Delivering-Better-Public-Services-Reducing-crime-and-re-offending-result-action-plan.pdf


Office of National Statistics (2014). Assessment of Compliance with the Code of Practice for
Official Statistics: Statistics on Crime in England and Wales. London, UK: Office of Na-
tional Statistics. https://www.statisticsauthority.gov.uk/archive/assessment/

assessment/assessment-reports/assessment-report-268---statistics-on-

crime-in-england-and-wales.pdf. Last accessed January 19, 2018.

Orsini, J. N. (2013). The Essential Deming: Leadership Principles from the Father of Quality.
New York, NY: McGraw Hill.

Oudekerk, B. A. and J. L. Truman (2017). Repeat violent victimization, 2005–2014.
Technical Report NCJ 250567, Bureau of Justice Statistics, Washington, DC. https:

//www.bjs.gov/content/pub/pdf/rvv0514.pdf. Last accessed June 17, 2018.

Pak, K. and D. Shadel (2011). AARP Foundation National Fraud Victim Study. Washington,
DC: AARP. https://assets.aarp.org/rgcenter/econ/fraud-victims-11.pdf. Last
accessed July 15, 2018.

Patterson, J. (2017, March 13). Govt likely to miss violent crime tar-
get. http://www.radionz.co.nz/news/political/326506/govt-likely-to-miss-

violent-crime-target. Last accessed January 20, 2018.

Penick, B. and M. Owens (1976). Surveying Crime. Panel for the Evaluation of Crime Sur-
veys, Committee on National Statistics, Academy of Mathematical and Physical Sciences.
Washington, DC: National Academy of Sciences.

Perkins, C. A. (1997). Violent crime trends. Technical Report NCJ 162031, Bureau of Justice
Statistics, Washington, DC. https://www.bjs.gov/content/pub/pdf/apvsvc.pdf. Last
accessed March 22, 2018.

Perkins, C. A., P. A. Klaus, L. D. Bastian, and R. L. Cohen (1996). Criminal victimization
in the United States, 1993. Technical Report NCJ 151657, Bureau of Justice Statistics,
Washington, DC.

Perry, S. W. (2015). Tribal crime data collection activities, 2015. Technical Report NCJ
248785, Bureau of Justice Statistics, Washington, DC. https://www.bjs.gov/content/

pub/pdf/tcdca15.pdf. Last accessed January 15, 2018.

Perry, W. L., B. McInnis, C. C. Price, S. Smith, and J. S. Hollywood (2013). Predictive
Policing: The Role of Crime Forecasting in Law Enforcement Operations. Santa Mon-
ica, CA: RAND Corporation. https://www.rand.org/pubs/research_reports/RR233.
html. Last accessed March 20, 2018.

91

https://www.statisticsauthority.gov.uk/archive/assessment/assessment/assessment-reports/assessment-report-268---statistics-on-crime-in-england-and-wales.pdf
https://www.statisticsauthority.gov.uk/archive/assessment/assessment/assessment-reports/assessment-report-268---statistics-on-crime-in-england-and-wales.pdf
https://www.statisticsauthority.gov.uk/archive/assessment/assessment/assessment-reports/assessment-report-268---statistics-on-crime-in-england-and-wales.pdf
https://www.bjs.gov/content/pub/pdf/rvv0514.pdf
https://www.bjs.gov/content/pub/pdf/rvv0514.pdf
https://assets.aarp.org/rgcenter/econ/fraud-victims-11.pdf
http://www.radionz.co.nz/news/political/326506/govt-likely-to-miss-violent-crime-target
http://www.radionz.co.nz/news/political/326506/govt-likely-to-miss-violent-crime-target
https://www.bjs.gov/content/pub/pdf/apvsvc.pdf
https://www.bjs.gov/content/pub/pdf/tcdca15.pdf
https://www.bjs.gov/content/pub/pdf/tcdca15.pdf
https://www.rand.org/pubs/research_reports/RR233.html
https://www.rand.org/pubs/research_reports/RR233.html


Peterson, J. C., D. P. Burnes, P. L. Caccamise, A. Mason, C. R. Henderson, M. T. Wells,
J. Berman, A. M. Cook, D. Shukoff, P. Brownell, M. Powell, A. Salamone, K. A. Pille-
mer, and M. S. Lachs (2014). Financial exploitation of older adults: a population-based
prevalence study. Journal of General Internal Medicine 29 (12), 1615–1623.

Petrosky, E., J. M. Blair, C. J. Betz, K. A. Fowler, S. P. Jack, and B. H. Lyons (2017).
Racial and ethnic differences in homicides of adult women and the role of intimate partner
violence—United States, 2003–2014. Morbidity and Mortality Weekly Report 66 (28), 741.

Pew Research Center (2015, June). Multiracial in America: Proud, Diverse, and Growing
in Numbers. Washington, DC: Pew Research. http://assets.pewresearch.org/wp-

content/uploads/sites/3/2015/06/2015-06-11_multiracial-in-america_final-

updated.pdf. Last accessed April 27, 2018.

Peytchev, A., R. K. Baxter, and L. R. Carley-Baxter (2009). Not all survey effort is equal:
Reduction of nonresponse bias and nonresponse error. Public Opinion Quarterly 73 (4),
785–806.

Pfeffermann, D. (2015). Methodological issues and challenges in the production of official
statistics: 24th annual Morris Hansen lecture. Journal of Survey Statistics and Methodol-
ogy 3 (4), 425–477.

Planty, M., L. Langton, C. Krebs, M. Berzofsky, and H. Smiley-McDonald (2013). Female
victims of sexual violence, 1994-2010. Technical Report NCJ 240655, Bureau of Justice
Statistics, Washington, DC. https://www.bjs.gov/content/pub/pdf/fvsv9410.pdf.
Last accessed May 14, 2018.

Planty, M. and K. J. Strom (2007). Understanding the role of repeat victims in the production
of annual US victimization rates. Journal of Quantitative Criminology 23 (3), 179–200.

Poggio, E., S. Kennedy, J. Chaiken, and K. Carlson (1985, May). Blueprint for the future of
the Uniform Crime Reporting Program—final report of the UCR study. Technical Report
NCJ 098348, Bureau of Justice Statistics, Washington, DC. https://www.ncjrs.gov/

pdffiles1/bjs/98348.pdf. Last accessed December 12, 2017.

Police Executive Research Forum (2018). Practical Approaches for Strength-
ening Law Enforcement’s Response to Sexual Assault. Washington, DC:
Police Executive Research Forum. http://www.policeforum.org/assets/

SexualAssaultResponseExecutiveGuidebook.pdf. Last accessed June 15, 2018.

Poston, B. (2015, December 30). Crime in Los Angeles rose in all categories in 2015,
LAPD says. Los Angeles Times . http://www.latimes.com/local/crime/la-me-crime-
stats-20151230-story.html. Last accessed April 10, 2018.

92

http://assets.pewresearch.org/wp-content/uploads/sites/3/2015/06/2015-06-11_multiracial-in-america_final-updated.pdf
http://assets.pewresearch.org/wp-content/uploads/sites/3/2015/06/2015-06-11_multiracial-in-america_final-updated.pdf
http://assets.pewresearch.org/wp-content/uploads/sites/3/2015/06/2015-06-11_multiracial-in-america_final-updated.pdf
https://www.bjs.gov/content/pub/pdf/fvsv9410.pdf
https://www.ncjrs.gov/pdffiles1/bjs/98348.pdf
https://www.ncjrs.gov/pdffiles1/bjs/98348.pdf
http://www.policeforum.org/assets/SexualAssaultResponseExecutiveGuidebook.pdf
http://www.policeforum.org/assets/SexualAssaultResponseExecutiveGuidebook.pdf
http://www.latimes.com/local/crime/la-me-crime-stats-20151230-story.html
http://www.latimes.com/local/crime/la-me-crime-stats-20151230-story.html


Poston, B. and J. Rubin (2014, August 9). LAPD misclassified nearly 1,200 violent
crimes as minor offenses. Los Angeles Times . http://beta.latimes.com/local/la-

me-crimestats-lapd-20140810-story.html. Last accessed January 14, 2018.

President’s Commission on Law Enforcement and Administration of Justice (1967). The
Challenge of Crime in a Free Society. Washington, DC: U.S. Government Printing Office.
https://www.ncjrs.gov/pdffiles1/nij/42.pdf. Last accessed February 15, 2018.

President’s Council of Advisors on Science and Technology (2014, May). Big Data and
Privacy: A Technological Perspective. Washington, DC: Executive Office of the Pres-
ident. https://obamawhitehouse.archives.gov/sites/default/files/microsites/

ostp/PCAST/pcast_big_data_and_privacy_-_may_2014.pdf. Last accessed April 5,
2018.

Puente, M. and C. Kelly (2018a, February 21). 94%: Sexual misconduct in Hollywood is
staggering. The Arizona Republic (USA Today Supplement), 4B.

Puente, M. and C. Kelly (2018b, February 21). Hollywood’s ‘Me Too’ woes are . . . 94%. The
Arizona Republic (USA Today Supplement), 1B, 2B.

Puente, M. and C. Kelly (2018c, February 20). How common is sexual misconduct in
Hollywood? USA Today . https://www.usatoday.com/story/life/people/2018/02/

20/how-common-sexual-misconduct-hollywood/1083964001/. Last accessed March 22,
2018.

Puzzanchera, C., G. Chamberlin, and W. Kang (2017). Easy access NIBRS victims, 2015:
Victims of violence. https://www.ojjdp.gov/ojstatbb/ezanibrsdv/. Last accessed
March 20, 2018.

Puzzanchera, C., G. Chamberlin, and W. Kang (2018). Easy access to the FBI’s Sup-
plementary Homicide Reports: 1980-2016. http://www.ojjdp.gov/ojstatbb/ezashr/.
Last accessed October 3, 2018.

Rand, M. and S. Catalano (2007). Criminal victimization, 2006. Technical Report NCJ
219413, Bureau of Justice Statistics, Washington, DC.

Rand, M. R. (1987). Violent crime trends. Technical Report NCJ 107217, Bureau of Justice
Statistics, Washington, DC.

Rand, M. R., J. P. Lynch, and D. Cantor (1997). Criminal victimization, 1973–95. Technical
Report NCJ 163069, Bureau of Justice Statistics, Washington, DC. https://www.bjs.

gov/content/pub/pdf/Cv73_95.pdf. Last accessed February 25, 2018.

93

http://beta.latimes.com/local/la-me-crimestats-lapd-20140810-story.html
http://beta.latimes.com/local/la-me-crimestats-lapd-20140810-story.html
https://www.ncjrs.gov/pdffiles1/nij/42.pdf
https://obamawhitehouse.archives.gov/sites/default/files/microsites/ostp/PCAST/pcast_big_data_and_privacy_-_may_2014.pdf
https://obamawhitehouse.archives.gov/sites/default/files/microsites/ostp/PCAST/pcast_big_data_and_privacy_-_may_2014.pdf
https://www.usatoday.com/story/life/people/2018/02/20/how-common-sexual-misconduct-hollywood/1083964001/
https://www.usatoday.com/story/life/people/2018/02/20/how-common-sexual-misconduct-hollywood/1083964001/
https://www.ojjdp.gov/ojstatbb/ezanibrsdv/
http://www.ojjdp.gov/ojstatbb/ezashr/
https://www.bjs.gov/content/pub/pdf/Cv73_95.pdf
https://www.bjs.gov/content/pub/pdf/Cv73_95.pdf


Rand, M. R. and C. M. Rennison (2005). Bigger is not necessarily better: An analysis of
violence against women estimates from the National Crime Victimization Survey and the
National Violence Against Women Survey. Journal of Quantitative Criminology 21 (3),
267–291.

Rantala, R. R. and T. J. Edwards (2000). Effects of NIBRS on crime statistics. Technical
Report NCJ 178890, Bureau of Justice Statistics, Washington, DC. https://www.bjs.

gov/content/pub/pdf/encs.pdf. Last accessed January 18, 2018.

Rasinski, K. (2012). Design and implementation strategies used to collect information on
rape and sexual assault: A review of the literature with recommendations for the ncvs.
Paper presented at the National Academies Workshop on Measuring Rape and Sexual As-
sault in BJS Surveys. http://sites.nationalacademies.org/cs/groups/dbassesite/
documents/webpage/dbasse_080066.pdf. Last accessed March 21, 2018.

Reaves, B. A. (2015). Local police departments, 2013: Personnel, policies, and practices.
Technical Report NCJ 248677, Bureau of Justice Statistics, Washington, DC. https:

//www.bjs.gov/content/pub/pdf/lpd13ppp.pdf. Last accessed March 30, 2018.

Regoeczi, W. C. and D. Banks (2014). The nation’s two measures of homicide. Technical
Report NCJ 247060, Bureau of Justice Statistics, Washington, DC. https://www.bjs.

gov/content/pub/pdf/ntmh.pdf. Last accessed December 1, 2017.

Rennison, C. M. and L. A. Addington (2014). Violence against college women: A review to
identify limitations in defining the problem and inform future research. Trauma, Violence,
& Abuse 15 (3), 159–169.

Rennison, C. M. and M. Rand (2007). Introduction to the National Crime Victimization
Survey. In J. P. Lynch and L. A. Addington (Eds.), Understanding Crime Statistics: Revis-
iting the Divergence of the NCVS and UCR, pp. 17–54. New York: Cambridge University
Press.

Residents of Hull-House (1895). Hull-House Maps and Papers: A Presentation of National-
ities and Wages in a Congested District of Chicago. Boston: Thomas Y. Crowell & Co.
Available from http://florencekelley.northwestern.edu/historical/hullhouse/.
Last accessed May 22, 2018.

Riley, W. and R. Brewer (2009). Review and analysis of quality improvement techniques in
police departments: application for public health. Journal of Public Health Management
and Practice 15 (2), 139–149.

Robinson, L. N. (1933). History of criminal statistics (1908-1933). Journal of Criminal Law
and Criminology 24 (1), 125–139.

94

https://www.bjs.gov/content/pub/pdf/encs.pdf
https://www.bjs.gov/content/pub/pdf/encs.pdf
http://sites.nationalacademies.org/cs/groups/dbassesite/documents/webpage/dbasse_080066.pdf
http://sites.nationalacademies.org/cs/groups/dbassesite/documents/webpage/dbasse_080066.pdf
https://www.bjs.gov/content/pub/pdf/lpd13ppp.pdf
https://www.bjs.gov/content/pub/pdf/lpd13ppp.pdf
https://www.bjs.gov/content/pub/pdf/ntmh.pdf
https://www.bjs.gov/content/pub/pdf/ntmh.pdf
http://florencekelley.northwestern.edu/historical/hullhouse/


Rosen, L. (1995). The creation of the Uniform Crime Report: The role of social science.
Social Science History 19 (2), 215–238.

Rosenberg, T. (2014, November 20). Colombia’s data-driven fight against crime. The
New York Times . https://opinionator.blogs.nytimes.com/2014/11/20/colombias-
data-driven-fight-against-crime/. Last accessed April 8, 2018.

Roth, R. (2009). American Homicide. The Belknap Press of Harvard University Press.
Cambridge, MA.

Rushe, D. (2011, November 18). Bernard Madoff fraud ‘began 20 years earlier than admit-
ted’. The Guardian. https://www.theguardian.com/business/2011/nov/18/bernard-
madoff-fraud-20-years-earlier. Last accessed March 17, 2018.

Ruth, D. E. (1996). Inventing the Public Enemy. Chicago, IL: University of Chicago Press.

Ruth, D. E. (2005). Crime and Chicago’s image. In Electronic Encyclopedia of Chicago.
Chicago: Chicago Historical Society. http://www.encyclopedia.chicagohistory.org/

pages/352.html. Last accessed June 18, 2018.

Sánchez, A. I., A. Villaveces, R. T. Krafty, T. Park, H. B. Weiss, A. Fabio, J. C. Puyana,
and M. I. Gutiérrez (2011). Policies for alcohol restriction and their association with
interpersonal violence: a time-series analysis of homicides in Cali, Colombia. International
Journal of Epidemiology 40 (4), 1037–1046.

Sandel, M. J. (2012). What Money Can’t Buy. New York, NY: Farrar, Straus and Giroux.

Särndal, C.-E. and S. Lundström (2005). Estimation in Surveys with Nonresponse. Hoboken,
NJ: John Wiley & Sons.

SAS Institute, Inc. (2015). SAS/STAT R© 14.1 User’s Guide. Cary, NC: SAS Institute, Inc.

Schafer, J. L. (2013, October). Effects of refresher training and performance monitoring
in the 2011 National Crime Victimization Survey. Technical Report RRS2013-07, Center
for Statistical Research & Methodology, U.S. Census Bureau, Washington, DC. https:

//www.census.gov/srd/papers/pdf/rrs2013-07.pdf. Last accessed March 26, 2018.

Schalk, K. (2003). Imputation of missing Uniform Crime Report data. Master’s thesis,
Arizona State University.

Schwartz, J. and A. Vega (2017). Sources of crime data. In B. Teasdale and M. S. Bradley
(Eds.), Preventing Crime and Violence, pp. 155–167. New York: Springer.

Silver, N. (2014, August 25). Is the polling industry in stasis or in cri-
sis? https://fivethirtyeight.com/features/is-the-polling-industry-in-

stasis-or-in-crisis/. Last accessed June 6, 2018.

95

https://opinionator.blogs.nytimes.com/2014/11/20/colombias-data-driven-fight-against-crime/
https://opinionator.blogs.nytimes.com/2014/11/20/colombias-data-driven-fight-against-crime/
https://www.theguardian.com/business/2011/nov/18/bernard-madoff-fraud-20-years-earlier
https://www.theguardian.com/business/2011/nov/18/bernard-madoff-fraud-20-years-earlier
http://www.encyclopedia.chicagohistory.org/pages/352.html
http://www.encyclopedia.chicagohistory.org/pages/352.html
https://www.census.gov/srd/papers/pdf/rrs2013-07.pdf
https://www.census.gov/srd/papers/pdf/rrs2013-07.pdf
https://fivethirtyeight.com/features/is-the-polling-industry-in-stasis-or-in-crisis/
https://fivethirtyeight.com/features/is-the-polling-industry-in-stasis-or-in-crisis/


Simpson, S. S. and P. C. Yeager (2015, March). Building a comprehensive white-collar viola-
tions data system. Technical Report NCJ 248667, Bureau of Justice Statistics, Washing-
ton, DC. https://www.ncjrs.gov/pdffiles1/bjs/grants/248667.pdf. Last accessed
June 21, 2018.

Sinozich, S. and L. Langton (2014). Rape and sexual assault victimization among college-age
females, 1995-2013. Technical Report NCJ 248471, Bureau of Justice Statistics, Wash-
ington, DC. https://www.bjs.gov/content/pub/pdf/rsavcaf9513.pdf. Last accessed
March 21, 2018.

Smith, S., J. Chen, K. Basile, L. Gilbert, M. Merrick, N. Patel, M. Walling, and A. Jain
(2017). The National Intimate Partner and Sexual Violence Survey (NISVS): 2010-2012
State Report. Atlanta, GA: National Center for Injury Prevention and Control, Centers
for Disease Control and Prevention. https://www.cdc.gov/violenceprevention/pdf/

NISVS-StateReportBook.pdf. Last accessed November 8, 2017.

Smith, S., X. Zhang, K. Basile, M. Merrick, J. Wang, M. Kresnow, and J. Chen (2018).
The National Intimate Partner and Sexual Violence Survey (NISVS): 2015 Data Brief.
Atlanta, GA: National Center for Injury Prevention and Control, Centers for Disease
Control and Prevention. https://www.cdc.gov/violenceprevention/pdf/2015-data-

brief.pdf. Last accessed July 18, 2018.

Snyder, H. N. (2000). Sexual assault of young children as reported to law enforcement:
Victim, incident, and offender characteristics. Technical Report NCJ 182990, Bureau of
Justice Statistics, Washington, DC. https://www.bjs.gov/content/pub/pdf/saycrle.
pdf. Last accessed May 21, 2018.

Snyder, H. N. (2018, March 9). Discussion of challenges and solutions to collecting informa-
tion on sexual violence. Presented at Federal Committee on Statistical Methodology 2018
Research and Policy Conference, Washington, DC.

Solymosi, R., K. J. Bowers, and T. Fujiyama (2017). Crowdsourcing subjective percep-
tions of neighbourhood disorder: Interpreting bias in open data. The British Journal of
Criminology 58 (4), 944–967.

Sorensen, J. (2010, December 13). Edith Abbott (1876-1957): Social reformer, author,
administrator and educator. In Social Welfare History Project. http://socialwelfare.
library.vcu.edu/people/abbott-edith/. Last accessed February 20, 2018.

Southall, A. (2017, December 28). Crime in New York City plunges to a level not seen since
the 1950s. The New York Times , A1.

Spohn, C., C. White, and K. Tellis (2014). Unfounding sexual assault: Examining the
decision to unfound and identifying false reports. Law & Society Review 48 (1), 161–192.

96

https://www.ncjrs.gov/pdffiles1/bjs/grants/248667.pdf
https://www.bjs.gov/content/pub/pdf/rsavcaf9513.pdf
https://www.cdc.gov/violenceprevention/pdf/NISVS-StateReportBook.pdf
https://www.cdc.gov/violenceprevention/pdf/NISVS-StateReportBook.pdf
https://www.cdc.gov/violenceprevention/pdf/2015-data-brief.pdf
https://www.cdc.gov/violenceprevention/pdf/2015-data-brief.pdf
https://www.bjs.gov/content/pub/pdf/saycrle.pdf
https://www.bjs.gov/content/pub/pdf/saycrle.pdf
http://socialwelfare.library.vcu.edu/people/abbott-edith/
http://socialwelfare.library.vcu.edu/people/abbott-edith/


Stokes, L. and T. Belin (2004). What is a margin of error? In F. Scheuren (Ed.), What is a
Survey?, Second edition, pp. 63–67. https://web.archive.org/web/20130312125540/

http://www.amstat.org/sections/srms/pamphlet.pdf. Last accessed February 3,
2018.

Stoltenborgh, M., M. J. Bakermans-Kranenburg, and M. H. van Ijzendoorn (2013). The
neglect of child neglect: A meta-analytic review of the prevalence of neglect. Social Psy-
chiatry and Psychiatric Epidemiology 48 (3), 345–355.

Strom, K. J. and E. L. Smith (2017). The future of crime data: The case for the National
Incident-Based Reporting System (NIBRS) as a primary data source for policy evaluation
and crime analysis. Criminology & Public Policy 16 (4), 1027–1048.

Sutton, M. (2007). Improving national crime surveys: With a focus upon strangely ne-
glected offenders and their offences, including fraud, high-tech crimes, and stolen goods.
In M. Hough and M. Maxfield (Eds.), Surveying Crime in the 21st Century: Commemo-
rating the 25th anniversary of the British Crime Survey, Volume 22 of Crime Prevention
Studies, pp. 243–261. Monsey, NY: Criminal Justice Press.

Swaine, J. and C. McCarthy (2016, December 15). Killings by US police
logged at twice the previous rate under new federal program. The Guardian.
https://www.theguardian.com/us-news/2016/dec/15/us-police-killings-

department-of-justice-program. Last accessed March 26, 2018.

Taber, C. S. and M. Lodge (2006). Motivated skepticism in the evaluation of political beliefs.
American Journal of Political Science 50 (3), 755–769.

Targonski, J. R. (2011). A Comparison of Imputation Methodologies in the Offenses-Known
Uniform Crime Reports. Ph. D. thesis, University of Illinois at Chicago.

Taylor, B. M. (1989). Redesign of the National Crime Survey. Technical Report NCJ 111457,
Bureau of Justice Statistics, Washington, DC.

The Economist (2008, December 18). Con of the century. The Economist . https://www.

economist.com/node/12818310. Last accessed March 15, 2018.

The Economist (2017, May 6). Fuel of the future. The Economist 423 (9039), 19–22.

The Economist (2018, May 6). Shining some light. The Economist 427 (9086), 16–18.

Tjaden, P. and N. Thoennes (2000, November). Full report of the prevalence, incidence, and
consequences of violence against women: Findings from the National Violence Against
Women Survey. Technical Report NCJ 183781, Bureau of Justice Statistics, Washington,
DC. https://www.ncjrs.gov/pdffiles1/nij/183781.pdf. Last accessed January 15,
2018.

97

https://web.archive.org/web/20130312125540/http://www.amstat.org/sections/srms/pamphlet.pdf
https://web.archive.org/web/20130312125540/http://www.amstat.org/sections/srms/pamphlet.pdf
https://www.theguardian.com/us-news/2016/dec/15/us-police-killings-department-of-justice-program
https://www.theguardian.com/us-news/2016/dec/15/us-police-killings-department-of-justice-program
https://www.economist.com/node/12818310
https://www.economist.com/node/12818310
https://www.ncjrs.gov/pdffiles1/nij/183781.pdf


Tourangeau, R. (2017). It’s you, survey and polling industry, you that I love. Pre-
sented at the 2017 Annual Meeting of the American Association of Public Opinion Re-
search. https://www.aapor.org/About-Us/History/Presidential-Addresses/2017-

Presidential-Address.aspx. Last accessed June 8, 2018.

Tourangeau, R. and T. W. Smith (1996). Asking sensitive questions: The impact of data
collection mode, question format, and question context. Public Opinion Quarterly 60 (2),
275–304.

Tracy, B. (2015, December 31). 2015 was a violent year in Los Angeles. https://www.

cbsnews.com/news/2015-was-a-violent-year-in-los-angeles/. Last accessed April
10, 2018.

Tracy, C. E., T. L. Fromson, J. G. Long, and C. Whitman (2013). Rape and sexual assault
in the legal system. http://jpp.whs.mil/Public/docs/03_Topic-Areas/02-Article_

120/20140807/02_Rape_SexAsslt_LegalSystem_WLP_AEQuitas_20120605.pdf. Last
accessed June 15, 2018.

Travis, A. (2014, January 15). Police crime figures lose official status over claims of fiddling.
The Guardian. https://www.theguardian.com/uk-news/2014/jan/15/police-crime-
figures-status-claims-fiddling. Last accessed January 14, 2018.

Truman, J. L. and L. Langton (2015). Criminal victimization, 2014. Technical Report NCJ
248973, Bureau of Justice Statistics, Washington, DC. https://www.bjs.gov/content/

pub/pdf/cv14.pdf. Last accessed April 20, 2016.

Truman, J. L. and R. E. Morgan (2016). Criminal victimization, 2015. Technical Report NCJ
250180, Bureau of Justice Statistics, Washington, DC. https://www.bjs.gov/content/

pub/pdf/cv15.pdf. Last accessed April 15, 2018.

United Nations Office on Drugs and Crime (2012). Principles and Framework for an In-
ternational Classification of Crimes for Statistical Purposes. Vienna, Austria: United
Nations Office on Drugs and Crime. https://www.unodc.org/documents/data-and-

analysis/statistics/crime/Report_crime_classification_2012.pdf. Last accessed
July 20, 2018.

United Nations Office on Drugs and Crime (2015, March). International Classification of
Crimes for Statistical Purposes (ICCS), Version 1.0. Vienna, Austria: United Nations
Office on Drugs and Crime. http://www.unodc.org/documents/data-and-analysis/

statistics/crime/ICCS/ICCS_English_2016_web.pdf. Last accessed July 20, 2018.

University of Chicago (2018). Edith Abbott. School of Social Service Administration. http:
//www.ssa.uchicago.edu/edith-abbott. Last accessed February 1, 2018.

98

https://www.aapor.org/About-Us/History/Presidential-Addresses/2017-Presidential-Address.aspx
https://www.aapor.org/About-Us/History/Presidential-Addresses/2017-Presidential-Address.aspx
https://www.cbsnews.com/news/2015-was-a-violent-year-in-los-angeles/
https://www.cbsnews.com/news/2015-was-a-violent-year-in-los-angeles/
http://jpp.whs.mil/Public/docs/03_Topic-Areas/02-Article_120/20140807/02_Rape_SexAsslt_LegalSystem_WLP_AEQuitas_20120605.pdf
http://jpp.whs.mil/Public/docs/03_Topic-Areas/02-Article_120/20140807/02_Rape_SexAsslt_LegalSystem_WLP_AEQuitas_20120605.pdf
https://www.theguardian.com/uk-news/2014/jan/15/police-crime-figures-status-claims-fiddling
https://www.theguardian.com/uk-news/2014/jan/15/police-crime-figures-status-claims-fiddling
https://www.bjs.gov/content/pub/pdf/cv14.pdf
https://www.bjs.gov/content/pub/pdf/cv14.pdf
https://www.bjs.gov/content/pub/pdf/cv15.pdf
https://www.bjs.gov/content/pub/pdf/cv15.pdf
https://www.unodc.org/documents/data-and-analysis/statistics/crime/Report_crime_classification_2012.pdf
https://www.unodc.org/documents/data-and-analysis/statistics/crime/Report_crime_classification_2012.pdf
http://www.unodc.org/documents/data-and-analysis/statistics/crime/ICCS/ICCS_English_2016_web.pdf
http://www.unodc.org/documents/data-and-analysis/statistics/crime/ICCS/ICCS_English_2016_web.pdf
http://www.ssa.uchicago.edu/edith-abbott
http://www.ssa.uchicago.edu/edith-abbott


U.S. Bureau of the Census (1913). 1910 Census: Volume 2. Population, Reports by States,
with Statistics for Counties, Cities, and Other Civil Divisions: Alabama-Montana. Wash-
ington, DC: U.S. Census Bureau. https://www.census.gov/library/publications/

1913/dec/vol-2-population.html. Last accessed February 10, 2018.

U.S. Census Bureau (2006). Current Population Survey technical paper 66: Design and
methodology. Technical report, U.S. Census Bureau, Washington, DC. https://www.

census.gov/prod/2006pubs/tp-66.pdf. Last accessed March 8, 2016.

U.S. Census Bureau (2012). National Crime Victimization Survey: CAPI Interviewing Man-
ual for Field Representatives. https://www.bjs.gov/content/pub/pdf/manual12.pdf.
Last accessed January 15, 2018.

U.S. Department of Education (1991). America 2000: An Educational Study. Washington,
DC: U.S. Department of Education.

U.S. Department of Health and Human Services (2017). Child Maltreatment 2015. Wash-
ington DC: U.S. Department of Health & Human Services, Administration for Chil-
dren and Families, Administration on Children, Youth and Families, Children’s Bu-
reau. https://www.acf.hhs.gov/sites/default/files/cb/cm2015.pdf. Last accessed
March 12, 2018.

U.S. Department of Health and Human Services, Centers for Disease Control and Prevention
(2014a, June). National Intimate Partner and Sexual Violence Survey (NISVS): General
Population Survey Raw Data, 2010: Survey Instrument. Ann Arbor, MI: Inter-University
Consortium for Political and Social Research [distributor].

U.S. Department of Health and Human Services, Centers for Disease Control and Prevention
(2014b, June). National Intimate Partner and Sexual Violence Survey (NISVS): General
Population Survey Raw Data, 2010: User’s Guide. Ann Arbor, MI: Inter-University Con-
sortium for Political and Social Research [distributor].

U.S. Department of Justice (2016, August 4). Arrest-related deaths program. Fed-
eral Register 81 (150), 51489–51490. https://www.gpo.gov/fdsys/pkg/FR-2016-08-

04/pdf/2016-18484.pdf. Last accessed March 26, 2018.

U.S. Department of Justice, Bureau of Justice Statistics (2004, June). National Crime Sur-
veys National Sample, 1979–1987 [Revised Questionnaire] Codebook, 7th ICPSR Edition.
Ann Arbor, MI: Inter-University Consortium for Political and Social Research [producer
and distributor].

U.S. Department of Justice, Bureau of Justice Statistics (2008). National Crime Victimiza-
tion Survey 1993 Codebook, ICPSR 22928. Ann Arbor, MI: Inter-University Consortium
for Political and Social Research [distributor].

99

https://www.census.gov/library/publications/1913/dec/vol-2-population.html
https://www.census.gov/library/publications/1913/dec/vol-2-population.html
https://www.census.gov/prod/2006pubs/tp-66.pdf
https://www.census.gov/prod/2006pubs/tp-66.pdf
https://www.bjs.gov/content/pub/pdf/manual12.pdf
https://www.acf.hhs.gov/sites/default/files/cb/cm2015.pdf
https://www.gpo.gov/fdsys/pkg/FR-2016-08-04/pdf/2016-18484.pdf
https://www.gpo.gov/fdsys/pkg/FR-2016-08-04/pdf/2016-18484.pdf


U.S. Department of Justice, Bureau of Justice Statistics (2015, August 27). National Crime
Victimization Survey, 2014. Number ICPSR36142-v1. Ann Arbor, MI: Inter-University
Consortium for Political and Social Research [distributor].

U.S. Department of Justice, Bureau of Justice Statistics (2016a, October 20). National Crime
Victimization Survey, 2015. Number ICPSR36448-v1. Ann Arbor, MI: Inter-University
Consortium for Political and Social Research [distributor].

U.S. Department of Justice, Bureau of Justice Statistics (2016b, October). National Crime
Victimization Survey 2015 Codebook. Number ICPSR36448-v1. Ann Arbor, MI: Inter-
University Consortium for Political and Social Research [distributor].

U.S. Department of Justice, Bureau of Justice Statistics (2016c, October 20). National
Crime Victimization Survey, Concatenated File, 1992–2015. Number ICPSR36456-v1.
Ann Arbor, MI: Inter-University Consortium for Political and Social Research [distributor].

U.S. Department of Justice, Bureau of Justice Statistics (2017a, December 14). National
Crime Victimization Survey, 2016. Number ICPSR36828-v1. Ann Arbor, MI: Inter-
University Consortium for Political and Social Research [distributor].

U.S. Department of Justice, Bureau of Justice Statistics (2017b). National Crime Victimiza-
tion Survey 2016 Codebook, ICPSR 36828. Ann Arbor, MI: Inter-University Consortium
for Political and Social Research [distributor].

U.S. Department of Justice, Civil Rights Division (2014, July 22). Investigation of the
Newark Police Department. Newark, NJ: United States Attorney’s Office, District of
New Jersey. https://www.justice.gov/sites/default/files/crt/legacy/2014/07/

22/newark_findings_7-22-14.pdf. Last accessed April 5, 2018.

U.S. Department of Justice, Federal Bureau of Investigation (2017). Uniform Crime Report-
ing Program Data: Offenses Known and Clearances by Arrest, 2015. Codebook, ICPSR
36789. Ann Arbor, MI: Inter-University Consortium for Political and Social Research
[distributor].

U.S. Department of Justice. Federal Bureau of Investigation (2017, May 4). Uniform Crime
Reporting Program Data: Supplementary Homicide Reports, 2015. Number ICPSR36790-
v1. Ann Arbor, MI: Inter-University Consortium for Political and Social Research [dis-
tributor].

U.S. Department of Justice. Federal Bureau of Investigation (2018, June 28). Uniform Crime
Reporting Program Data: Supplementary Homicide Reports, 2016. Number ICPSR37064-
v1. Ann Arbor, MI: Inter-University Consortium for Political and Social Research [dis-
tributor].

100

https://www.justice.gov/sites/default/files/crt/legacy/2014/07/22/newark_findings_7-22-14.pdf
https://www.justice.gov/sites/default/files/crt/legacy/2014/07/22/newark_findings_7-22-14.pdf


U.S. Department of Justice, Office of Public Affairs (2012). Attorney General Eric Holder
announces revisions to the Uniform Crime Report’s definition of rape [press release].
https://archives.fbi.gov/archives/news/pressrel/press-releases/attorney-

general-eric-holder-announces-revisions-to-the-uniform-crime-reports-

definition-of-rape. Last accessed December 20, 2017.

U.S. Department of Justice, Office of the Inspector General (2014, October). Audit of
the Office of Community Oriented Policing Services Grants awarded to DeKalb County,
Georgia. Technical Report GR-40-1S-002, Audit Division, Washington, DC. https://

oig.justice.gov/reports/2014/g4015002.pdf. Last accessed March 26, 2018.

U.S. Federal Reserve System (2016). The Federal Reserve Payments Study 2016. Washing-
ton, DC: U.S. Federal Reserve System. https://www.federalreserve.gov/newsevents/
press/other/2016-payments-study-20161222.pdf. Last accessed March 26, 2018.

U.S. Government Accountability Office (2013). K-12 Education: States’ Test Security Poli-
cies and Procedures Varied. Washington, DC: U.S. Government Accountability Office.
https://www.gao.gov/products/GAO-13-495R. Last accessed January 22, 2018.

U.S. Government Accountability Office (2016, July). Sexual Violence Data: Actions
Needed to Improve Clarity and Address Differences Across Federal Data Collection Ef-
forts. Number GAO-16-546. Washington, DC: U.S. Government Accountability Office.
https://www.gao.gov/assets/680/678511.pdf. Last accessed May 27, 2018.

U.S. Government Accountability Office (2017, July). Combating Synthetic Identity Fraud.
Number GAO-17-708SP. Washington, DC: U.S. Government Accountability Office.
https://www.gao.gov/assets/690/686134.pdf. Last accessed April 2, 2018.

U.S. Securities and Exchange Commission, Office of Investor Education and Advocacy
(2016). Stopping affinity fraud in your community. https://www.investor.gov/sites/
default/files/Affinity-Fraud_English.pdf. Last accessed October 3, 2018.

U.S. Senate (2010, September 14). Rape in the United States: The Chronic Failure to Report
and Investigate Rape Cases. Hearing before the Subcommittee on Crime and Drugs, 111th
Congress, Second Session. Washington, DC: United States Senate Committee on the Judi-
ciary. https://www.gpo.gov/fdsys/pkg/CHRG-111shrg64687/content-detail.html.
Last accessed May 25, 2018.

U.S. Senate (2013). A review of the data broker industry: Collection, use,
and sale of consumer data for marketing purposes. https://www.commerce.

senate.gov/public/_cache/files/0d2b3642-6221-4888-a631-08f2f255b577/

AE5D72CBE7F44F5BFC846BECE22C875B.12.18.13-senate-commerce-committee-

report-on-data-broker-industry.pdf. Last accessed April 5, 2018.

101

https://archives.fbi.gov/archives/news/pressrel/press-releases/attorney-general-eric-holder-announces-revisions-to-the-uniform-crime-reports-definition-of-rape
https://archives.fbi.gov/archives/news/pressrel/press-releases/attorney-general-eric-holder-announces-revisions-to-the-uniform-crime-reports-definition-of-rape
https://archives.fbi.gov/archives/news/pressrel/press-releases/attorney-general-eric-holder-announces-revisions-to-the-uniform-crime-reports-definition-of-rape
https://oig.justice.gov/reports/2014/g4015002.pdf
https://oig.justice.gov/reports/2014/g4015002.pdf
https://www.federalreserve.gov/newsevents/press/other/2016-payments-study-20161222.pdf
https://www.federalreserve.gov/newsevents/press/other/2016-payments-study-20161222.pdf
https://www.gao.gov/products/GAO-13-495R
https://www.gao.gov/assets/680/678511.pdf
https://www.gao.gov/assets/690/686134.pdf
https://www.investor.gov/sites/default/files/Affinity-Fraud_English.pdf
https://www.investor.gov/sites/default/files/Affinity-Fraud_English.pdf
https://www.gpo.gov/fdsys/pkg/CHRG-111shrg64687/content-detail.html
https://www.commerce.senate.gov/public/_cache/files/0d2b3642-6221-4888-a631-08f2f255b577/AE5D72CBE7F44F5BFC846BECE22C875B.12.18.13-senate-commerce-committee-report-on-data-broker-industry.pdf
https://www.commerce.senate.gov/public/_cache/files/0d2b3642-6221-4888-a631-08f2f255b577/AE5D72CBE7F44F5BFC846BECE22C875B.12.18.13-senate-commerce-committee-report-on-data-broker-industry.pdf
https://www.commerce.senate.gov/public/_cache/files/0d2b3642-6221-4888-a631-08f2f255b577/AE5D72CBE7F44F5BFC846BECE22C875B.12.18.13-senate-commerce-committee-report-on-data-broker-industry.pdf
https://www.commerce.senate.gov/public/_cache/files/0d2b3642-6221-4888-a631-08f2f255b577/AE5D72CBE7F44F5BFC846BECE22C875B.12.18.13-senate-commerce-committee-report-on-data-broker-industry.pdf


Venema, R. M. (2016). Police officer schema of sexual assault reports: Real rape, ambiguous
cases, and false reports. Journal of Interpersonal Violence 31 (5), 872–879.

Villaveces, A., P. Cummings, V. E. Espitia, T. D. Koepsell, B. McKnight, and A. L. Keller-
mann (2000). Effect of a ban on carrying firearms on homicide rates in 2 Colombian cities.
Journal of the American Medical Association 283 (9), 1205–1209.

Wadsworth, T. and J. M. Roberts (2008). When missing data are not missing: A new
approach to evaluating Supplemental Homicide Report imputation strategies. Criminol-
ogy (4), 841–870.

Wagner, D. (2015, April 12). A year later: VA struggles to improve care nation-
wide. The Arizona Republic, A1. https://www.azcentral.com/story/news/politics/
investigations/2015/04/10/one-year-later-va-scandal/25596795/. Last accessed
January 22, 2018.

Walters, J. (2013, July 2). Investigating rape in Philadelphia: how one city’s crisis stands to
help others. The Guardian. https://www.theguardian.com/world/2013/jul/02/rape-
philadelphia-investigation-crisis-crimes. Last accessed June 18, 2018.

Weiss, G. (2018, February/March). Fraud in the family. AARP: The Magazine 61 (2B),
32–36.

West, J. and M. Bhattacharya (2016). Intelligent financial fraud detection: A comprehensive
review. Computers & Security 57, 47–66.

Whetzel, J. and C. T. Lowenkamp (2011). Who cares what offenders think—New insight
from offender surveys. Federal Probation 75 (13), 13–15.

Williams, D. and J. M. Brick (2018). Trends in U.S. face-to-face household survey nonre-
sponse and level of effort. Journal of Survey Statistics and Methodology 6 (2), 186–211.

Williams, M. L., P. Burnap, and L. Sloan (2017). Crime sensing with big data: The affor-
dances and limitations of using open-source communications to estimate crime patterns.
The British Journal of Criminology 57 (2), 320–340.

Williams, T. (2017, September 25). Violent crime in U.S. rises for second consecutive year,
leaving experts puzzled. The New York Times , A15.

Wojcik, S., S. Messing, A. Smith, L. Rainie, and P. Hitlin (2018, April 9). Bots in the
Twittersphere. Washington DC: Pew Research Center. http://www.pewinternet.org/

2018/04/09/bots-in-the-twittersphere/. Last accessed August 6, 2018.

102

https://www.azcentral.com/story/news/politics/investigations/2015/04/10/one-year-later-va-scandal/25596795/
https://www.azcentral.com/story/news/politics/investigations/2015/04/10/one-year-later-va-scandal/25596795/
https://www.theguardian.com/world/2013/jul/02/rape-philadelphia-investigation-crisis-crimes
https://www.theguardian.com/world/2013/jul/02/rape-philadelphia-investigation-crisis-crimes
http://www.pewinternet.org/2018/04/09/bots-in-the-twittersphere/
http://www.pewinternet.org/2018/04/09/bots-in-the-twittersphere/


Wolitzky-Taylor, K. B., H. S. Resnick, J. L. McCauley, A. B. Amstadter, D. G. Kilpatrick,
and K. J. Ruggiero (2011). Is reporting of rape on the rise? a comparison of women with
reported versus unreported rape experiences in the National Women’s Study–Replication.
Journal of Interpersonal Violence 26 (4), 807–832.

World Health Organization (2017). International Statistical Classification of Diseases and
Related Health Problems. Geneva, Switzerland: World Health Organization. http://apps.
who.int/classifications/icd10/browse/2016/en. Last accessed December 5, 2017.

Wright, H. (1954). Three against time: Edith and Grace Abbott and Sophonisba P. Breck-
inridge. Social Service Review 28 (1), 41–53.

Xu, J., S. L. Murphy, K. D. Kochanek, B. Bastian, and E. Arias (2018). Deaths: Final data
for 2016. National Vital Statistics Reports 67 (5), 1–75. https://stacks.cdc.gov/view/
cdc/57989. Last accessed August 20, 2018.

Ybarra, L. M. and S. L. Lohr (2002). Estimates of repeat victimization using the National
Crime Victimization Survey. Journal of Quantitative Criminology 18 (1), 1–21.

Yon, Y., C. R. Mikton, Z. D. Gassoumis, and K. H. Wilber (2017). Elder abuse preva-
lence in community settings: a systematic review and meta-analysis. The Lancet Global
Health 5 (2), e147–e156.

Young, C. (2014, September 14). The CDC’s rape numbers are misleading. Time. http:

//time.com/3393442/cdc-rape-numbers/, last accessed September 12, 2018.

Yung, C. R. (2013). How to lie with rape statistics: America’s hidden rape crisis. Iowa Law
Review 99, 1197–1256.

Zahn, M. A. and P. L. McCall (1999). Trends and patterns of homicide in the 20th-century
United States. In M. D. Smith and M. A. Zahn (Eds.), Homicide: A sourcebook of social
research, pp. 9–23. Thousand Oaks, CA: Sage Publications.

Zimring, F. E. (2017). When Police Kill. Cambridge, MA: Harvard University Press.

Zolbe, P. A. (1980, September). The Uniform Crime Reporting program: 50 years of progress.
FBI Law Enforcement Bulletin 49, 2–7.

Zraick, K. (2018, September 25). Violent crime in the U.S. decreased slightly in 2017, F.B.I.
finds. The New York Times . https://www.nytimes.com/2018/09/25/us/chicago-

baltimore-murder-rate.html. Last accessed October 1, 2018.

103

http://apps.who.int/classifications/icd10/browse/2016/en
http://apps.who.int/classifications/icd10/browse/2016/en
https://stacks.cdc.gov/view/cdc/57989
https://stacks.cdc.gov/view/cdc/57989
http://time.com/3393442/cdc-rape-numbers/
http://time.com/3393442/cdc-rape-numbers/
https://www.nytimes.com/2018/09/25/us/chicago-baltimore-murder-rate.html
https://www.nytimes.com/2018/09/25/us/chicago-baltimore-murder-rate.html

	Chapter 1. Thinking Statistically about Crime
	Chapter 2. Homicide
	Chapter 3. Police Statistics
	Chapter 4. National Crime Victimization Survey
	Chapter 5. Sampling and the NCVS
	Chapter 6. NCVS Measurement and Missing Data
	Chapter 7. Judging the Quality of a Statistic
	Chapter 8. Sexual Assault
	Chapter 9. Fraud
	Chapter 10. Big Data and Crime Statistics
	Chapter 11. Crime Statistics, 1915 and Beyond
	Glossary
	References

